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ABSTRACT
This study explores the effects of location and neighborhood characteristics on the
probability that residents in shelters, Interim, and Permanent Supportive Housing (PSH)
programs in Chicago’s homeless system move to market-rate housing or intend to leave
their communities in the near future. The study uses survey data collected in 2009-2011
by Loyola University Chicago’s Center for Urban Research and Learning in cooperation
with the Chicago Alliance to End Homelessness and the City of Chicago. These data
were collected as part of the Evaluation of Chicago’s Plan to End Homelessness.
Within the literature exists an extensive body of research examining
neighborhood effects. Just a few studies (Klodawsky et al. 2009; Wong et al. 2006) have
specifically explored the impact of neighborhood characteristics on residential stability
for homeless populations. Wong et al. (2006) call for further research to examine the
impact of neighborhood characteristics on the mobility decisions of PSH residents.
Moreover, Chicago housing providers recommended this study explore residents’
attitudes about remaining in their respective communities, as well as the impact of other
neighborhood characteristics on residential mobility outcomes.
The logistic regressions use data on 512 cases from a one-year, three-wave
longitudinal survey of residents housed in the city’s homeless system. Moves
to market-rate housing were most strongly influenced by respondents’ type of housing
and location in the city. Residing in PSH and residing on Chicago’s North Side were
xiv

associated with staying in the program. In contrast, neighborhood characteristics strongly
influenced whether residents intended to leave their neighborhood. As access to
family/friends increased and as rating of neighborhood satisfaction increased, individuals
were less likely to intend to leave their neighborhood. Moreover, when comparing results
for different types of PSH units, those housed in a project-based unit were less likely to
intend to leave their neighborhood than those residing in a scattered-site unit.
These results, which demonstrate that neighborhood characteristics (and location)
shape mobility outcomes, indicate that neighborhood is another factor practitioners and
policymakers should address in their efforts to house individuals experiencing
homelessness.

xv

CHAPTER ONE
INTRODUCTION
This study examined the association between neighborhood characteristics and
residential mobility patterns among individuals housed through the city of Chicago’s
residential homeless system. My intention through this project was to engage the
neighborhood effects and residential mobility theories, and in particular, the body of
literature exploring the impact of neighborhood characteristics on residential mobility
outcomes among homeless and low-income populations. In addition, consistent with a
public sociology approach, relevance to homelessness practitioners and policymakers was
a primary objective when designing this dissertation.
My early motivations for carrying out this current project were previous
homelessness studies in Chicago carried out by Loyola University Chicago’s Center for
Urban Research and Learning (CURL). These prior studies, to which I contributed,
demonstrated the considerable impact of neighborhood characteristics for formerly and
currently homeless individuals in their efforts to obtain and maintain housing. During
focus groups conducted with individuals housed in various programs throughout
Chicago’s residential homeless system (George, Grossman, Sosin, Davis, and Hilvers
2010), some participants – particularly family heads – indicated that neighborhood
characteristics were key to their decisions about whether to go to a particular housing
program. Specifically, participants explained that they carefully considered whether the
neighborhood would be safe for themselves, their children, and whether the
1
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neighborhood was in a convenient location (i.e. in relation to their family, their previous
neighborhood, and public transportation). Housing program participants expressed
similar concerns through a study conducted with participants of a transitional housing
program in Chicago (Hilvers, Sharma, Van Zytveld, Warner, and Trutanich 2007).
Participants worried about the agency’s upcoming relocation to a neighborhood which
they perceived to have high rates of crime and drug sales. These participants feared that
these community factors would negatively impact their efforts to achieve and maintain
sobriety and overall stability.
The most complete research on the role of neighborhood characteristics on
housing stability for low income people in urban communities comes from studies of the
Chicago-based Gautreaux One (Rosenbaum, Reynolds, and DeLuca 2002) and Gautreaux
Two programs (Boyd 2008), which were initiated in 1976 and 2002, respectively, and the
five-city Moving to Opportunity program (Sabonmatsu, Ludwig, Katz, Gennetian,
Duncan, et al. 2011), which began in 1994. Such studies of these housing mobility
programs have highlighted the prominent role of proximity to family and friend
networks, access to public transit, and neighborhood safety to participants’ decisions
about whether and where to relocate.
Just a few studies have specifically explored the impact of neighborhood
characteristics on residential stability outcomes for homeless/formerly homeless
populations. Klodawsky, Aubry, Nemiroff, Bonetta, and Willis (2009) conducted the
longitudinal Panel Study on Homelessness in Ottawa, Canada to examine housing
stability among individuals housed in that city’s residential homeless system. Study
respondents indicated that several issues, including concerns about safety and
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inconvenience to their family and previous community connections, were prominent
reasons for which they had exited or desired to leave to their current housing (Klodawsky
et al. 2009).
In addition, through a study to explore reasons for which homeless individuals
with mental illness depart permanent supportive housing, Wong, Hadley, Culhane,
Poulin, and Davis (2006) report that criminal activities, as well as drug use in the
building and neighborhood, were circumstances prompting departure. The authors
highlight the impact of environmental factors, reporting that among those who voluntary
left permanent supportive housing, positive characteristics of their destination
neighborhood helped them to “stay focused” and minimize stress. Further, Wong et al.
(2006) call for further research to examine the impact of neighborhood characteristics on
the mobility decisions of permanent supportive housing residents.
These few studies which specifically document an impact of neighborhoodrelated characteristics on mobility decisions among individuals housed through homeless
programs and residential systems are largely descriptive in nature. This project, focusing
on the case of the city of Chicago, helps to clarify this relationship and helps to address
this gap in the research literature.
Over the past decade, plans to end homelessness have become a primary homeless
policy direction for municipalities throughout the United States and internationally
(Roman 2012; Rosenthal and Foscarinis 2006; Tsemberis 2012). In the early 2000s, the
National Alliance to End Homelessness released its national plan to end homelessness in
10 years. The federal government followed suit in 2010, as the United States Interagency
Council on Homelessness (USICH) published the document, “Opening Doors: Federal
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Strategic Plan to Prevent and End Homelessness.” “Opening Doors” outlines a 10-year
federal plan aimed to leverage both public and private resources to solve and prevent
homelessness in the U.S., with specific plans and protocols for particular homeless
demographics including youth, veterans, and families with children (2010).
Across the U.S., over 400 municipalities have implemented 10-year plans to end
homelessness aimed to prevent at-risk individuals and families from losing their housing,
and to eradicate homelessness among those without housing (Locke and Khadurri 2007;
Tsemberis 2010). In line with this national policy initiative to eradicate and prevent
homelessness, the city of Chicago initiated its 10-Year Plan to End Homelessness in
2003. A public-private coalition of homeless funders, service providers, government and
public sector individuals, and consumers of homeless services drafted the city’s Plan
(SSA Magazine 2011). The Chicago Alliance to End Homelessness1 implements the Plan
in coordination with the City of Chicago.
Chicago’s Plan utilizes the “housing first” approach to end homelessness, which
represents a shift in the city’s homelessness system from a shelter-based to a housingbased model (Chicago Continuum of Care 2003). Housing first has been adopted widely
in the U.S. by public and private entities including the National Alliance to End
Homelessness, local non-profit homelessness organizations, city and state governments
and the United States Interagency Council on Homelessness. The approach aims to place
homeless individuals and families in permanent housing as soon as possible, and once
housed, to remain stably housed and to utilize wraparound supportive services, as needed
(Tsemberis, Moran, Shinn, Asmussen, and Shern 2003). Further, “consumer choice” is a
1

The Chicago Alliance to End Homelessness merged with the Emergency Fund, a provider of homeless
prevention funding, in October of 2011.
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key principle of housing first, whereby individuals have input in their living situation
including choosing a neighborhood and apartment (with decisions restricted by factors
including affordability and availability of units) (Tsemberis 2010).
In 2008, a coalition of homelessness stakeholders in Chicago including the nonprofit sector, city government, and funders commissioned a comprehensive evaluation of
Chicago’s 10-Year Plan to End Homelessness to assess the city’s progress in meeting the
goals of that Plan. The evaluation represented a partnership between the Chicago
Alliance to End Homelessness, the City of Chicago, and researchers from Loyola
University Chicago and the University of Chicago. This evaluation was completed in
2012 and was the first in-depth evaluation of a municipal Plan to End Homelessness in
the U.S. (Chicago Alliance 2012).
For this study, I analyzed secondary data collected through a longitudinal survey
conducted with a representative sample of individuals housed through Chicago’s
residential homeless system. This longitudinal survey was conducted as part of the
Evaluation of Chicago’s 10-Year Plan to End Homelessness. At the baseline survey, all
survey respondents resided in either an Emergency shelter, an Interim Housing program,
or Permanent Supportive Housing program.
A team of researchers interviewed residents face-to-face three times over the
course of one year during 2009-2011. In 2009 – the first year data were collected for the
longitudinal survey – estimates from the 2009 Point-in-Time Count in Chicago suggest
that there were 5,170 people who were homeless in the city on a given night. This
represents a 10% decrease from the 5,775 individuals identified through the 2007
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Chicago Point-in-Time Count (City of Chicago 2009). This represents a slight increase
from the 2007 Count, which reported a total of 5,922. The context for data collection is
pertinent as these data were collected just after the 2007-2008 world economic crisis.
Thus, in addition to the prevalence of chronically homeless individuals in Chicago (City
of Chicago 2009), the widespread layoffs and home foreclosures that occurred in the U.S.
(Martin 2011), may have resulted with increased usage of Chicago’s homeless system.
For my dissertation, I sought to explore the relationship between subjective
neighborhood characteristics, as well as the region of Chicago in which individuals
reside, and housing mobility patterns among residents of Chicago’s residential homeless
system. In particular, this study aimed to answer the primary research question: “How do
rating of neighborhood satisfaction, neighborhood quality, and access to family/friends,
as well as region of the city in which residents reside, impact mobility outcomes among
individuals housed through Chicago residential homeless system?”
Like previous studies which examine multiple measures of mobility (Lee,
Oropesa, and Kanan 1994; Oh 2003; Speare 1974), this dissertation explored outcomes
including actual movement and mobility intentions - mobility plans, and mobility
desires. This study utilized regression models to estimate these mobility outcomes as
predicted by subjective neighborhood characteristics, indicators representing the region
of Chicago in which individuals resided at their baseline survey, as well as controls
representing housing program type and individual characteristics.

2

The 2009 Point-in-Time Count identified a total of 6,240 homeless people in the city of Chicago. The
2007 and 2009 counts utilized different methodologies. Thus, the counts reported above for 2007 and 2009
represent the amounts that are “comparable.” “The comparable count was determined by limiting the count
to the shelter sites participating in both 2007 and 2009, and the unsheltered locations that used the exact
methodology in 2007 and 2009” (City of Chicago 2009).
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As mentioned above, a collaborative partnership of university researchers, and
homeless stakeholders from the public and private sector carried out the Evaluation of the
Chicago Plan to End Homelessness. This collaborative approach helped to ensure the
relevance of the research to homeless programming and policy. Likewise, during the
process of developing the research questions which guided this dissertation, I engaged in
conversations with Chicago housing practitioners to ensure that this project was
applicable to homeless policy and programming (Nyden, Hossfeld, and Nyden 2012).
Practitioners from the Chicago office of the Corporation for Supportive Housing advised
that aspects of accessibility and convenience were important to study, specifically, to
understand how convenient respondents’ neighborhoods were in relation to family, their
church and public transportation.
These housing providers also suggested this study explore whether the area of the
city in which individuals reside shaped mobility outcomes. In particular, housing
providers sought information about whether individuals housed on the city’s North Side
or Far North Side were more likely to move from or desire to move from their housing
programs. They explained that a large proportion of individuals housed in the residential
system originate from and thus may have family ties on Chicago’s South and West Sides.
In addition, housing providers recommended comparing mobility outcomes between
permanent supportive housing residents residing in scattered-site versus project-based
housing. Lastly, these providers argued that the housing first tenets of consumer choice
and input in housing unit and neighborhoods are important, and recommended exploring
residents’ attitudes about remaining in their respective communities. This advice from
housing practitioners, in addition to the residential mobility literature, helped to shape the
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research questions and main independent and dependent variables examined through this
project.
Significance of Study
This dissertation contributes to the body of literature exploring the role of
neighborhood characteristics on residential mobility outcomes among low-income, and
specifically, residents of homeless systems. As the Evaluation of Chicago’s 10-Year Plan
to End Homelessness was the first in depth study of a Plan to End Homelessness in the
country (Chicago Alliance 2012), very little research has systematically examined the
relationship between neighborhoods and mobility patterns for individuals housed through
residential homeless systems. This project helps to clarify this relationship, and thus helps
to address this gap in the research literature.
Systematic information related to housing stability for individuals currently or
formerly housed through Chicago’s residential homeless system is important to explore.
First, data show that residential stability for homeless/formerly homeless individuals is
cost-effective for public systems (Hirsch and Glasser 2007; Sadowski, Lee, Vanderweele
and Buchanan 2009). Moreover, studies indicate that housing stability is associated with
improved quality of life outcomes as demonstrated through indicators including improved
self-confidence, reunification with family and children, decreased substance abuse, and
criminal activities (Heartland Alliance 2009).
Results pertaining to neighborhoods and mobility outcomes from this Chicago
case can inform efforts to permanently house the homeless in Chicago and other
communities. This information can be instructive to both policy makers and homeless
practitioners seeking to strengthen or develop strategies to house those currently
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homeless or assist those at-risk of homelessness. Further, as Plans to End Homelessness
have become increasingly prevalent in the U.S., with over 400 implemented in
municipalities throughout the country (Locke and Khadurri 2007; Tsemberis 2010),
findings related to neighborhoods and mobility from this Chicago case can inform
housing efforts in Chicago and elsewhere. Thus, this study fits into the sociological
tradition, which connects social science research to inform homelessness policy (Culhane
and Metraux 2008; Lee, Tyler, and Wright 2010).
Outline of Dissertation Chapters
This initial chapter aimed to introduce the specific focus and aims of this study examining the association between neighborhood characteristics and mobility outcomes
among individuals housed through Chicago’s residential homeless system. Chapter 2
discusses neighborhood effects and residential mobility theories, the theoretical
framework in which I situated this dissertation. That chapter also discusses relevant
studies which examine the impact of neighborhood effects on mobility outcomes among
homeless and other low-income populations. Chapter 3 addresses methodological
characteristics including the research questions and hypotheses guiding this study.
Further, I discuss the longitudinal client survey dataset collected as part of the Evaluation
of Chicago’s Plan to End Homelessness. In particular, I discuss the variables analyzed
through this research: dependent variables representing mobility outcomes, neighborhood
and region of Chicago independent variables, as well as control variables representing
baseline program type and residents’ individual characteristics. I also present univariate
and bivariate statistics for these aforementioned variables in Chapter 3. This chapter also
discusses the logistic regression analytic procedures I utilized as part of this project.
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In Chapter 4, I present the data analysis procedures and results from binary
logistic regression models predicting movement into market-rate housing at the two
follow-up survey Waves, Waves 2 and 3. The second findings chapter, Chapter 5,
addresses the data analyses procedures and findings from a set of multinomial logistic
regression models predicting neighborhood mobility intentions. I built regression models
estimating mobility intentions at Wave 2 and Wave 3. In addition, two appendices
sections contain results from additional analyses conducted through this project.
Appendix A presents analyses procedures and results from binary logistic regression
models predicting program exits at Waves 2 and 3. Likewise, this section includes
univariate and bivariate statistics for the variables included in these regression analyses.
Appendix B presents results from analyses conducted to compare mobility outcomes –
actual movement and mobility intentions – for individuals residing in a scattered-site
versus project-based Permanent Supportive Housing units.
The concluding chapter presents an overview of the main findings from this
study’s two findings chapters, Chapters 4 and 5, which document outcomes pertaining to
market-rate housing and neighborhood mobility intentions. I also discuss the implications
of these findings on homeless programming and policy. I situate these implications in
relation to the policy and programmatic recommendations discussed through related
housing mobility studies. Lastly, I present suggestions for future research directions.

CHAPTER TWO
LITERATURE REVIEW
This literature review chapter begins with a discussion of neighborhood
differentiation in the U.S. and neighborhood effects theory, which posits that
characteristics of neighborhoods shape a number of community and community resident
outcomes. The following section examines residential mobility theories, in particular,
literature that documents neighborhood effects on residential mobility outcomes. An
extensive literature examining the impact of neighborhood effects on mobility outcomes
among low-income populations, primarily results from empirical studies of mobility
programs including Gautreaux One and Two, HOPE VI, and MTO is presented. Finally, I
discuss the few studies that examine neighborhood effects on the residential mobility
outcomes among homeless populations.
Neighborhood Effects
Within sociological and the social sciences literature exists an extensive body of
research examining neighborhood effects – the linkage of neighborhood characteristics to
various individual outcomes (Sampson 2008). This long history of neighborhood effects
literature in sociology can be traced to early urban sociological works including Park and
Burgess’ The City (Sampson 2012) and Herbert Gans’ study of Italians in Boston’s West
End neighborhood in the 1960s (van Ham, Manley, Bailey, Simpson, and MacLennan
2012).
11
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William Julius Wilson’s (1987) seminal book, The Truly Disadvantaged is widely
considered one of the foundational neighborhood effects studies (Levanthal and BrooksGunn 2000; Sampson 2008; Sampson 2012; Sampson, Morenoff and Rowley 2002;
Small and Feldman, 2012; Small and Newman 2001; van Ham et al. 2012). Wilson
posited that the flight of manufacturing jobs from central cities to suburban areas in the
1970s and 1980s, and the end of race-based housing restrictions in the U.S. prompted the
departure of middle- and working-class black families from the central cities. According
to Wilson, this resulted in a concentration of poor, often unemployed or
“underemployed” African-Americans, which Wilson coined an isolated “underclass” (8,
39) in central cities. The persistence of this neighborhood differentiation described by
Wilson is evidenced by the racial and economic segregation among communities
throughout the U.S. (Massey and Denton 1993; Sampson 2012; Sampson, Morenoff, and
Rowley 2002; Small & Newman 2001). Discussing “durable spatial inequality” in the
U.S., Sampson (2012) asserted, “…what is truly American is not so much the individual
but neighborhood inequality” (356 – italics in original).
The impacts of the neighborhood differentiation on communities and community
members have been explored through the neighborhood effects literature. The vast
majority of these studies have examined the effects of residing in an impoverished
community and outcomes for community members (Sampson et al. 2002). Other studies
have measured dimensions of neighborhood differentiation such as racial isolation/
segregation, residential stability (Sampson 2012), or disadvantage or risk factor indices
(Brooks-Gunn, Duncan, and Aber 1997; South and Crowder 1999). The 1990s marked a
“process turn” (Sampson 2012) wherein scholars began to explore the processes and
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mechanisms to “explain how neighborhood effects are transmitted” (Sampson et al. 2002:
447). Oft studied mechanisms have included measures of social ties and interactions
(Bellair 2000 Morenoff et al. 2001), perceived disorder and collective efficacy (Sampson
et al. 1997; Sampson 2012), and civic engagement (Morenoff et al. 2001; Sampson
2012).
The wide body of research has tested neighborhood effects on numerous
outcomes including exposure to crime (Sampson and Groves 1989), receipt of welfare
(Osterman 1991), residential mobility decisions (Sampson 2012), low birth weight and
other physical health outcomes (Ellen, Mijanovich and Dillman 2001), and mental health
outcomes (Ellen et al. 2001; Kling et al. 2007). Scholars reported that residence in high
poverty neighborhoods during adolescence has had long-term impacts on employment
outcomes in adulthood, in particular, those residing in high-poverty neighborhoods have
been less likely to be employed relative to adolescents residing in communities with low
or moderate poverty levels (Holloway and Mulherin 2004). In addition, the negative
effects of residential racial segregation on academic achievement for African-American
students attending elite universities have been demonstrated; students whose family
resided in a racially segregated communities were more likely to miss school, report
higher stress levels, or have lower grades than comparable students (Charles, Dinwiddle,
and Massey 2004). Likewise, racial segregation and concentrated poverty in communities
were positively associated with increased exposure to violence for African-Americans
(Sampson, Morenoff, and Raudenbush 2005).
Studies examining the impacts of neighborhood environment on youth outcomes
are increasingly prevalent (Crowder and South 2011). Brooks-Gunn et al. (1997) found
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that the socio-economic status of children’s neighborhood affected cognitive
development. Likewise, having low-income neighbors was positively associated with
mental health challenges among children and adolescents (Levanthal and Brooks-Gunn
2000). Residence in a high-poverty neighborhood, relative to a low-poverty
neighborhood, was associated with dropping out of high school and teenage pregnancy
(Crane 1991; Harding 2003). Neighborhood context also effects adolescents’ educational
performance, many scholars have reported (Brooks-Gunn et al. 1993; Crowder and South
2003). Residing in higher socioeconomic status neighborhoods is positively associated
with graduating from high school among both whites and blacks (Crowder and South
2011).
Despite studies of neighborhood effects becoming a “…cottage industry in the
social sciences” (Sampson et al. 2002: 444) in recent decades, a number of scholars have
questioned the validity of findings reported in the neighborhood effects literature.
Neighborhood effects studies have been widely critiqued for methodological weaknesses,
in particular, for failing to control for individual “selection bias” (Jencks and Mayer
1990; van Ham and Manley 2010; van Ham et al. 2012). Demonstrating the challenge of
determining whether an outcome can be attributed to characteristics of a community or
characteristics of the individuals who self-select into a particular community, Tienda
(1991) queried, “Do poor places make people poor, or do poor places attract poor
people?” (cited in Clampet-Lundquist and Massey 2008). Further, rather than
demonstrating direct effects of neighborhoods, some studies have demonstrated
correlational associations between community characteristics and individual outcomes,
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many scholars have asserted (Clampet-Lunquist and Massey 2008; van Ham and Manley
2010).
Through Great American City: Chicago and the Enduring Neighborhood Effect,
Sampson (2012) asserted that scholars should “rethink” (Fischer 2013: 10) the critiques
regarding neighborhood effects, in particular, the debates surrounding selection bias.
Rather than selection bias being a “statistical nuisance” (288), Sampson provided
evidence to suggest that residential sorting and “selection bias is itself a form of
neighborhood effect” (308). Sampson presented findings from the Project on Human
Development in Chicago Neighborhoods (PHDCN), which demonstrated that
neighborhood racial characteristics and perceived neighborhood quality impacted
mobility decisions. In particular, among the PHDCN sample, an increasing number of
Blacks and Latinos in a community influenced the residential decisions of whites and
Latinos, while perceived neighborhood disorder affected movement decisions among
Blacks and Latinos. According to Sampson, these neighborhood context factors shaped
residential moves, whereas characteristics of individuals (e.g. I.Q., depression, and
criminality), were not found to shape mobility decisions. As such, Sampson argued that
residential selection is a “social process” and should be examined (308).
Further, findings regarding mobility flows among movers in the PHDCN sample
demonstrated that the largest proportion relocated into neighborhoods of the same
racial/ethnic and socio-economic status of their origination neighborhood. In response,
Sampson argued that residential selection (e.g. mechanism of white and Latino flight)
functions to reinforce inequality and place stratification. Reinforcing the social processes
shaping residential selection-decision-making, Sampson argued that selection is a key
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component of neighborhood effects; he asserted, “…treat selection as a social process,
not a ‘statistical nuisance’” (67) to be “controlled away” (64).
Emphasizing the importance of exploring the factors which shape selection and
movement into neighborhoods, Sampson asserted, “Although rare in the literature,
studying the predictors of sorting and selection into neighborhoods of varying types is
therefore an essential ingredient in the larger theoretical project of understanding
neighborhood effects” (288). Further, Sampson argued that researchers must also
examine decisions to remain in one’s community, stating, “Choosing to remain in a
changing or even declining neighborhood is a form of selection, after all, and can be just
as consequential as the decision to relocate, a point overlooked in debates about
neighborhood effects” (289). Finally, presenting a multifaceted conception of
“neighborhood effects,” asserting, Sampson explained that neighborhood is
“…consequence and cause, outcome and producer” (22).
Neighborhood Effects/Characteristics and Residential Mobility Studies
Akin to the studies introduced above, within the neighborhood effects literature,
there is a wide body of research that explores neighborhood effects on residential
mobility outcomes. Some early residential mobility studies and theories purport the
significance of neighborhood characteristics – including residential satisfaction,
perceived neighborhood quality, and proximity to friends and family – on residential
mobility decision-making.
Through the seminal study, Why Families Move, Rossi (1955) reported results
from 924 interviews conducted with Philadelphia households. This social psychological
study explored the characteristics shaping residential mobility patterns among
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Philadelphia families. Rossi viewed mobility as a “process,” investigating the
characteristics impacting mobility desires, intentions, and actual movement. Complaints
about the physical environment (e.g. street noise) and social environment (e.g. the “kind”
of residents in community) (132) of respondents’ neighborhoods were found to be
strongly associated with mobility intentions, Rossi reported. Further, close proximity of
family and friends to one’s neighborhood did not significantly impact mobility outcomes,
according to Rossi.
Residential Satisfaction
Speare (1974) analyzed interview data from a panel study with a representative
sample of 700 adults in Rhode Island in 1969, hypothesizing that residential satisfaction
was a primary characteristic shaping residential mobility outcomes. In particular, Speare
developed a residential mobility model which posited that the level of residential
satisfaction was a key determining factor directly shaping whether residents would
consider moving and would actually move. Further, through his mobility theory, Speare
asserted that residential satisfaction is an intervening variable, mediating the impact of
household and individual background variables on mobility outcomes. Results provide
support for his theory, both demonstrating the prominence of residential satisfaction in
directly shaping mobility intentions and behaviors, and the mediating impact of the
attitudinal variable on mobility decision-making. In addition, this residential satisfaction
model demonstrated that proximity to family and friends positively shapes neighborhood
satisfaction.
A number of studies have tested Speare’s residential satisfaction mobility theory.
Results have shown mixed support for this model. Oh (2003) examined data from the
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Project on Human Development in Chicago Neighborhoods to explore whether
residential satisfaction functions as an intervening variable, mediating the direct impact
of social bonds on mobility intentions of elderly residents of urban neighborhoods in
Chicago. Lending support to Speare’s model, Oh reported that social bonds did not have
a direct influence on mobility intentions, but rather, social bonds through their direct
effect on residential satisfaction reduced the mobility intentions of the elderly. Additional
neighborhood factors were found to influence mobility intentions, Oh reported. The level
of physical disorder (e.g. abandoned buildings, litter and graffiti, etc.) had a direct
negative effect on mobility intentions. Further, social disorder (e.g. public drinking and
gang activity) had an indirect negative effect on mobility intentions via its direct impact
on residential satisfaction.
In contrast, various studies demonstrated that residential satisfaction did not
mediate the effects of demographic, individual, and household characteristics on mobility
outcomes, as theorized by Speare (1974) (Lee 1978; Lu 1998; Michelson 1977; Newman
and Duncan 1979; South and Deane 1993; Landale and Guest 1985). Presenting data
from a sample of 200 individuals on skid row in Seattle, Lee (1978) examined whether
Speare’s residential mobility theory applied among an “extreme” population of
individuals who experience “disaffiliation” and “powerlessness” (285). Lee found that
attitudinal variables including residential satisfaction and mobility intentions did not have
a mediating effect between background variables and moving behavior. Likewise, these
variables did not directly affect actual movement outcomes.
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Neighborhood Quality
In addition to residential satisfaction, some residential mobility studies have
demonstrated the prevalence of other neighborhood factors in shaping residential
mobility outcomes. Skogan (1990) examined factors of crime and physical disorder,
reporting that these neighborhood characteristics affected the mobility patterns of the
urban poor in Chicago. Through a study of the impact of neighborhood factors on
residential mobility among a sample of 509 Nashville residents, Lee et al. (1994)
demonstrated that subjective rating of crime level and other neighborhood quality
indictors shaped mobility outcomes. Lee et al. reported that the rating of overall
neighborhood quality influenced mobility thoughts, which predicted actual mobility.
Likewise, the perceived level of residential turnover had a significant direct effect on
actual mobility outcomes, the authors reported.
Through analyses of surveys conducted in 1978 and 1979 with 1,450 individuals
from metropolitan Seattle, Oropesa (1989) demonstrated that self-reported dissatisfaction
with the neighborhood environment and neighborhood decline increased the likelihood of
mobility thoughts. In addition, concerns regarding inadequate services within
respondent’s neighborhoods were positively associated with movement from one’s
neighborhood.
Kearns and Parkes (2003) analyzed longitudinal housing data in the United
Kingdom to measure the relationship between neighborhood and home perception with
residential mobility outcomes – actual mobility and mobility intentions – in poor
communities throughout that country. The authors reported that those who thought that
their neighborhood had become a worse place were twice as likely to consider moving,
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compared to those who were satisfied; however, perceived neighborhood decline
decreased the odds that they actually would move. The authors suggested that this
contradictory impact of perceived decline highlights feelings of being “stuck” (848) in
one’s community. This reflects Michelson’s (1980) discussion of “blocked mobility”
(265). Additional findings suggested that dissatisfaction in response to local disorder and
about local people increased the odds that someone would wish to move. Likewise,
perceived disorder with regard to level of safety and crime increased the likelihood of
actually moving.
Family and Friend Networks
Beyond the impact of subjective neighborhood characteristics on mobility
outcomes, social network factors have been found to shape mobility outcomes. Landale
and Guest (1985) reported that an absence of friends residing nearby increased the
likelihood of mobility thoughts, whereas the proximity of family did not have such an
effect. Likewise, there was no significant effect of social network proximity on actual
mobility outcomes. Analyzing data from the 1997 and 2002 Child Development
Supplement of the Panel Study of Income Dynamics, Dawkins (2006) reported that
among families, both the presence of relatives and children’s close friends decreased the
likelihood of moving. The author reported that among low-income families, the impact of
social network variables on mobility outcomes was even stronger.
A number of studies point to the significant effect of family and friend networks
on residential mobility decisions among low-income individuals (Hedman 2013;
Spilimbergo and Ubeda 2004; Dawkins 2006; Connerly 1975; Sampson 2012). Through a
Detroit quality of life study, Connerly (1975) found that low-income individuals who had
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family members and friends living in close proximity were less likely to report plans to
exit their neighborhood. Some researchers have suggested that families factor so
prominently on mobility decision-making among the low-income, because these
individuals may rely on family members for childcare and other support (Dawkins 2006;
Boyd 2008).
Residential Mobility Studies of Low-Income Communities
A number of studies, including select examples discussed above, have examined
mobility patterns among low-income populations, in particular. Kearns and Smith (1994)
argued that exploring residential mobility decision-making patterns is necessary to
understand the experiences of the low-income and marginalized groups (as reported by
Randall et al. 2008). Also, discussing the extensive residential mobility literature, Randall
et al. (2008) reported that individuals residing in low-income communities move more
often than residents of “more stable” communities (35).
Neighborhood Effects/Characteristics and Mobility Outcomes among Low-Income
Populations
The most complete research on the role of neighborhood characteristics (i.e.
neighborhood satisfaction, neighborhood quality, and access to family and friends) on
housing stability and mobility outcomes for low-income people comes from studies of
housing policies and dispersal programs in the U.S. including Gautreaux One and Two,
Moving to Opportunity, and HOPE VI.
Gautreaux One
The Gautreaux Assisted Housing Program was implemented in Chicago in 1976.
A court-ordered program, Gautreaux was initiated as a result of multiple federal court
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cases which found that the siting of Chicago Housing Authority (CHA) public housing
developments functioned to perpetuate the racial segregation of African-Americans in the
city. The Gautreaux housing dispersal program was designed to relocate AfricanAmerican residents of Chicago’s highly-impoverished, segregated public housing
developments to racially-integrated city and suburban neighborhoods (Rosenbaum,
Reynolds, and DeLuca 2002). Eligible public housing residents self-selected into the
Gautreaux program and were issued a Section 8 voucher to relocate to communities that
were less than 30% African-American. Between 1976 and 1998, over 7,000 families
formerly housed in segregated CHA developments relocated to communities throughout
metropolitan Chicago (Polikoff 2006).
Examining impacts of the Gautreaux Program, Rosenbaum et al. (2002) reported
that former public housing residents who relocated to higher socio-economic
neighborhoods felt a greater sense of safety. Among those who relocated to city
neighborhoods, most of which were high poverty areas, some participants reported that
negative neighborhood characteristics, including the presence of gang and drug activity
made them feel unsafe (Rosenbaum et al. 2002). Among those who moved to Chicago’s
suburbs, most perceived that their new neighborhoods were safer – both during the day
and night – compared to their former inner city Chicago community (Rubinowitz and
Rosenbaum 2000). However, despite improved perceptions of safety, Rubinowitz and
Rosenbaum reported that some families that moved to middle-class suburbs faced racial
threats, assault, and harassment (93).
In addition to these safety and quality of life outcomes, studies found differential
employment and other outcomes for families who relocated to either city or suburban
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communities. Early Gautreaux results demonstrated no difference in the rate of
employment or earnings for single mothers between those who relocated to suburban or
city communities (Popkin, Rosenbaum, and Meaden 1993). However, in a later study,
Mendenhall, DeLuca, & Duncan (2006) reported disparities in employment outcomes,
which they attributed to the demographic characteristics of communities, rather than the
suburban/city distinction. In particular, those residing in placement communities with a
low proportion of black residents (10% or less) had higher employment rates and
earnings than those residing in communities with a high proportion of African-Americans
(61% or greater) (Mendenhall et al. 2006).
Gautreaux Two
Gautreaux Two was implemented in the year 2002 and, akin to the original
Gautreaux Program, also resulted from litigation alleging racial discrimination in housing
by the CHA and HUD (Pashup, Edin, Duncan, and Burke 2005). While the first
Gautreaux Program focused solely on the racial composition of destination
neighborhoods, Gautreaux Two aimed to relocate participants to “opportunity areas”
which were both low poverty and racially-diverse (Boyd 2008; Pashup et al. 2005). All
families housed in CHA public housing developments were invited to participate in
Gautreaux Two, which would culminate with moving via a housing voucher to an
“opportunity area” in metropolitan Chicago (Boyd 2008).
Of the 549 families who enrolled in Gautreaux Two, one third relocated through
the program (Pashup et al. 2005). Findings from interviews conducted with a sample of
movers and non-movers indicated that non-movers faced a number of barriers to moving.
According to Pashup et al. (2005), lack of familiarity with the “opportunity areas” within
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the city and suburbs was a major obstacle. They reported that two-thirds of the
“opportunity areas” were located on Chicago’s North Side, and one third of the nonmovers “had virtually no exposure” to the North Side (380). Some non-movers also
expressed concern about disrupting their social ties by moving far from their friends and
family, while some were apprehensive about having to increase their regular commuting
patterns for work, school, and familial visits (Pashup et al. 2005).
Similarly, characteristics of social support and social networks were prominent
among those who moved through the Gautreaux Two initiative. Reporting findings from
interviews with a sample of movers and non-movers, Boyd (2008) reported that among
Gautreaux Two movers who made a secondary move from their original placement
neighborhoods, many relocated because they felt disconnected from their support
network and wished to reside in closer proximity to family and friends. On a related note,
transportation difficulties were another major challenge (Boyd 2008). Among movers
who remained in their original placement homes, for many respondents, their family and
friends lived in the area or they were still able to access their networks despite geographic
barriers (Boyd 2008).
Moving to Opportunity
Modeled after Gautreaux, the federal Moving to Opportunity (MTO) for Fair
Housing Demonstration Program was a five-city dispersal program implemented in
Baltimore, Boston, Chicago, Los Angeles, and New York. The MTO program was
initiated in 1994, and by 1998, 4,604 families enrolled (Sabonmatsu, Ludwig, Katz,
Gennetian, Duncan, et al. 2011). MTO aimed to relocate residents of public housing
developments into low-poverty (rates of 10% or less) urban and suburban neighborhoods
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(Goetz 2010). Whereas racial composition was the main criterion of destination
neighborhoods as part of the original Gautreaux Program, MTO’s primary criterion was
the poverty rate of destination neighborhoods. The MTO program consisted of an
experimental design; low-income families residing in public housing were randomly
assigned into one of three groups: 1) recipients of vouchers to move specifically to a lowpoverty area (experimental group), 2) a Section 8 voucher with no geographic restriction,
3) or control group which were not offered a voucher (Orr et al. 2003).
The opportunity to move from an unsafe community was a primary reason MTO
families enrolled in the program. Among all groups (i.e. experimental, Section 8, and
control), an average of 77% of families said their primary or secondary reason for
moving was “to get away from drugs or gangs” (Sabonmatsu et al. 2011: 40). Studies of
MTO experiences found that those who relocated from public housing to low-poverty
neighborhoods through MTO perceived greater neighborhood safety in their destination
neighborhood than those in the control group (Popkin, et al. 2001; Orr et al. 2003;
Ludwig et al. 2013; Sabonmatsu et al. 2011; Rosenbaum 2001). Long-term findings (1015 years post baseline) reported through the MTO Final Impacts Evaluation indicated that
adults and female youth from both treatment groups – experimental and Section 8 movers
– reported greater perceived neighborhood safety compared to the control group
(Sabonmatsu et al. 2011). Male youth did not feel safer, however (Sabonmatsu et al.
2011).
Results from both Interim (four to seven years post baseline) and Final Impacts
Evaluations demonstrated higher current ratings of neighborhood quality (e.g. reduction
in the presence of litter, graffiti, abandoned buildings) for both the experimental group
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and the Section 8 group, relative to members of the control group (Orr et al. 2003;
Sabonmatsu et al. 2011). Likewise, the movers in the experimental and Section 8 groups
expressed, on average, greater satisfaction with their current neighborhoods, relative to
the control group, as reported in both the Interim and Final Evaluations (Orr et al. 2003;
Sabonmatsu et al. 2011).
The mid-course Interim Evaluation of the MTO program (Orr et al. 2003)
demonstrated that experimental group movers faced challenges including inadequate
access to transportation, as well as access to resources including church, shopping, and
health care resources. Inadequate access to public transit was not found in the Final
Impacts Evaluation, however (Sabonmatsu et al. 2011). Similarly, findings from a study
of the MTO program in Baltimore showed that some experimental group members
experienced increased stress as a result of moving away from their family and friend
networks (Turney et al. 2013).
Despite these overall improvements in neighborhood conditions for MTO movers,
studies failed to demonstrate improvements in employment and self-sufficiency
outcomes, relative to the control group, at either the short-term or long-term (Orr, et al.,
2003; Sabonmatsu, et al., 2011). Improved employment outcomes was a primary goal of
the MTO model.
HOPE VI
Housing Opportunities for People Everywhere (HOPE VI), the federal housing
mandate enacted by HUD in 1993 aims to redevelop the “most severely distressed”
(Popkin et al. 2004) public housing developments and to provide improved affordable
housing options for residents. HOPE VI intends to alleviate concentrated poverty in
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public housing by creating “new mixed-income communities of opportunity” (Curley
2010). An extensive federal housing program, by 2006, HUD had allocated $6.3 billion
in HOPE VI funding to 193 cities (Popkin and Cove 2007). HOPE VI is a community
revitalization program through which public housing residents are involuntarily relocated
from their housing; in contrast, the Gautreaux programs and MTO were dispersal
programs through which eligible residents moved voluntarily (Popkin et al. 2013).
Among families displaced as a result of HOPE VI, the largest proportion have moved to a
home on the private market via a housing voucher, and others have returned to
redeveloped mixed-income developments, and others have relocated to another
traditional public housing development (Curley 2010; Popkin et al. 2013). Different from
the poverty and racial composition thresholds present in Gautreaux and MTO, HOPE VI
contains no guidelines pertaining to racial segregation or poverty levels in destination
neighborhoods (Goetz 2010).
Results from the multi-city (five sites) HOPE VI Panel Study point to improved
housing and neighborhood conditions among those who relocated to either housing on the
private market or a mixed-income unit, but these same favorable outcomes did not apply
for those who relocated to a traditional public housing unit (Popkin et al. 2013). In 2005,
more than two-thirds of private market movers, and 85% of families living in a new
mixed-income HOPE VI unit, and 49% of those who relocated to a traditional public
housing unit rated their current housing as either “excellent” or “good” (Popkin et al.
2013: 361). Further, a number of HOPE VI studies reported decreased poverty rates, in
particular among those who moved to the private market with housing vouchers and
those who moved into a mixed-income development unit (Buron et al. 2007; Clampet-
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Ludquist 2004; Popkin and Cove 2007). Long-term outcomes reported through the Panel
Study show that among private market renters, half were residing in low-poverty
communities (20% or less) (Popkin et al. 2013). However, HOPE VI relocatees continued
to live in segregated conditions, as “nearly all HOPE VI Panel Study families moved into
predominately African-American communities” (Popkin et al. 2013: 361).
Despite the improved housing and neighborhood environments, studies show that
HOPE VI did not improve employment or self-sufficiency outcomes (Popkin et al. 2013;
Goetz 2010a; Levy and Woolley 2007). These are primary goals of the HOPE VI model
(Popkin et al. 2013).
Whereas studies of HOPE VI demonstrated limited behavioral outcomes, the most
predominate benefit for those who relocated to the private market or moved into a mixedincome development was feelings of increased safety (Popkin et al. 2013; Buron et al.
2007; Popkin and Cove 2007; Curley,. 2010; Goetz 2010a; Clampet-Lundquist 2010).
Discussing findings from follow-up interviews conducted as part of the HOPE VI Panel
Study, Popkin et al. (2013) reported that the “… reduction in fear of crime is the biggest
and most important effect of HOPE VI relocation overall” (362). The improvements were
most prevalent among those who moved to mixed-income developments or moved to the
private market with a voucher.
Findings about safety were mixed, however. A number of teens whose families
were displaced from the DuBois public housing development in Philadelphia and
relocated via a Section 8 voucher reported to feel less safe in their new community than
in public housing (Clampet-Lundquist 2010). According to Clampet-Lundquist,
respondents’ lack of familiarity with their new environments prompted feelings of
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vulnerability. Many displaced through HOPE VI expressed feelings of isolation due to
disrupted social ties and sense of community in their former homes (Clampet-Lundquist
2004, 2010; Goetz 2010; Kleit and Manzo, 2006).
Given the significance of social ties and capital among those displaced from their
former homes, it is not surprising that social ties shaped relocation decisions for many.
Through an earlier study of relocation decisions among those displaced from the DuBois
development in Philadelphia, Clampet-Lundquist (2004) reported that families which
relocated via a Section 8 voucher were motivated by desires to reside in close proximity
to their families, their children’s schools, and other amenities. Also, concerned about
neighborhood quality, many also desired to live on a “quiet block” (430). Additional
studies of relocation decisions among those displaced via HOPE VI also pointed to desire
to remain near residents’ former neighborhood (Popkin et al. 2002; Turner, Popkin, and
Cunningham 2000). Goetz (2010) argued that policymakers fail to acknowledge the
disruptive impact of displacement on the “web of social support and networks that they
have created for themselves, and their attachment to place” as a result of displacement
(154 b).
Neighborhood Characteristics and Residential Stability among Homeless
Populations
Just a few studies have specifically explored the impact of neighborhood
characteristics on residential stability for homeless/formerly homeless populations. In
Ottawa, Canada, Klodawsky et al. (2009) conducted the longitudinal Panel Study on
Homelessness to examine housing stability among individuals housed in that city’s
residential homeless system. The authors conducted two waves of interviews over the
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span of one year in order to examine the factors that impacted becoming and staying
housed. Study respondents indicated that several issues, including concerns about safety
and inconvenience to their previous community connections, were prominent reasons for
which they left or desired to leave to their current housing and neighborhood (Klodawsky
et al. 2009).
In addition, through a study to explore reasons residents with mental illness
departed from Permanent Supportive Housing, Wong et al (2006) reported that criminal
activities, as well as drug use in residents’ building and/or neighborhood, were negative
circumstances prompting departure. The authors further highlighted the impact of
environmental factors, reporting that among those who voluntary left Permanent
Supportive Housing, positive characteristics of the neighborhood to which they moved
helped them to “stay focused” and minimize stress. Wong et al (2006) called for future
research to examine the impact of neighborhood factors shaping decisions to stay or
depart from Permanent Supportive Housing.
Significance of Neighborhoods for the Homeless/Formerly Homeless
The significance of neighborhoods for the homeless and formerly homeless is
discussed through a few additional studies. One prominent theme throughout the
literature is that social service providers should help homeless residents to maintain ties,
establish new relationships, and integrate into new communities. Anderson and
Koblinsky (1995) asserted that neighborhoods play an integral role with regard to
solutions to family homelessness. Homeless families should be encouraged to and
assisted with efforts to maintain connections with formal and informal institutions, which
can function as social support networks, the authors contended. Further, Anderson and
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Koblinsky (1995) suggested that social service providers should assist homeless families
to integrate into communities through involvement with community organizations, and
other methods.
Previous studies of homeless populations in Chicago have pointed to an impact of
neighborhood factors on efforts to obtain and maintain housing and stability. During
focus groups conducted with individuals housed throughout Chicago’s residential
homeless system as part of the Evaluation of Chicago’s Plan to End Homelessness
(George et al. 2010), some participants, particularly family heads, indicated that
neighborhood characteristics were key when deciding about whether to go to a particular
housing program. Specifically, these participants explained that they carefully considered
whether a neighborhood would be safe for themselves, their children, and whether a
neighborhood was in a convenient location (i.e. in relation to their family, their previous
neighborhood, transportation, etc.). Similar concerns were expressed through research
conducted with single adult male residents of an 18-month transitional housing program
in Chicago (Hilvers et al. 2007). Participants expressed concerns about the agency’s
upcoming relocation from the central West Loop area to North Lawndale, a
neighborhood on Chicago’s West Side, which they perceived to have high rates of crime
and drug sales. Participants feared that these community characteristics in the new
neighborhood would negatively impact their efforts to achieve and maintain sobriety and
overall stability.
Impacts of Community Characteristics among Homeless Populations
A nominal number of studies demonstrate the significance of community
characteristics on various outcomes for homeless populations (Mares and Rosenheck
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2004; Rosenheck, Morrissey, Lam, Calloway, Stolar et al. 2001; Tsai, Mares, and
Rosenheck 2011; Wright and Kloos 2007). Wright and Kloos (2007) examined the
impact of subjective neighborhood characteristics on well-being outcomes among
individuals residing in housing for homeless individuals with severe mental illness. The
authors reported that residents’ perception of their community (i.e., number and quality
of interactions with neighbors, crime rate, perceptions of safety, transportation adequacy,
etc.) significantly shaped well-being outcomes (i.e., psychiatric distress, residential
satisfaction, recovery and adaptive functioning) (page 81). Further, the social
environment (i.e., social interactions and relationships) was the strongest predictor of
well-being outcomes, Wright and Kloos reported.
Through a study documenting the experiences of unaccompanied chronically
homeless adults before and after becoming housed, Tsai et al. (2011) pointed to the
salience of objective community characteristics. The authors reported that self-reported
social support was greater for those housed in areas comprised of increased population
densities, a greater proportion of African-Americans, and smaller proportion of whites”
(345). Neighborhood satisfaction was positively associated with an increased proportion
of neighborhood residents with a college degree, increased per capita income, and median
rent, as well as proportion of white residents. Tsai et al. reported that when comparing the
level of safety and score on a quality of life index of residents’ communities before and
after entering their new housing, residents have not been housed in “improved
communities” (349). Likewise, examining the impact of objective community
characteristics on exits from homelessness, Rosenheck et al. (2001) reported that the level
of service integration, affordability of housing, and social capital were positively
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associated with homeless individuals with mental illness becoming stably housed at 12
months.
Impacts of Housing Stability among Currently/Formerly Homeless Individuals
Systematic information related to housing stability for individuals currently or
formerly housed through the homeless system is important to explore. First, data show
that residential stability is cost-effective for public systems. As part of a randomized
control trial conducted in Chicago among homeless adults with chronic illnesses,
members of the intervention group were offered permanent supportive housing and
intensive case management upon discharge from the hospital. Results demonstrated that
during the 18-month study period, members of the intervention group experienced less
days hospitalized and less visits to the emergency room, relative to participants in the
“usual care” group, whom received the standard assistance upon being discharged from
the hospital (Sadowski et al. 2009). Further, through an evaluation of a Permanent
Supportive Housing program in Rhode Island, Hirsch and Glasser (2007) reported that
among residents who remained in their housing for at least 18 months, 80% reduced their
service costs by an average of at least $9,500. Moreover, other studies have demonstrated
that the housing stability provided through Permanent Supportive Housing improves
residents’ quality of life. An analysis of permanent supportive housing residents in
Illinois (Heartland Alliance 2009) indicated that residents’ lives had improved after
moving into their housing. The authors reported increased self-confidence, reunification
with family and children, decreased substance abuse, and criminal activities among these
Permanent Supportive Housing residents.
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Summary
The above sections demonstrate the long tradition of empirical studies examining
neighborhood effects on residential mobility outcomes. Select studies of housing mobility
dispersal programs including Gautreaux One, Gautreaux Two, MTO and HOPE VI trace
the role of neighborhood factors in shaping the mobility outcomes of individuals and
families faced with a decision about whether to relocate to a new home, in an area that
may be unfamiliar. These dispersal programs aimed to provide improved neighborhood
options for those housed in public housing, on waiting lists, or recipients of vouchers.
Plans to End Homelessness are increasingly prevalent in the U.S. and
internationally; these policy initiatives have been implemented to permanently house
individuals and families who lack stable housing. Just a few studies have explored the
impact of neighborhood-related characteristics on mobility decisions among individuals
housed through homeless programs, albeit largely descriptive in nature. This study
addresses this gap in the research literature. In addition, this information can be
instructive to policy makers and practitioners seeking to strengthen or develop strategies
to house those currently homeless or at risk of homelessness. Thus, this study fits into the
sociological tradition, which connects social science research to inform homelessness
policy (Culhane and Metraux 2008; Lee et al. 2010).

CHAPTER THREE
DESIGN AND METHODS
This section introduces the research question and hypotheses guiding this study;
data collection instruments; survey sub-sample; dependent, independent, and control
variables measured in this study; and the analytic procedures that I utilized to address
these questions and hypotheses. Further, this section discusses diagnostics testing,
limitations to this study, and other details of these analyses. Descriptive statistics are also
reported.
Research Question
This study explored the relationship between subjective neighborhood measures,
as well as the location in Chicago at which individuals resided, on the mobility outcomes
of those housed through Chicago’s residential homeless system. In particular, this study
asked the following primary research question: How do neighborhood satisfaction,
neighborhood quality, and access to family/friends, and location in Chicago at which
individuals reside, impact mobility outcomes among individuals currently/formerly
housed through Chicago residential homeless programs?
Data
Background on Chicago’s Plan to End Homelessness
The data I analyzed through this project were gathered through a longitudinal
client survey as part of the Evaluation of Chicago’s Plan to End Homelessness (PTEH).
35
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As discussed above, Chicago’s residential homeless system initiated its 10-Year Plan to
End Homelessness in 2003.1 Chicago’s Plan utilizes a “housing first” approach to end
homelessness, and represents a shift in the city’s homelessness system from a shelterbased to a housing-based model (Chicago Continuum of Care 2003).
Chicago’s homeless system is comprised of three primary types of housing
programs: Emergency shelters, Interim Housing, and Permanent Supportive Housing.
Shelter residents access the majority of these programs daily. People usually have to
leave the programs each morning and re-enter each night. Interim programs are intended
to function as short-term housing, with residents staying no longer than 90 to 120 days.
Program staff members try to find permanent housing for residents, either market-rate
housing or in a Permanent Supportive Housing unit. Permanent Supportive Housing
programs often subsidize rents. These housing programs may provide social services
programming or can refer to services. Most programs do not limit the length of time for
which residents can remain housed through the program.
Background on the Evaluation of Chicago’s Plan to End Homelessness
Homelessness stakeholders in Chicago including the non-profit sector, city
government, and funders requested a comprehensive evaluation of Chicago’s Plan to End
Homelessness in 2008 in order to assess the city’s progress in meeting the goals of the
Plan. This evaluation was a collaborative effort between the Chicago Alliance to End
Homelessness, the City of Chicago, and researchers from Loyola University Chicago’s
Center for Urban Research and Learning, and Loyola’s School of Social Work, and the
University of Chicago’s School of Social Service Administration. This evaluation was

1

The city of Chicago launched Chicago’s Plan 2.0: A Home for Everyone in August of 2012.
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completed in 2012 and was the first in-depth evaluation of a Plan to End Homelessness in
the country (Chicago Alliance, 2012).
Sampling Design for Longitudinal Client Survey
The sample for the longitudinal client survey was developed through a two-stage
stratified sampling design. The sampling frame for this survey was the City of Chicago’s
HUD Inventory Chart from January 2009. The HUD Inventory Chart is a list of all
programs the City of Chicago and the Chicago Alliance to End Homelessness report to
HUD as part of the Chicago Plan to End Homelessness. In addition, between June and
August 2009, researchers called each program listed on the Inventory to obtain
information including the current number of beds/units, occupancy level, and to confirm
that each respective program’s self-definition matched its classification on the Inventory.
All programs were grouped into the three primary types: Emergency shelters,
Interim Housing, and Permanent Supportive Housing. Programs were stratified by
program type and by population type (i.e. single adults or families). As of the summer of
2009, there were a total of 274 programs providing 9,152 shelter/housing units in
Chicago’s homeless system (Sosin, George, Grossman, Hilvers, and Davis 2010). Of
these, 19 (6.9%) were shelters, which provided 16.9% of the total units; 78 (28.8%) were
Interim programs that provided 15.9% of housing units; and 177 (64.6%) were Permanent
programs, which provided 67.0% of the system’s units.
A random sample of programs for each stratum was developed proportionate to
their enrollment, and then, a random sample of residents was generated for each selected
program. A total of 67 programs were randomly selected for the study – seven shelter
programs, 33 Interim programs, and 27 Permanent programs. The sampling plan was to
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interview a total of 555 individuals, with a third residing in each of the three program
strata. Individuals in each of the three strata were over-sampled to account for refusals,
non-response, and ineligibility among selected programs and individuals.
The final Wave 1 sample consisted of 554 individuals. Among the full sample,
185 were at a shelter program, 192 were at an Interim program, and 177 were at a
Permanent program. These individuals were housed through a total of 57 housing
programs – five shelter programs, 31 Interim programs, and 21 Permanent programs.
Longitudinal Client Survey
A team of interviewers from Loyola University Chicago conducted surveys with a
representative sample of individuals housed in the aforementioned three sectors of
Chicago’s residential system. Researchers interviewed individuals face-to-face three
times over the course of one year during 2009-2011. Baseline interviews were conducted
with 554 housing residents, and among them, 419 (75.6%) completed a Wave 2 followup interview approximately six months later (see Table 1), and 398 residents (71.8%)
completed a Wave 3 interview approximately 12 months post baseline. At the baseline
interview, approximately one-third of the sample resided in each of the three program
types. The research team experienced the most success in conducting follow-up
interviews with individuals who originated in Permanent Supportive Housing,
interviewing at Wave 3 over 88% of the baseline sample. Nearly 70% of those originally
housed in an Interim program completed a Wave 3 interview, while 58% of those who
originated in an Emergency shelter were re-interviewed at Wave 3.
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Table 1. Sample Size and Response Rates for Each Wave, by Strata for Full Client
Survey Sample
Wave 1
Wave 2
Wave 3
% of
% of
% of
% of
W2
W1
W3
W1
N
%
N
N
Sample Sample
Sample Sample
in W2
in W3
28.9%
65.40%
108 27.1%
58.4%
Emergency 185 34.0% 121
192 34.7% 140
33.4%
72.90% 134 33.7%
69.8%
Interim
37.7%
89.20% 156 39.2%
88.1%
Permanent 177 31.9% 158
554
100%
419
100%
75.6%
398
100%
71.8%
Total
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data unweighted.

Client Survey Sub-Sample
This study carried out for my dissertation focused on a subset of the larger client
survey sample, in particular, those residing in an Interim or Permanent program, or
market-rate housing at the time of the Wave 2 and 3 interviews. Respondents residing in
a shelter at the Wave 1 interview who remained in that sector in subsequent waves were
not asked the neighborhood-specific questions which guide these analyses. The rationale
for not asking these questions is that these shelters are intended to function as temporary
housing, thus it was anticipated that respondents would not consider the neighborhood in
which the shelter was located as their neighborhood. Due to this criteria, and because of
missing data, I excluded 70 individuals from this study who remained in the shelter
system throughout the three waves of surveys. Likewise, I excluded an additional 14
individuals who originated in a shelter or an Interim program and then transferred to jail,
the street, or another temporary living situation, due to missing data.
The sample subset examined for this study included a total of 470 individuals
(Table 2). Due to the exclusion of individuals who remained in the Emergency strata
across all waves, the baseline sample of this subset was most heavily represented by
those who originated in either an Interim or Permanent program. Among this subset,
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those who started in Interim or Permanent programs each comprised approximately 40%
of the baseline sample, while those in emergency represented slightly over 20%.
Table 2. Sample Size and Response Rates for Each Wave, by Strata for This Study:
Client Survey Sub-Sample
Wave 1
Wave 2
Wave 3
% of
% of
% of
% of
N
%
N
N
W2
W1
W3
W1
Sample Sample
Sample Sample
in W2
in W3
22.3%
46
13.5%
43.8%
47
14.0%
44.7%
Emergency 105
188
40.0%
136
40.0%
72.3%
132
39.4%
70.2%
Interim
37.7%
158
46.5%
89.2%
156
46.6%
88.1%
Permanent 177
470
100%
340
100%
72.3%
335
100%
71.2%
Total
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data unweighted.
Note: In this sub-sample, among those who originated in an emergency shelter, 46 individuals completed a
Wave 2 interview and 47 individuals completed a Wave 3 interview. One individual who completed a
Wave 3 interview was not interviewed at Wave 2. There were a total of 14 individuals in the sub-sample
who were interviewed at Wave 3 were not interviewed at Wave 2.

Weighting
Results for the subset of the longitudinal client survey examined through this
study were weighted. Sample weights were utilized in both the descriptive analyses and
the regression analyses carried out for this study. Sample weights were “used to assure
that individuals are represented proportionally to the original population from which they
were sampled (the average sample weight is set at 1)” (Sosin et al. 2012a). The weighting
most heavily “compensates” (Sosin et al. 2012b) for individuals residing in Permanent
programs, because Chicago’s residential system is comprised of a larger proportion of
Permanent units than shelter beds or Interim units. After applying the weights, the survey
sample is representative of the Chicago residential homeless population, with the
exception of those who remained in shelter programs or other temporary living situation
(e.g. street, jail) throughout the study.
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Comparing Chicago Plan to End Homelessness Sub-Sample to Full Client Survey Sample
Table 3 presents demographic characteristics for the full Chicago Plan to End
Homelessness (PTEH) sample of individuals who completed the baseline round of the
longitudinal client survey and the subset of the client sample examined for this study.
Table 3 also distinguishes residents of Interim and Permanent program sectors at
baseline. Results indicate quite minimal differences between the full client sample and
the sample subset. The largest difference pertains to gender across all program strata, as
males represented 53.6% of the full sample, compared to only 51.0% of the sample
subset included in this study. Such minimal differences suggest that this subset of the
client sample is representative of the Chicago residential homeless population residing in
Interim and Permanent programs. In addition, analyses of the full client sample, which
compared individual characteristics among the full client sample at baseline to
characteristics of those re-interviewed at Waves 2 and 3 reveal only limited differences,
thus suggesting that the full sample is “viable,” and representative of the Chicago
residential homeless population (Sosin et al. 2011: 16).
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Table 3. Sample Characteristics at Baseline Survey for PTEH Full Client Survey
Sample and Subset of Clients Included in This Study
Full Sample
Subset Included in
Dissertation
N
%
N
%
All Strata
(N=554)
(N=512)
297
53.6%
261
51.0%
Male
MaddlslslsMale
462
83.4%
425
83.0%
Black
76
13.7%
73
14.2%
White
White
30
5.5%
27
5.3%
Hispanic
178
32.1%
164
32.0%
Less than High
School
127
22.9%
127
24.7%
Family
44.71 years old
44.37 years old
Mean Age
Interim
Housing
(N=192)
(N=188)
Male
Black
White1
Hispanic
Less than
High School
Family
Mean Age
Permanent
Housing
Male
Black
White
Hispanic
Less than High
School
Family
Mean Age

85
147
28
29
69

44.3%
76.4%
14.8%
15.3%
35.8%

82
42.8%
39.74 years old

81
144
28
29
67

82
43.6%
39.66 years old

(N=177)
87
149
25
6
54

43.2%
76.4%
15.1%
15.2%
35.4%

(N=177)
49.1%
84.3%
14.3%
3.2%
30.4%

40
77.6%
45.04 years old

87
149
25
6
54

49.1%
84.3%
14.3%
3.2%
30.4%

40
22.4%
45.04 years old

Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
1
Among those in the Interim Housing strata, white full sample = 191 and the white subset included in
dissertation = 187.
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Hypotheses
Derived from the literature discussed in the previous chapter and insights from
Chicago housing practitioners, I tested the following four research hypotheses using a
subset from the Chicago longitudinal homeless client survey sample.
Hypothesis 1
Neighborhood satisfaction and neighborhood quality rating are primary predictors
I examined through this study. Residential mobility studies of low-income populations
have found that neighborhood satisfaction and neighborhood perception influence
mobility decisions and outcomes. For instance, low-income residents in Denmark
dissatisfied with their neighborhood were more likely to leave (Andersen 2008). And,
according to the longitudinal Panel Study on Homelessness in Ottawa, Canada, people
who expressed concerns about neighborhood safety were more likely to leave or want to
leave their current housing (Klodawsky et al. 2009). Consequently, I hypothesized that
A) the coefficients for neighborhood satisfaction and neighborhood quality would both be
negative. Thus, I anticipated that respondents who provide high ratings of neighborhood
satisfaction and neighborhood quality would be less likely to exit their baseline program
and move to market-rate housing. B) Likewise, among those who remained living in their
baseline housing program, those who provided low ratings of neighborhood satisfaction
and neighborhood quality rating would be more likely to express desires and plans to
move from their neighborhood.
Hypothesis 2
I also measured the impact of access to family and friends on the mobility
outcomes of those housed in Chicago’s residential homeless system. Chicago-area
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housing providers suggested that a lack of convenient access to family, friends, and other
resources may be associated with respondents leaving their housing or expressing
intentions to leave their housing. Some previous residential mobility studies have also
found such effects.
As mentioned above, Klodawsky et al. (2009) found that respondents’ lack of
access to their previous community connections were prominent reasons for why they left
or desired to leave to their current housing. Likewise, studies of relocation decisions by
individuals displaced via HOPE VI point to individuals’ desires to reside near their
former neighborhood for reasons including remaining in close proximity to family,
church, and maintaining access to public transportation (Popkin et al. 2002). Similarly,
studies of families who relocated through MTO also pointed to residents’ desire to
maintain social networks as reasons they did not wish to move (Turner, Popkin, and
Cunningham 2000). Consequently, I hypothesized that increased access to family and
friends would be negatively associated with mobility outcomes.
A) I anticipated that access to family and friends in relation to respondents’
current neighborhood would be negatively associated with moving to market-rate
housing. Thus, I anticipated that as access to family/friends increased, individuals would
be less likely to move to market-rate housing. B) Likewise, among respondents who
continued residing in their baseline housing program, access to family and friends would
have a negative effect on wishing and planning to move from their neighborhood.
Hypothesis 3
Chicago-area housing providers also suggested this study should explore whether
the area of the city in which individuals reside shapes mobility outcomes.
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North/Far North Side. As mentioned previously, in particular, housing providers
sought information about whether individuals housed on the city’s North Side or Far
North Side were more likely to move from or desire to move from their housing
programs. These providers explained that a large proportion of individuals housed in the
residential system originate from and thus may have family and other ties on Chicago’s
South and West Sides, while much of the system’s Permanent Supportive Housing
programs are located on the North Side. A review of the distribution of programs within
Chicago’s homeless system shows that Permanent Supportive Housing programs are
prevalent in particular communities on Chicago’s Far North Side and North Side,
including Rogers Park, Uptown, and Lakeview (Chicago Alliance to End Homelessness Homeless System Mapping Project online tool).
The geographic distance separating the North/Far North Side from the city’s
South and West Sides is indeed great, thus it may be difficult for individuals housed on
the North Side to easily reach the South and West Sides of the city. Similarly, residents of
Chicago’s homeless system – the majority of whom are African-American (Sosin et al.
2010) – may view residing on the North/Far North Side unfavorably, due to racial and
ethnic factors. Far North Side communities including Rogers Park, Edgewater and
Uptown have historically been racially and ethnically diverse (Maly and Leachman 1998;
Nyden and Adams 1996). These diverse communities stand in contrast to the hypersegregation of African-Americans in many of Chicago’s West and South Side
neighborhoods (Pattillo 2007; Wacquant 2008; Wilson 1987). While some communities
on Chicago’s Far North Side are racially/ethnically diverse, 2010 U.S. Census data show
an increasing proportion of white and decreasing proportion of African-American
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populations in particular communities over the past decade. For example, in 2010, whites
represented nearly 40% (39.1%) and African-Americans represented 26.3% of the
population in Rogers Park. Likewise, in Uptown, whites comprised over half (51.6%) and
African-Americans were 20% of that neighborhood’s population. Further, Lakeview is
quite segregated, as whites represented 80.3% of residents and blacks comprised 3.8% of
the population (U.S Census Bureau 2010). As mentioned above, an appreciable number
of Permanent Supportive Housing programs are located in these communities.
Residing in housing programs located on the North/Far North Side may be
unfavorable for some housing program residents – again, the majority of whom are
African-American – due to the racial characteristics of the communities. In particular,
African-American residents may feel “unwelcome” in majority-white communities (Ellen
2000; Charles 2005) or may experience “perceived discrimination” (Hunt, Wise, Jipguep,
Cozier, and Rosenberg 2007) on the North Side, relative to the West and South Sides of
the city, which have higher proportions of African-American residents. These factors
related to the distance separating the North Side from other areas of the city, and the
racial characteristics of the North/Far North Side could prompt program exits or mobility
intentions among some housing program residents.
In contrast, however, additional community-level data and literature may suggest
minimal movement among those housed on the North and Far North Sides. As reported
above, Permanent Supportive Housing programs are prevalent in particular communities
on Chicago’s Far North Side and North Side. I do not anticipate much housing mobility
among individuals who secure a Permanent unit, given the inadequate supply of
affordable housing units in Chicago to meet the demand of low-income individuals and

47
families (Zelalem, Smith, Glas, and Hudspeth 2006; Sloss 2011).
Further, relative to other communities in Chicago, the North and Far North Sides
are well- resourced. For example, studies found no “food deserts” on the city’s North or
Far North Sides (Gallagher 2011). Likewise, the median household income of
neighborhoods on the North/Far North Side was considerably greater than other parts of
the city. Among communities on the North/Far North Side, the median household
incomes ranged from over $39,000 to $87,000 (U.S. Census Bureau, 2010). In
comparison, among communities on the South Side/Far South East Side, for example,
median household incomes ranged from over $15,000 to over $55,000. In terms of
violent crime, the homicide rates in North and Far North Side communities were
considerably lower than the overall city rate. With the exception of Logan Square, all
neighborhoods on the North/Far North Sides had homicide rates of less than half of the
city of Chicago’s rate. Logan Square had a homicide rate of 9.7 per 100,000, compared to
the city of Chicago’s rate of 15.1 per 100,000 persons (years 2004-2008 – age adjusted)
(Chicago Department of Public Health, 2012).
The aforementioned characteristics of the North/Far North Side may have mixed
impacts on program mobility decisions and intentions. Overall, given the prevalence of
Permanent Supportive Housing and community resources, I anticipated that those
residing on the North/Far North Side would be less likely to leave their programs or
express mobility intentions, in reference to those residing on the South/Far Southeast
Side.
Central Area. I also anticipated minimal movement or mobility intentions among
those housed in Chicago’s Central area. Similar to other studies, residents of housing
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programs may feel “unwelcome” (Ellen 2000; Charles 2005) or experience feelings of
“perceived discrimination” (Hunt et al. 2007) in Chicago’s Loop, Near North Side, and
Near South Side. Chicago’s Central communities are high income, relative to other
communities in Chicago, with an overall average median household income of nearly
$77,000 (U.S. Census Bureau 2010). Further, whites represent either the majority or the
largest racial category in each of the three Central areas (U.S. Census Bureau 2010).
Due to the centrality of these areas, individuals may be able to access regions of
the city via the numerous public transit options available in the Chicago Loop area
(http://www.transitchicago.com/assets/1/maps/P19_2012_CTA_Rail_Map_Light.pdf).
Further, studies found no food deserts in the Central area (Gallagher 2011). In addition,
the higher-income communities in Chicago’s Central experience homicide rates at less
than half of the city rate (Chicago Department of Public Health, 2012). When considering
the implications of these various factors, I anticipated that those residing in the Central
region, may be less likely to leave their programs or express mobility intentions, in
reference to those residing on the South/Far Southeast Side.
Reference Category: South Side/Far Southeast Side
Chicago’s South/Far Southeast Side is the reference category in analyses
examining the impact of regions of Chicago on mobility outcomes. 2010 U.S. Census
data document that most of the communities on the South/Far Southeast Side are majority
African-American. Some exceptions are East Side and Hegewisch, which are majority
Hispanic, and Armour Square (includes area known as “Chinatown”) which is
predominately Asian. Further, the South Side Hyde Park and Bridgeport neighborhoods
are diverse whereby no racial/ethnic group represents a majority (U.S. Census Bureau
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2010). Residents of Chicago’s homeless system, the majority of whom are AfricanAmerican (Sosin et al. 2010), may view the racial/ethnic characteristics of these
communities more favorably. As Hunt et al. (2007) reported through their examination of
the relationship between neighborhood racial context and perceived discrimination,
African-American study participants residing in communities in which AfricanAmericans represented the largest racial category reported the lowest level of perceived
discrimination. In addition, housing providers suggested that many individuals housed
through the homeless system have family and friend networks who reside on the West
and South Sides. If this is the case, residing in a community on the South/Far Southeast
Side may be ideal for those who intend to maintain those ties.
Communities on Chicago’s South/Far Southeast Side communities are
economically-challenged, however. The areas of Riverdale, Grand Boulevard, and Fuller
Park have median household incomes that are less than $16,000, while in total, the
combined average median household income for all communities on the South/Far
Southeast Side combined was just over $33,000 (U.S. Census Bureau 2010). Further,
food deserts have been identified in parts of several Far Southeast Side communities
including Roseland, Pullman, West Pullman, and South Deering, as well as the South
Side communities of Grand Boulevard, Fuller Park, and Washington Park (Gallagher
2011). Further, violent crime is prevalent in the majority of the neighborhoods on the
South Side, as eight out of the 11 communities experience homicide rates greater than the
overall city rate of 15.1 homicides per 100,000. In Fuller Park, the homicide rate of 62.9
per 100,000 people was over four times city rate, while rates in Washington Park and
Greater Grand Crossing were over three times the city’s rate (Chicago Department of
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Public Health 2012). Likewise, among communities on the Far Southeast Side, the
homicide rate of seven out of 12 neighborhoods is at least double the city’s homicide rate
(Chicago Department of Public Health 2012). Given these challenges of crime, poverty,
and inadequate resources in several areas of the South/Far Southeast Side, I anticipate
that residing in this area of Chicago may be associated with program exits or mobility
intentions.
I anticipated that the location in Chicago where respondents reside would affect
mobility outcomes. Specifically, A) I anticipated those residing on Chicago’s North/Far
North Side and Central area, relative to Chicago’s South/Far Southeast Side, would be
less likely to move to market-rate housing. Further, B) I expected that among those who
continue to reside in their baseline program, those housed on Chicago’s North Side or
Central area would be less likely, in reference to those on the South/Far Southeast Side,
to wish or plan to move from their neighborhood.
Hypothesis 4
I next discuss the impact of residence on Chicago’s West and Southwest Side/Far
Southwest Sides on mobility outcomes.
West Side. Similar to the contradictions related to residence on the North Side and
Central area, characteristics of the West Side may have mixed impacts on mobility
patterns. If individuals do have family and friend networks who reside on the West and
South Sides, as housing providers suggested, residing on the West Side could be ideal for
those who wish to maintain those ties.
The West Side is largely African-American and Hispanic. Among the nine
Community Areas on the West Side, four are at least 85% African-American, while
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Hispanics are the majority group in three neighborhoods. Those housed through
Chicago’s homeless system, again, the majority of whom are African-American, may
view the racial/ethnic characteristics of these communities favorably. Again, as Hunt et
al. (2007) reported through their examination of the relationship between neighborhood
racial context and perceived discrimination, African-American study participants residing
in communities in which African-Americans represented the largest racial category
reported the lowest level of perceived discrimination.
Particular communities on Chicago’s West Side have high poverty rates. With the
exception of two communities – West Town and the Near West Side – the median
household income of communities on the West Side are less than three-fourths of the city
of Chicago’s overall level of nearly $47,000 (U.S. Census Bureau 2010). Further,
adequate access to food and grocery stores is limited in areas on the West Side. Sections
of Austin, West Garfield Park, East Garfield Park, and North Lawndale have been
identified as “food deserts,” as Gallagher reported (2011).
In addition, many of these impoverished communities also experience high rates
of violent crime. The homicide rate is extremely high across some communities on the
West Side. Among the nine Community Areas which comprise the West Side, five had
homicide rates that were more than double the rate for the city of Chicago overall (15.1
homicides Per 100,000 persons 2004-2008 – age adjusted) (Chicago Department of
Public Health, 2012). Among these five communities, Austin’s homicide rate for those
years was 31.5 per 100,000, compared to East Garfield Park’s 42.3 per 100,000 homicide
rate (Chicago Department of Public Health 2012). Given these challenges of crime,
poverty, and inadequate resources in areas of the West Side, I anticipated that residing in
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a housing program on the West Side may be associated with movement to market-rate
housing or mobility intentions. Given that I also expected movement/mobility intentions
among those housed on the South/Far Southeast Side, I anticipated that there would not
be a significant difference between residing on the West Side and the reference category.
Southwest Side/Far Southwest Side. Select communities on Chicago’s
Southwest/Far Southwest Side have extremely high poverty rates. In Englewood and
West Englewood, the median household incomes were $19,743 and $26,654, respectively
(U.S. Census Bureau 2010). Further, food deserts were prevalent in the Southwest Side
communities of Englewood, West Englewood, and New City, while portions of the Far
Southwest Side’s Beverly and Washington Heights communities were also defined as
such (Gallagher 2011). Given these challenges, I anticipated that residing on the
Southwest/Far Southwest Side would be associated with departing from one’s baseline
housing program or desires/plans to move.
Further, some sociological literature points to an extreme lack of resources in
many neighborhoods on Chicago’s South and West Sides. Through a comparative
analysis of high and low poverty black communities in Chicago, Wilson and Wacquant
(1989) found differential rates of joblessness, educational level, welfare receipt, and
levels of social capital. The authors pointed to structural factors such as
deindustrialization and the decline of quality housing and exodus of businesses from the
communities for the “economic deprivation” of the South and West Side communities.
The “economic deprivation” and “exclusion” of residents in many communities on
Chicago’s South and West Sides may be lead to exits from or desires/ plans to leave
housing programs located in those communities, the authors suggested. Again, given that
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I also expected movement or mobility intentions among those on the South/Far Southeast
Side, I anticipated that there would not be a significant difference between residing on the
Chicago’s Southwest/Far Southwest Side and the reference category.
As stated previously, I anticipated movement and mobility intentions among
those residing in the reference area, the South/Far Southeast Side. Further, A) I
anticipated that the likelihood of moving to market-rate housing among respondents
residing on Chicago’s West and Southwest/Far Southwest Side would not vary in relation
to the reference area. Likewise, B) I anticipated that mobility intention outcomes would
not significantly differ between those residing on the West or Southwest/Far Southwest
Sides, in comparison to the reference area, the South/Far Southeast Side.
Characteristics of Subset of Sample at Wave 1
Table 4 presents characteristics for the subset of the longitudinal client survey
sample included in this study; these data were collected at the baseline interview. The
vast majority were African-American (83.0%), while whites represented 14.2%, and
Hispanics comprised 5% of this sample subset. The mean age was 44.37. Males
represented just over half of all respondents. Just under one-quarter resided in a family
homeless program, and the majority (75.3%) resided in a program for single adults.
In terms of education, one-third of respondents had not obtained their high school
diploma or GED. Just under one-third attained their high school diploma/GED, and onethird had some college or technical training. Over three-fourths were not employed at the
time of the baseline interview. Respondents were asked to indicate the amount of money
they received in the 30 days prior to baseline. Income from a job was the most prevalent
income source (25%). Just over 20% reported to receive Supplemental Security Income
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(SSI) and nearly 10% received income from Temporary Assistance for Needy Families
(TANF) in the month prior to baseline. Nearly 40% had a felony conviction (37.9%) and
(42.1%) had been hospitalized for a psychological problem in their lifetime.
Table 4. Characteristics of Subset of Sample at Wave 1 (N=512)
N
Percent
Race/Ethnicity
425
83.0
African-American
73
14.2
White
27
5.3
Hispanic
44.37
Age
(mean)
83(s.d)
16.2
18-30 10.92
162
31.6
31-45
246
48.1
46-60
21
4.2
61-78
Gender
261
51.0
Male
249
48.7
Female
2
.3
Other
Family Status
127
24.7
Family program
386
75.3
Single adult program
Education
164
32.0
Less than High School Diploma/GED
151
29.6
HS Diploma/GED
134
26.2
Some College/Associate’s degree
30
5.9
Bachelor’s degree or higher
32
6.3
Vocational/ Technical training
Employment (N=480)
111
23.2
Currently Employed
369
76.8
Not Currently Employed
Income in Prior 30 Days
132
25.7
Receipt of employment income
(N=512)
106
21.7
Receipt of SSI (N=488)
48
9.5
Receipt of TANF (N=501)
193
37.9
Felony Conviction in Lifetime
(N=511)
213
42.1
Hospitalized for Psychological/
Emotional Problem (N=507)
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
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Dependent Variables
Similar to previous research studies that have examined multiple measures of
mobility (Kearns and Parkes 2003; Landale and Guest 1985; Lee et al. 1994; Oh 2003;
Speare 1974) this study explored both movement behaviors and mobility intentions. I
examined two sets of mobility outcome constructs in this study.
Market-Rate Housing Mobility
Market-rate housing mobility is a dichotomous measure indicating whether a
resident exited the residential homeless system and moved into market-rate housing
(moved to market = 1, did not move to market = 0) between Waves 1 and 2, and between
Waves 2 and 3, respectively.2 I constructed this variable from the existing survey items:
“The last time we interviewed you, it was [date] and you were living/staying at [name of
original program]. Are you still living in that program now?” Those who indicated they
were no longer residing in their baseline program were asked the following question:
“Right now, which of the following best describes the type of place where you are
living?” The interviewer read a list of 12 locations, three of which represent a move to
market-rate housing: 1) Another place where you (and your spouse/partner paid all the
rent, 2) Another place where you (and your spouse/partner) paid some of the rent, and 3)
Someone else’s apartment or house where you did not pay rent. I coded those individuals
who were residing in any of the above three living situations as “moved to market.”

2

I also developed two binary logistic regression models predicting program exits. The first model examines
whether the location in Chicago where respondents reside at baseline shapes exits from their baseline
housing program between Waves 1 and 2. The second model examines the impact of neighborhood
predictors and Chicago region on program exits between Waves 2 and 3. These results are very similar to
the results for the market-rate housing regression models. See Appendix A for these results.
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A moderate number of those included in this sub-sample exited the residential
system and moved into a market-rate housing situation (Table 5). Nearly eleven percent
moved to market housing in the six months after the baseline interview (by Wave 2).
Among these movers, the majority paid rent at Wave 2. Just over half (N=21) were living
at a place where they/their spouse paid all the rent, fifteen reported they/their spouse paid
some of the rent, and just a few respondents (N=4) were not paying any rent where they
were staying.
Among those who remained in their baseline program at Wave 2, 10.2% moved to
market-rate housing between Waves 2 and 3. Among these 26 respondents, the majority
paid rent at Wave 3. The largest proportion (N=15) were living in a place where they and
their spouse paid all of the rent. Eight of the market-rate movers said they lived at a place
where they/their spouse paid some of the rent, and two respondents said they were not
paying any rent where they were staying.3
Table 5. Whether Respondents Moved to Market-Rate Housing, by Wave 2 and
Wave 3
Wave 2
Wave 3
1
(N=371)
(N=254)2
N
%
N
%
40
10.7%
26
10.2%
Entered Market
331
89.3%
228
89.8%
Did not enter
Market
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
1
This calculation only included those respondents who were included in Model 1, the regression model
predicting moves to market-rate housing at Wave 2.
2
This calculation only included those respondents who were included in Model 2, the regression model
predicting moves to market-rate housing at Wave 3. Thus, those who moved to market by Wave 2 were
excluded.

3

These three market-rate housing categories sum to 25, not 26, due to rounding.
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Neighborhood Mobility Intentions
In addition to measuring movement behavior through the above construct, this
study explored mobility plans and desires. A primary motivation for studying mobility
intentions, as well as actual movement, was recommendations by Chicago housing
providers. These providers sought information about residents’ perceptions about their
neighborhoods and whether they wished to remain. Further, these housing providers
asserted that the housing first tenets of consumer choice and input in housing unit and
neighborhoods are important, and recommended exploring residents’ attitudes about
remaining in their respective communities. To carry out these analyses, I measured
neighborhood mobility intentions through one variable at Wave 2 and one variable at
Wave 3, respectively. I constructed these dependent variables through a pair of survey
items through which the respondent indicated whether they wished to move from their
current neighborhood and whether they planned to move their neighborhood. These two
items, which have been included in other studies of mobility intentions (Oh 2003; Rossi
1955; Speare 1974), are the following: “Do you have any wish to move from this
neighborhood within the next year?” and “Do you have any plans to move from this
neighborhood within the next year?” The dependent variables utilized for these analyses
are comprised of three categories: 1) both wish and plan to move, 2) either wish or plan
to move,4, 5 and 3) do not wish or plan to move, which is the reference category in these
analyses.

4

I combined into one category both those who 1) wish to move, but have no plans with those who 2) plan
to leave their neighborhood, but do not wish to because there were not enough cases to split them into two
separate categories of the dependent variable.
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While the level of actual movement was limited, intentions to move from
residents’ neighborhoods were much more prevalent. Among this sub-sample – at both
follow-up waves – the majority of people expressed intentions to leave their
neighborhood, with about one-third reporting to have both desires and plans to move at
each respective wave (Table 6).
Table 6. Neighborhood Mobility Intentions at Wave 2 and Wave 3
Wave 2
Wave 3
(N=260)1
(N=246)2
N
%
N
%
98
37.6%
70
28.7%
Both Wishes and
Plans to Move from
Neighborhood
60
23.3%
79
32.3%
Either Wishes or
Plans to Move from
Neighborhood
101
39.1%
96
39.0%
Does Not Wish or
Plan to Move from
Neighborhood
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
1
This calculation only included those respondents included in Model 3, the regression model predicting
mobility intentions at Wave 2.
2
This calculation only included those respondents included in Model 4, the regression model predicting
mobility intentions at Wave 3. Those that left their baseline program by Wave 3 were excluded.

Independent Variables
I utilized four main sets of independent variables to predict mobility patterns
among the sub-set of survey respondents.

5

The category either wishes or plans to move largely represents respondents who want to leave their
neighborhoods, but have no relocation plans in place. Among the 68 respondents who either wish or plan to
move from their neighborhood at Wave 2, nearly all (N=59, 86.8%) reported that they wished to move
from their neighborhood, but said they do not have any set plans. Likewise, at Wave 3, among the 83
individuals who either wished or planned to move from their neighborhood, 87.8% (N=73) expressed
desire to move, but lacked concrete plans.
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Neighborhood Quality Evaluation Scale
The Neighborhood Quality Evaluation Scale (Roosa, Deng, Ryu, Burrell, Tein, et
al. 2005) is comprised of nine items measured on a 4-point rating system where 1 equals
“strongly disagree” and 4 equals “strongly agree.” Respondents were asked to rate their
neighborhood based on nine indicators of safety and physical characteristics:
1. This neighborhood is safe for children during the daytime.
2. This neighborhood is safe for children during the nighttime.
3. It is safe in this neighborhood.
4. I do not feel safe walking to the school, park, or store, in this neighborhood.
5. This neighborhood is clean and attractive.
6. This neighborhood is noisy.
7. I think that this neighborhood is a good place to live.
8. There are lots of run down homes in this neighborhood.
9. People in this neighborhood take good care of their homes and property.
I reverse-coded items 4, 6, and 8. These items were included in all three survey waves.
The Cronbach’s alpha was strong for each of the three survey waves (Wave 1= .82, Wave
2 = .88, and Wave 3 = .89). These are consistent with Roosa et al. (2005), which obtained
a Cronbach’s alpha rating of .89. The summated scale ranges from 9-36, with a higher
score indicating increased neighborhood quality. Among this sub-sample, the mean
neighborhood quality rating was 24.30 (st. dev = 6.9) at Wave 1, 25.11 (st. dev. = 6.66) at
Wave 2, and 25.27 (st. dev. = 6.70) at Wave 3 (see Table 7).
Neighborhood Satisfaction
Neighborhood satisfaction is a one-item construct derived from Ringel and
Finkelstein (1991), phrased, “All things considered, how satisfied or dissatisfied are you
with this neighborhood as a place to live?” Respondents rated this item on a 5-point scale
ranging from 1 “completely dissatisfied” to 5 “completely satisfied.” This measure was
included in the Waves 2 and 3 surveys. The mean neighborhood satisfaction score at
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Wave 2 was 3.55 (st. dev. = 1.25) and similarly, 3.44 (st. dev. = 1.23) at Wave 3 (see
Table 7).
Access to Family/Friends
The Wave 2 and Wave 3 client survey instruments included two items to measure
respondents’ level of access to their family and friends in reference to their current
neighborhoods. Respondents rated the items: “Living in this neighborhood, it is easy for
me to visit friends,” and “Living in this neighborhood, it is easy for me to visit family,”
on a 5-point Likert scale where 1 equals “strongly disagree and 5 equals “strongly agree.”
Results from tests of multicollinearity and other numeric problems prompted my
decision to sum together the individual Access items into the composite Family/Friend
Access scale. Multicollinearity tests produced a VIF score of 2.8 and a Tolerance score
of .36 for the individual Access to Family item. A VIF score above 2.5 and Tolerance
score under .40 suggests high correlation between this item and one more other predictors
in the model (Allison 1999). In addition to this potential multicollinearity, results from
initial regression models containing both individual Access items showed inflated odds
ratio and confidence interval for the Access to Family item.6 Given these numeric
problems, I summed the pair of access items into one composite item with a 10-point
scale which indicates the level of access to family/friends. A higher score indicates
greater access to family/friends. The mean access to family and friends score was 7.25
(st. dev. = 2.86) at Wave 2, and similarly, 7.37 (st. dev. = 2.62) at Wave 3 (see Table 7).

O’Brien (2007) argued that rules of thumb are often incorrectly applied and VIF and Tolerance values
need to be evaluated in the context of other characteristics that influence the variance of the regression
coefficients (e.g. confidence intervals).
6
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Table 7. Neighborhood Mobility Intentions at Wave 2 and Wave 3
Wave 21
Wave 32
St.
N
Mean
Dev.
N
Mean
300
25.11
6.66
263
25.27
Neighborhood Quality Scale

St.
Dev.
6.70

Neighborhood Satisfaction

327

3.55

1.25

271

3.44

1.23

Access to Family/Friends

316

7.25

2.86

264

7.37

2.62

Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
1
Those that left their baseline program between Waves 1 and 2 were excluded from this calculation.
2
Those that left their baseline program between Waves 1 and 2 or Waves 2 and 3 were excluded.

Region of Chicago
In line with other mobility studies which include both objective (e.g. census data)
and subjective/self-report neighborhood measures (Lee et al. 1994; South and Deane
1993), I created a set of Region of Chicago indicators in order to situate results about
mobility into a geographic location. The region of Chicago items represent the area of the
city at which respondents resided at the time of their baseline interview. These items are
dichotomous variables in which a 1 indicates “yes, lived in that region at baseline” and 0
indicates “no, did not live in that region at baseline.” The data for these items were not
collected through the longitudinal client survey. Instead, this geographic information was
collected during the sampling and recruitment processes of the longitudinal client survey.
The city of Chicago is divided into nine regions: 1) Far North Side, 2) North Side,
3) Northwest Side, 4) Central, 5) South Side, 6) Far Southeast Side, 7) Southwest Side, 8)
Far Southwest Side, and 9) West Side. I examined 2010 U.S. Census data documenting
the median household income and racial/ethnic characteristics for the 77 Community
Areas comprised within each of the nine regions in order to combine particular regions
that, on average, were comparable in their racial/ethnic and economic characteristics, and
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located in close proximity to each other.

78

Based on these criteria, I grouped together

select regions to form the following three combined geographic categories: South/Far
Southeast Side, Southwest/Far Southwest Side,9 and North/Far North Side.
The region of Chicago items included in the analyses are: 1) Southwest/Far
Southwest Side, 2) North/Far North Side, 3) Central, 4) West Side, and 5) South/Far
Southeast Side (see Figure 1 for Chicago Community Area map). The Northwest Side
was excluded from the analyses because no respondents resided there at baseline. The
South/Far Southeast Side is the reference category in these analyses. Among the subset of
the client sample included in these analyses, 24.4% of respondents resided on the
South/Far Southeast Side at baseline. With the exception of the West Side, which was
home to 25.6% of this subset of the sample, the largest proportion of the sample subset
resided on the South/Far Southeast Side. The South/Far Southeast Side is a quite
racially/ethnically homogeneous area, with African-Americans representing 72.5% of the
population.10 The remaining quarter of the population is 8.7% white, 10.9% Hispanic,

7

2010 U.S. Census data for Chicago Community Areas were compiled by Rob Paral and Associates
http://www.robparal.com/ChicagoCommunityAreaData.html.
8

I calculated an average percentage of whites, African-Americans, Hispanics, and individuals representing
“Other” race/ethnic backgrounds for each of the nine Chicago region categories, based on the race and
ethnic characteristics for each of the Community Areas comprised in each Chicago region. I calculated an
average median household income for each Chicago region, based on the median household income for
each Community Area located in a particular region.
9

It was necessary to combine the Far Southwest Side with another category because only seven individuals
(1.5% of survey sup-sample) resided in that area at baseline. In terms of demographic characteristics, the
Far Southwest is dissimilar to regions in Chicago’s West and South sides. I elected to combine the Far
Southwest Side with the Southwest Side as they are located in close proximity. However, the Southwest
Side and Far Southwest Side are more dissimilar than the other regions combined together. For example,
Hispanics represent an average of 42.6% of residents of Chicago’s Southwest Side, but only an average of
4.9% of those on the Far Southwest Side. In addition, African-Americans represent a majority (54.3%) of
those on the Far Southwest Side; in contrast, only about one-fourth (25.7%) of Southwest Side residents are
African-American.
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9.8% Asian, and 2.0% are individuals of 2 other race/ethnic backgrounds (U.S. Census
Bureau, 2010). I did not select the West Side as the reference category because this
region is less racially/ethnically homogeneous, with African-Americans representing just
over half (51.1%) of residents and Hispanics comprising just under one-third (30.8%).
Figure 1. Map of Chicago’s 77 Community Areas

Source: http://en.wikipedia.org/wiki/File:Chicago_community_areas_map.svg.

Respondents were most likely to be residing on Chicago’s West Side (25.6%) or
South/Far Southeast Side (24.4%) at baseline (Table 8). Less than 20% of the survey
subset resided in Chicago’s Central area, North/Far North Side, and Southwest/Far
Southwest Side at the Wave 1 survey. Table 8 demonstrates that the largest proportion of
the survey subset resided on the South/Far Southeast Side at both Waves 2 and 3. By

10

I calculated race and ethnicity averages for the combined Chicago region categories, based on the
average levels of the two separate Chicago region categories.
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Wave 3, those residing on the North/Far North Side represented the second largest
region.
Table 8. Region of Chicago Where Respondents Resided at Wave 1
Wave 1
Wave 2
Wave 3
1
2
(N=502)
(N=332)
(N=271)3
N
%
N
%
N
%
129
25.6%
67
20.1%
50
18.4%
West Side
92
18.4%
61
18.4%
38
13.9%
Central
89
17.6%
67
20.1%
64
23.5%
North/Far North
Side
70
14.0%
50
15.0%
48
17.5%
Southwest/ Far
Southwest Side
122
24.4%
88
26.3%
73
26.7%
South/Far
Southeast Side
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
1
Region of Chicago data are missing for 10 cases. I could not identify the address of four individuals who
resided in scattered-site, permanent-supportive housing units. These four individuals represent 10 cases in
the subset of the sample due to weighting.
2
Those that left their baseline program between Waves 1 and 2 were excluded from this calculation.
3
Those that left their baseline program between Waves 1 and 2 or Waves 2 and 3 were excluded.

Table 9 documents the racial/ethnic and income characteristics of the regions of
Chicago. The West Side and South/Far Southeast Sides, which were home to the largest
proportion of respondents (see Table 9), have lower median household incomes than the
city of Chicago overall. Likewise, in both regions, the proportion of residents who are
African-American is much larger than the proportion of the city. In the South/Far
Southeast Side, African-Americans represent nearly three-fourths (72.6%) of residents,
compared to the city of Chicago, in which African-Americans represent 32.9% of
residents. The North Side and Central area are racially/ethnically diverse but are majority
white and have a higher median household income than the city of Chicago.
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Table 9. Racial and Ethnic Characteristics and Median Household Income of
Regions of Chicago1
White
Black Hispanic Asian
Other A Median
(non%
%
%
%
HouseHispanic)
hold
%2
Income3
14.40
51.12
30.86
2.35
1.27
36,326
West Side
60.96
16.82
5.81
13.83
2.59
76,803
Central
North/Far
60.77
5.59
23.46
7.84
2.51
60,921
North Side
Southwest/ Far
34.15
40.03
23.76
1.07
1.19
50,489
Southwest Side
South/Far
8.72
72.57
10.92
5.91
2.00
33,127
Southeast Side
31.7
32.9
28.9
5.5
0.5
46,877
City of Chicago4
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
1
Data are not reported for the Northwest Side because no respondents resided in that region at the baseline
survey.
2
Rob Paral and Associates: Race by Latino Origin, Chicago Community Areas: U.S. Census Bureau 2010.
https://docs.google.com/spreadsheet/ccc?key=0AtvdVdII0XSCdFllWVg0UEhjWU42cGdfOVFBUzZnY2c
#gid=4.
3
Rob Paral and Associates: Median Household Income in Chicago Community Areas 2006-2010.
https://www.google.com/fusiontables/DataSource?docid=1DZWxPHHoRTVAs8Gnqz3y7xvGnuKYlbm2C
uf5Scw#rows:id=1.
4
U.S. Census Bureau: State and County QuickFacts: 2010. Data derived from Population Estimates,
American Community Survey. http://quickfacts.census.gov/qfd/states/17/1714000.html.

Control Variables
In addition to the above predictor variables, I included a series of control variables
representing personal characteristics which may impact mobility outcomes.11
Respondents’ baseline program type was controlled (Permanent Supportive Housing = 1,
Interim Housing/Emergency shelter = 0).12 13 Items representing demographic

11

Similar to a number of other residential mobility studies in which mobility intention items were included
as controls when predicting actual mobility outcomes (Speare, 1974; Landale and Guest, 1985; Michelson,
1977; Lee et al 1994; Kearns and Parkes 2003), I tested a version of the binary logistic model predicting
leaving baseline program at Wave 3, including Wave 2 mobility intention items as controls (two dummy
items – Plan to Move; Wish to Move). In brief, the regression results suggested that Plan to Move at Wave
2 was a significant predictor of actual movement at Wave 3, however, this item had an inflated odds ratio
and confidence interval for the odds ratio. I did not include this pair of dummy items in the final model
because the inflated odds ratio and CI suggest that the Plan to Move item is not a useful predictor.
12

Respondents housed in an Emergency shelter were only included in the regression models predicting
market-rate housing outcomes and program exits at Wave 2. Models predicting moves to market and
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characteristics were also controlled; these include: race/ethnicity (African-American =
14

1, Not African-American = 0), age (in years), family status (residing in family homeless
program at baseline = 1, residing in single adult program at baseline = 0). I also examined
the impact of a number of items representing constraints and resources, akin to other
mobility studies (Landale and Guest 1985; Lu 1999). These measures include:
employment status (employed at Waves 1/2/3 = 1, not employed = 0), level of education
(less than a high school diploma/GED = 1, greater than a high school diploma/GED = 0),
respondent’s felony conviction status (conviction prior to baseline = 1, no conviction
prior to baseline), and psychological health status (treated for a psychological or
emotional health problem in a hospital prior to baseline = 1, not hospitalized = 0). The
receipt of income sources was also controlled: Supplemental Security Income (SSI)
(Receipt of SSI = 1, not receive SSI =0) and Temporary Assistance for Needy Families
(TANF) (Receipt of TANF =1, does not receive TANF = 0).
Respondents’ score on an 8-item personal social support scale was also
controlled. This scale was adapted from the Norbeck social support questionnaire
(Norbeck and Carrieri 1981) and prompts respondents to indicate the likelihood that they
could rely on their friends and family members for help in particular circumstances. For
example, respondents were asked to indicate “Would any of these individuals be
available to help to take care of you if you were confined to bed for several weeks?” The
8 items were rated on a 5-point Likert scale ranging from 1 “definitely not” to 5
program exits at Wave 3, and mobility intentions at Waves 2 and 3 excluded those residing in a shelter at
baseline.
13

See Table 2 for frequencies of baseline program type for the survey sample subset.

14

See Table 4 for participant characteristics for the sample subset.
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“definitely yes” and were summed into a scale ranging from 8 – 40, with higher scores
indicating greater personal social support. The alpha reliability of the scale for this subsample is at least .91 for all three survey waves. Among this sub-sample, the mean score
on the personal support scale was 30.17 at Wave 1 (s.d. 9.50), 30.88 at Wave 2 (s.d.
=9.48), and 30.28 at Wave 3 (s.d. = 9.38).
Descriptive Statistics
The following section presents results from bivariate analyses including
crosstabulations, T-tests, and ANOVA tests which demonstrate the association between
mobility outcomes and the neighborhood, region of Chicago predictors, and controls.
Respondent Characteristics by Market-Rate Housing Outcomes at Wave 2
The association between Wave 2 market-rate housing status and the predictors
and controls examined through this study are reported in Table 10 and discussed below.
Demographic and program characteristics. Wave 2 market-rate housing
outcomes vary significantly based on multiple characteristics. Among those who moved
to market housing by Wave 2, a larger proportion resided in Interim (29.6%) compared to
Permanent (5.5%) housing at baseline. Those who moved to market by Wave 2 (age
38.31) were much younger than those who remained (45.18 years old). Likewise, those
residing in a family program (26.8%) at baseline were more likely to move to market
housing by Wave 2, compared to 6.2% of those residing in a single adult program.
Constraints and resources. Those with a felony conviction (7.1%) were less likely
to move to market by Wave 2, compared to those without (13.0%). Those hospitalized for
a psychological problem (6.7%) were less likely to move to market by Wave 2, compared
to those not hospitalized (14.0%). SSI recipients (2.7%) were less likely to enter market
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housing by Wave 2, compared to non-recipients (12.8%). Nearly all the SSI recipients
were housed in Permanent Supportive Housing, which possibly contributes to the
minimal movement among these respondents. This is congruent with previous analyses of
the full sample of the client survey data (Sosin et al. 2011). In contrast, TANF recipients
(20.0%) were more likely to move to market, relative to non-recipients (9.8%). The
employed (16.5%) are more likely to move to market, relative to the unemployed (8.9%)
Region of Chicago. Location of the city shaped Wave 2 market-rate housing
outcomes. Those residing on the South/Far Southeast Side (17.0%) were more likely to
move to market by Wave 2, compared to those in all other regions (8.6%). In contrast,
those residing in Chicago’s Central area (1.6%) were less likely to move to market,
relative to all else (12.6%).
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Table 10. Characteristics at Baseline by Market-Rate Housing Outcomes at
Wave 2
% Not in
% in
Market at Market at
Wave 2
Wave 2
(N=331)
(N=40)
N
Program and Demographic Characteristics
94.5%
5.5%
290
Permanent Supportive Housing ***
70.4%
29.6%
81
Not Permanent Supportive Housing
45.18
38.31
371
Mean Age ***
89.1%
10.1%
313
African American
89.7%
10.3%
58
Non-Hispanic White or Hispanic
73.2%
26.8%
82
Homeless with Family ***
93.8%
6.2%
289
Unaccompanied Single Adult
Constraints and Resources
89.9%
10.1%
109
Less than High School
89.0%
11.0%
263
Greater than High School
92.9%
7.1%
140
Had Felony +
87.0%
13.0%
231
Without a Felony
93.3%
6.7%
164
Been in Any Psych Hospital in Lifetime *
86.0%
14.0%
207
No Psych Hospitalization
97.3%
2.7%
75
Receives SSI *
87.2%
12.8%
296
Does NOT Receive SSI
80.0%
20.0%
35
Receives TANF +
90.2%
9.8%
336
Does NOT Receive TANF
83.5%
16.5%
91
Currently Employed *
91.1%
8.9%
281
Not Currently Employed
31.10
31.10
366
Mean Personal Support Scale Rating (Max
score is 40)
Region of Chicago Reside at Baseline
93.3%
6.7%
60
Residing on Southwest/Far Southwest Side
88.5%
11.5%
312
Not Residing on Southwest/Far SW Side
93.8%
6.2%
65
Residing on North/Far North Side
88.3%
11.7%
307
Not Residing on North/Far North Side
83.0 %
17.0%
94
Residing on South/Far Southeast Side *
91.4%
8.6%
278
Not Residing on South/Far Southeast Side
98.4%
1.6%
61
Residing in Chicago’s Central area *
87.4%
12.6%
310
Not Residing in Chicago’s Central area
84.6%
15.4%
91
Residing on West Side
90.7%
9.3%
280
Not Residing on West Side
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001
Chi-square and T-Test significance tests are indicated for row characteristics x column program mobility.
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Respondent Characteristics by Market-Rate Housing Outcomes at Wave 3
The relationship between Wave 3 market-rate housing status and the predictors
and controls examined through this study are reported in Table 11 and discussed below.
Demographic and program characteristics. Among those who entered market
housing between Waves 2 and 3, a much larger proportion started in Interim (28.6%)
compared to Permanent (8.6%). Those who moved to market (age 41.52) were, on
average, younger than those who remained in their baseline program (age 45.94).
African-Americans (12.0%) were more likely to move to market, compared to 2.2% of
non-blacks. Those residing in a family program (19.1%) at baseline were more likely to
move to market, relative to 7.8% of those residing in a single program.
Constraints and resources. Those with at least a high school diploma (12.8%)
were more likely to move to market, compared to those with less than a diploma (3.0%).
Nearly 5% of those with a psychological hospitalization moved to market between Waves
2 and 3, compared to 14.9% of those without such hospitalization. Likewise, SSI
recipients (3.5%) were less likely to move to market housing compared to those without
this income source (13.7%). Finally, those who moved to market (mean of 34.65)
reported, on average, higher levels of personal support from family and friends,
compared to those who did not move to market by Wave 3 (mean of 30.23).
Neighborhood perceptions. Access to family and friends was the only
neighborhood characteristic which significantly impacted Wave 3 market-rate outcomes.
Surprisingly, those who moved to market between Waves 2 and 3 had a higher mean
access to family/friends rating (mean of 8.02), relative to those who remained in their
program (mean of 6.91).
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Region of Chicago. With the exception of those residing on the North/Far North
Side, location did not greatly impact Wave 3 market-rate housing outcomes. A smaller
proportion of those residing on Chicago’s North Side (3.3%) moved to market between
Waves 2 and 3, in comparison to those residing in all other regions (12.4%).
Table 11. Characteristics at Baseline1 by Market-Rate Housing Outcomes at
Wave 3
% Not in
%
Market
Entered
Rate at
Market
Wave 3
at Wave
(N=228)
3 (N=26)
N
Program and Demographic Characteristics
91.4%
8.6%
233
Permanent Supportive Housing **
71.4%
28.6%
21
Not Permanent Supportive Housing
45.94
41.52
254
Mean Age *
88.0%
12.0%
209
African American +
97.8%
2.2%
45
Non-Hispanic White or Hispanic
80.9%
19.1%
47
Homeless with Family *
92.2%
7.8%
206
Unaccompanied Single Adult
Constraints and Resources
97.0%
3.0%
67
Less than High School *
87.2%
12.8%
187
Greater than High School
91.8%
8.2%
110
Had Felony
88.2%
11.8%
144
Without a Felony
95.6%
4.4%
113
Been in Psych Hospital in Lifetime**
85.1%
14.9%
141
No Psych Hospitalization
96.5%
3.5%
86
Receives SSI at Wave 2 *
86.3%
13.7%
168
Does NOT receive SSI at Wave 2
83.7%
16.3%
49
Currently Employed at Wave 2
91.3%
8.7%
206
Not Currently Employed at Wave 2
30.23
34.65
254
Mean Personal Support Scale Rating at
Wave 2 (Max score is 40) **
Neighborhood Perceptions
24.95
26.30
254
Mean Neighborhood Quality Scale
Rating at Wave 2 (Max score is 36)
89.7%
10.3%
146
High Neighborhood Satisfaction Rating
at Wave 2 (rated 4 or 5 on scale of 1-5)
89.6%
10.4%
48
Low Neighborhood Satisfaction Rating
at Wave 2 (rated 1 or 2 on scale of 1-5)
6.81
8.02
254
Mean Accessibility to Friends and
Family at Wave 2 (Max score is 10) *
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Table 11 Cont. Characteristics at Baseline by Market-Rate Housing Outcomes at
Wave 3
% Not in
% Entered
N
Market at
Market at
Wave 3
Wave 3
(N=228)
(N=26)
Region of Chicago Reside at Baseline
92.3%
7.7%
26
Residing on Southwest/Far Southwest
Side
89.5%
10.5%
228
Not Residing on Southwest/Far SW Side
96.7%
3.3%
60
Residing on North/Far North Side *
87.6%
12.4%
194
Not Residing on North/Far North Side
85.5%
14.5%
69
Residing on South/Far Southeast Side
Not Residing on South/Far Southeast
91.4%
8.6%
185
Side
87.8%
12.2%
41
Residing in Chicago’s Central area
90.1%
9.9%
213
Not Residing in Chicago’s Central area
89.5%
10.5%
57
Residing on West Side
89.8%
10.2%
197
Not Residing on West Side
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001
Chi-square and T-Test significance tests are indicated for row characteristics x column program mobility.
1
Select data representing characteristics and experiences were collected at Wave 2; these items are denoted
in the first column of this table.

Respondent Characteristics and Neighborhood Mobility Intentions at Wave 2
Select respondent characteristics based on neighborhood mobility intentions at
Wave 2, are reported in Table 12 and discussed below.
Demographic and program characteristics. Wave 2 neighborhood mobility
intention outcomes vary based on several program and demographic characteristics.
Those residing in a Permanent program were more likely to not wish or plan to move
(41.4%) compared to those in Interim (13.6%). A much smaller proportion of those in a
family program at baseline reported to not wish or plan to move at Wave 2 (10.6%),
compared to those in a single program (45.3%).
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Constraints and resources. Those without a high school diploma (47.7%) and
those who have been hospitalized for a psychological problem (49.6%) were more likely
to not wish or plan to move. A substantially larger proportion of those with a felony
(47.7%) did not wish or plan to move relative to those without a felony conviction
(36.6%). In addition, the mean level of personal support was greater among those who
both wish and plan to move (32.34), relative to those who either wish or plan to move
(28.49) and do not wish to move (29.31).
Neighborhood perceptions. Results demonstrate significant relationships between
neighborhood characteristics and neighborhood mobility intentions. Those who do not
wish or plan to move at Wave 2 had a much higher mean level of access to family/friends
(8.37), relative to those who either wish or plan to move (5.91) and those who both wish
and plan to move (6.12). Likewise, reported neighborhood quality rating was greater for
those who do not wish or plan to move (27.41) compared to those who either wish or plan
(27.73) and both wish and plan to move (23.57). In addition, among those who do not
wish or plan to move, a much greater proportion reported high neighborhood satisfaction
(56.6%), compared to low neighborhood satisfaction (6.1%).
Region of Chicago. Lastly, Wave 2 neighborhood mobility intention outcomes
vary for those residing in the South/Far Southeast Side. Only about 22% of those residing
in this area expressed intentions to continue living in their neighborhood. In comparison,
among those not residing in that area, about 45% intended to remain in their
neighborhoods.
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Table 12. Characteristics at Baseline/Wave 2 by Mobility Intentions at Wave
% Both
%
% Do
Wish &
Either
Not
Plan to Wish or Wish or
Move at Plan to
Plan to
Wave 2 Move at Move at
(N=98)
Wave 2
Wave 2
(N=60)
(N=101)
N
Program and Demographic Characteristics
35.1%
23.4%
41.4%
239
Permanent Supportive Housing *
63.6%
22.7%
13.6%
22
Not Permanent Supportive Housing
44.27
46.69
46.34
259
Mean Age
40.2%
23.4%
36.4%
214
African American
26.1%
21.7%
52.2%
46
Not African-American
55.3%
34.0%
10.6%
47
Homeless with Family ***
33.5%
21.2%
45.3%
212
Unaccompanied Single Adult
Constraints and Resources
41.5%
10.8%
47.7%
65
Less than High School *
36.1%
27.3%
36.6%
194
Greater than High School
37.4%
20.6%
42.1%
107
Had Felony
38.2%
25.0%
36.8%
152
Without a Felony
30.6%
19.8%
49.6%
121
Been in Any Psych Hospital in
Lifetime**
43.5%
26.8%
29.7%
138
No Psych Hospitalization
39.1%
19.5%
41.1%
87
Receives SSI at Wave 2
37.0%
24.9%
38.2%
173
Does NOT receive SSI at Wave 2
40.0%
24.0%
36.0%
50
Currently Employed at Wave 2
37.3%
23.0%
39.7%
209
Not Currently Employed at Wave 2
32.34
28.49
29.31
259
Mean Personal Support Scale Rating at
Wave 2(Max score is 40) *
Neighborhood Perceptions
23.57
23.73
27.41
259
Mean Neighborhood Quality Scale
Rating at Wave 2 (Max score is 36) ***
27.6%
15.8%
56.6%
152
High Neighborhood Satisfaction Rating
at Wave 2 (rated 4 or 5 on scale of 1-5)
49
***
61.2%
32.7%
6.1%
Low Neighborhood Satisfaction Rating
at Wave 2 (rated 1 or 2 on scale of 1-5)
6.12
5.91
8.37
259
Mean Accessibility to Friends and
Family at Wave 2 (Max score is 10) ***
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Table 12 Cont. Characteristics at Baseline/Wave 2 by Mobility Intentions at Wave
21
% Both
%
% Do
Wish &
Either
Not
Plan to Wish or Wish or
Move at Plan to
Plan to
Wave 2 Move at Move at
(N=98)
Wave 2
Wave 2
(N=60)
(N=101)
N
Region of Chicago Reside at Baseline
25.0%
16.7%
58.3%
24
Residing on Southwest/Far Southwest
Side
38.7%
24.3%
37.0%
235
Not Residing on Southwest/Far SW
Side
28.3%
21.7%
50.0%
60
Residing on North Side
40.0%
24.0%
36.0%
200
Not Residing on North Side
36.6%
40.8%
22.5%
71
Residing on South/Far Southeast Side
***
37.8%
17.0%
45.2%
188
Not Residing on South/Far SE Side
44.4%
11.1%
44.4%
45
Residing in Chicago’s Central area
36.4%
25.7%
37.9%
214
Not Residing in Central area
47.5%
16.9%
35.6%
59
Residing on West Side
34.8%
25.4%
39.8%
201
Not Residing on West Side
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001
1
Those that left their baseline program between Waves 1 and 2 were excluded from this analysis.
Receipt of TANF income at Wave 2 was excluded from this analysis because of extremely narrow
distribution, which contributed to extremely inflated b coefficient, standard error and odds ratio statistics,
and other numeric problems when this item was included in the Model 4 regression model.
Chi-square and ANOVA significance tests are indicated for row characteristics x column neighborhood
mobility intentions.

Characteristics and Neighborhood Mobility Intention Outcomes at Wave 3
The impact of the predictors and controls on Wave 3 neighborhood mobility
intention outcomes are reported in Table 13 and discussed below.
Demographic characteristics. Neighborhood mobility outcomes at Wave 3 vary
significantly based on multiple demographic characteristics. The mean age of those who
both wish and plan to move (40.31) was significantly lower than those who either wish or
plan to move (45.78) and do not wish or plan to move (48.51). A much larger proportion
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of those in a family program at baseline reported to both wish and plan to move from
their neighborhoods at Wave 3 (61.4%), compared to those in single programs (21.8%).
Constraints and resources. A substantially larger proportion of those with a
felony (47.1%) did not wish or plan to move, relative to those without a conviction
(33.3%). Nearly 20% of those with a psychological hospitalization both wish and plan to
move at Wave 3, while nearly twice as many (38.7%) of those without a hospitalization
both desire and plan to move at Wave 3. Likewise, SSI recipients were less likely to
express mobility intentions at Wave 3 (more than half of SSI recipients do not wish or
plan to move, compared to about one-third of non-recipients). Similarly, the employed
were more likely to report mobility intentions – 17.9% of those currently employed do
not wish or plan to move, relative to 43.0% of those not employed. In addition, the mean
level of personal social support was greater among those who either wish or plan to move
(32.52) relative to those both wish and plan to move (28.69) and do not wish to move
(28.38).
Neighborhood perceptions. Those who both wish and plan to move at Wave 3 had
a lower mean level of access to family/friends (5.71), relative to those who either wish or
plan to move (7.14) and those who do not wish or plan to move (8.66). Reported
neighborhood quality was greater for those who do not wish or plan to move (28.26)
compared to those who either wish or plan (24.40) and both wish and plan to move
(22.74). Likewise, among those who do not wish or plan to move, a greater proportion
reported high neighborhood satisfaction (53.0%), compared to low satisfaction (17.4%).
Region of Chicago. Lastly, neighborhood mobility intention outcomes vary based
on region of Chicago. More than half of those residing on the North Side did not wish or
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plan to move at Wave 3, compared to one-third of those residing in all other regions.
Those on the Southwest/Far Southwest Side were more likely to either wish or plan to
move at Wave 3 (65.9%), relative to 24.9% of those who reside in all other regions.
Nearly half of those residing on the South/ Far Southeast Side expressed both desires and
plans to move (47.0%), compared to 22.2% of those residing in all other regions.
Table 13. Characteristics at Baseline/Wave 3 by Mobility Intentions at Wave 31
% Both
%
% Do
Wish &
Either
Not
Plan to Wish or Wish or
Move at Plan to
Plan to
Wave 3 Move at Move at
(N=70)
Wave 3
Wave 3
(N=79)
(N=96)
N
Program and Demographic Characteristics
27.7%
33.2%
39.1%
235
Permanent Supportive Housing
55.6%
11.1%
33.3%
9
NOT Permanent Supportive Housing
40.31
45.78
48.51
245
Mean Age ***
27.7%
33.2%
39.1%
202
African American
32.6%
27.9%
39.5%
43
Not African-American
61.4%
13.6%
25.0%
44
Homeless with Family ***
21.8%
36.1%
42.1%
202
Unaccompanied Single Adult
Constraints and Resources
31.2%
32.5%
36.2%
80
Less than High School
27.7%
31.9%
40.4%
166
Greater than High School
22.5%
30.4%
47.1%
102
Had Felony +
33.3%
33.3%
33.3%
144
Without a Felony
19.0%
37.3%
43.7%
126
Been in Any Psych Hospital in
Lifetime**
38.7%
26.9%
34.5%
119
No Psych Hospitalization
25.3%
22.8%
51.9%
79
Receives SSI at Wave 3 *
30.1%
36.7%
33.1%
166
Does NOT receive at Wave 3 SSI
33.3%
48.7%
17.9%
39
Currently Employed at Wave 3 **
28.0%
29.0%
43.0%
207
Not Currently Employed at Wave 3
28.69
32.52
28.38
245
Mean Personal Support Scale Rating at
Wave 2(Max score is 40) *
Neighborhood Perceptions
22.74
24.40
28.26
245
Mean Neighborhood Quality Scale
Rating at Wave 3 (Max score is 36) ***

78
Table 13 Cont. Characteristics at Baseline/Wave 3 by Mobility Intentions at Wave
31
% Both
% Either
% Do
Wish &
Wish or
Not Wish
Plan to
Plan to
or Plan to
Move at
Move at
Move at
Wave 3
Wave 3
Wave 3
(N=70)
(N=79)
(N=96)
N
25.2%
21.7%
53.0%
115
High Neighborhood Satisfaction at
Wave 3 (4 or 5 on 1-5 scale) ***
Low Neighborhood Satisfaction Rating
50.0%
32.6%
17.4%
46
at Wave 3 (rated 1 or 2 on scale of 1-5)
5.71
7.14
8.66
245
Mean Accessibility to Friends and
Family at Wave 3 (Max score is 10)***
Region of Chicago Reside at Baseline
4.5%
65.9%
29.5%
44
Residing on Southwest/Far Southwest
33.8%
24.9%
41.3%
201
Side ***
Not Residing on Southwest/Far SW
Side
31.1%
14.8%
54.1%
61
Residing on North/Far North Side **
27.7%
38.6%
33.7%
184
Not Residing on North Side
47.0%
21.2%
31.8%
66
Residing on South/Far Southeast Side
**
22.2%
36.1%
41.7%
180
Not Residing on South/Far Southeast
Side
21.6%
37.8%
40.5%
37
Residing in Chicago’s Central area
29.7%
31.6%
38.8%
209
Not Residing in Central area
27.8%
36.1%
36.1%
36
Residing on West Side
28.7%
31.6%
39.7%
209
Not Residing on West Side
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001
1
Those that left their baseline program between Waves 1 and 2 or Waves 2 and 3 were excluded from this
analysis.
Receipt of TANF income at Wave 3 was excluded from this analysis because of extremely narrow
distribution and very large odds ratio and confidence interval for the Exp(B) when included in the Model 4
regression model.
Chi-square and ANOVA significance tests are indicated for row characteristics x column neighborhood
mobility intentions.

Data Analysis Procedures
I utilized multiple regression procedures to test the hypotheses described
previously. Binary logistic regression and multinomial logistic regression were the
primary statistical procedures I employed in this study.
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Binary Logistic Regression
Similar to other residential mobility studies which utilized binary logistic
regression to examine the impact of neighborhood predictors on actual mobility outcomes
(Kearnes and Parkes 2003; Landale and Guest 1985; Lee et al. 1994) this study used
binary logistic regression modeling to predict mobility behaviors. The binary logistic
regression procedure is used when the dependent variable is dichotomous and predicted
by a set of independent variables or control variables which can be classified as
continuous or categorical (Garson 2012a; Menard 2010).
This study included four models of movement behavior. Model 1 predicted
movement to market-rate housing between Wave 1 and Wave 2. In this model, the
predictor and control variables were entered in two successive groups: control variables
representing demographic characteristics and program type, control variables
representing resources and constraints, and the variables representing the region of
Chicago in which respondents resided.15 SPSS presents statistics including the Omnibus
Tests of Model Coefficients and Improvement in Model Chi-Square statistic which
indicate the degree to which each block of predictors and controls significantly improves
a model’s power in predicting the outcome variable. For this model, the predictor and
control items were drawn from the baseline survey, while information for the dependent
variable was obtained at Wave 2.
Model 2 predicted movement into market-rate housing at Wave 3. Consequently,
15

The items comprised in the Neighborhood Quality Scale were included in the baseline survey instrument,
however the scale is not included in the models predicting Wave 2 mobility outcomes because at baseline,
only respondents housed in a permanent supportive housing program were queried about neighborhood
quality. Thus, the Neighborhood Quality Scale is not included as a baseline predictor variable because
when controlling for program type variable, the Permanent_dummyrecode variable is automatically
removed from the analysis by SPSS because it is a constant.
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this analysis excluded respondents who had already left their baseline program by Wave
2. In the above model, predictor and control variables were entered in four successive
blocks: control items that may impact mobility outcomes; a set of dummy variables
representing the region of Chicago where individuals lived at baseline; the composite
measure of access to family and friends; and lastly, a pair of neighborhood perception
items representing neighborhood satisfaction and neighborhood quality ratings. For this
model predicting Wave 3 market-rate housing outcomes, the predictor and control items
were drawn from either the baseline or Wave 2 surveys, and information for the
dependent variable was obtained at Wave 3.
I did not combine the two follow-up Waves together to predict movement to
market-rate housing at either Wave 2 or Wave 3, due to the limited availability of data for
the main neighborhood predictor variables which guided this study. The neighborhood
satisfaction and access to friends/family indicators were not included in the baseline
interview, thus I am not able to estimate movement at Wave 2 as predicted by these
neighborhood indictors at Wave 1. Likewise, the neighborhood quality item was included
at baseline, but only asked to those housed in Permanent Supportive Housing. Thus,
because binary logistic regression utilizes pairwise deletion (Menard 2010), those cases
with missing data for the neighborhood quality item would have been excluded from a
combined model predicting moves to market-rate housing at either Wave 2 or Wave 3.
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Multinomial Logistic Regression
I used multinomial logistic regression to estimate neighborhood mobility intention
outcomes at Waves 2 and 3.16 The dependent variable is comprised of three categories.
The two categories of interest are: (1) both wishing and planning to move from one’s
neighborhood within the next year; (2) either wishing or planning to move from one’s
neighborhood in the next year. These two outcomes are predicted in relation to the
reference category: do not wish or plan to move from neighborhood within the next year.
SPSS software (Statistical Package for the Social Sciences), which I utilized to
conduct all analyses for this study, does not enable model-building by manually adding
sets of variables in successive blocks in the multinomial logistic regression procedure,
similar to the model-building conducted in logit regression. Therefore, in order to
examine model improvement in explaining mobility intentions as a result of successive
sets of predictors and controls, I conducted four nested multinomial logistic models. The
first block contained control items and the second block added in a set of dummy
variables representing the region of Chicago where individuals lived at baseline. I
introduced an item representing access to family/friends in the third block, and lastly, a
pair of neighborhood perception items to block 4. Each multinomial model estimated the
16

In my original research design I planned to utilize ordinal logistic regression to measure mobility
intention results because the three-category neighborhood mobility intentions dependent variable is ordinal
in nature (Garson, 2012c; Menard, 2010). However, when running initial ordinal logistic regression
models, the Parallel Lines Test produced a significant Chi-Square value. Per Garson (2012c) and Menard
(2010), this test should yield a non-significant Chi-Square, and according to these authors, this is a critical
assumption for ordinal regression. Per Garson (2012a), a violation of this assumption can render the use of
ordinal regression inappropriate. I carried out multiple steps to address the problem, but continued to obtain
the significant Chi-Square value; I thus modified my design to utilize multinomial logistic regression.
Garson (2012c) explained that ordinal regression modeling is the ideal procedure when an
outcome variable is ordinal as this method has “greater statistical power than multinomial logistic
regression,” which is an alternative method for use with multinomial dependent variables (page 6). Further,
Garson (2012c) explained that multinomial logistic regression does not recognize the ordered level of
categories comprised in ordinal variables, “resulting in loss of statistical power” (page 41).
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likelihood of each of the two mobility intention categories relative to the reference
category - do not wish or plan to move. In contrast to the regression models predicting
mobility behavior, the analyses to measure neighborhood mobility intention outcomes
were not structured to be longitudinal in nature. Rather than measuring impacts on
mobility intentions as predicted by predictor data collected at an earlier survey Wave, the
mobility intentions models were designed to measure respondents’ intentions at one
point-in-time as influenced by their present perceptions of their neighborhood and current
region in Chicago. For Model 3, the model predicting Wave 2 neighborhood mobility
intentions, the majority of predictor and control items were drawn from the Wave 2
survey, while information for the dependent variable was also obtained at Wave 2.
(Information for the region of Chicago in which respondents resided and a selection of
control variables were only collected at baseline, thus I utilized Wave 1 data when
necessary.)
Next, in order to measure neighborhood mobility intentions at Wave 3, (Model 4)
I again created four nested multinomial logistic models, which contained the same
variables included in the Wave 2 model. Again, this model was not structured to be
longitudinal; the predictor and control items were drawn from the Wave 3 survey, while
information documenting neighborhood mobility intentions was also obtained at Wave 3.
Note about Sample Size
Recommendations for the ratio of cases to predictors variables vary between 10
cases and 20 cases per predictor variable for multiple regression models (Hosmer and
Lemeshow 2000; Garson 2012a). For this study, I adhered to the less conservative rule of
thumb – at least 10 cases per independent/control variable – because it is conceptually
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useful to include in the regression models both the neighborhood indicators and the items
representing regions of Chicago, in order to control for the impact of the region of
Chicago when examining the impact of the neighborhood indicators, and vice versa.
Furthermore, other multivariate analyses of the full longitudinal client survey sample
utilized a similar ratio of cases per predictor variable threshold (Sosin et al. 2011).
Limitations
A primary limitation of this research is that the neighborhood satisfaction and
access to friends/family indicators were not included in the baseline interview. Thus, this
prevents an examination of the impact of neighborhood characteristics on actual
movement at Wave 2. Among those in the survey sample subset who completed a Wave
2 interview, nearly 11% moved to a market-rate housing location by Wave 2. Given the
prevalence of exits between these two Waves, it would be useful to assess whether
neighborhood characteristics affected these Wave 2 mobility decisions.
Similarly, the neighborhood mobility intentions indicators (i.e. desire to move and
plans to move from neighborhood) were only included in the Wave 2 and 3 instruments.
Therefore, it is not possible to examine neighborhood mobility intentions at Wave 1.
Another limitation is that individuals in the full sample who were located in an
Emergency shelter at baseline and stayed there across all three Waves were excluded
from this study due to missing data (n=70). Further, those who originated in a shelter or
an Interim Housing program and then transferred to jail, the street, shelter, or another
temporary living situation were excluded from these analyses (N=14). Thus, this study’s
findings cannot be generalized to these individuals. Further, the exclusion of these
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individuals – representing 15% of the original sample – impacted the number of cases
available for inclusion in the analyses carried out for this study.
Given that Emergency shelter and Interim Housing programs are designed by the
Chicago Plan to End Homelessness to be temporary, it would be ideal to examine the
impact of neighborhood characteristics and regions of Chicago on mobility outcomes for
these respondents specifically. However, as discussed, a large proportion of those staying
in an Emergency shelter at baseline were excluded from this study to due to missing data
(N=70, 37.8% of those sheltered at baseline). Due to the limited number of individuals
who remained in a baseline Interim program at Wave 2, there was an insufficient number
of cases (N=48) to conduct multivariate analyses to examine the impact of neighborhood
characteristics on mobility outcomes among individuals who originated in this strata.
Another challenge with these analyses is a lack of variance in select logistic
regression analyses predicting movement behavior at Wave 3 due to minimal program
exits between Waves 2 and 3. As mentioned above, among those who completed a Wave
2 interview, 11.0% moved to market-rate housing by Wave 2 and likewise, 13.2% moved
to a market-rate housing location between Waves 2 and 3. Garson (2012a) explained that
the null regression model, which contains only the constant, will classify all cases as the
modal category of the dependent variable. Thus, given the lack of variance in these
dependent variables, it is difficult for the full model to accurately predict outcomes at a
much higher rate than the null model.
An additional limitation of the analyses is that this study did not include
respondents who exited their program by Wave 2, yet returned by Wave 3. However,
only a small number of respondents experienced this type of movement. Among the full
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client survey sample, 12 respondents left and returned to their baseline program as of the
last interview completed (either 2nd or 3rd Wave) (Sosin et al. 2011).
Testing for Interaction Effects
I created interaction terms among the main effects that were significant in the
respective regression models. I added the interaction terms to the models to test the
interaction effects. The interaction terms were not significant in the binary logistic
regression models. Upon adding the interaction terms to the multinomial logistic models,
there was only limited significance among the interaction terms (i.e. only significant in
relation to one of the two categories of the dependent variable). Thus, the final binary and
multinomial regression models do not contain interaction terms.
Missing Data
I explored each independent and control variable included in this study to
determine the prevalence of missing data for each respective variable. For each variable, I
determined whether to replace the missing values with that item’s median (continuous
variables) or modal value (categorical variables).
Neighborhood Quality Scale Wave 2 and Wave 3
The longitudinal survey instruments contained nine items comprised in the
neighborhood quality scale. These questions were asked only to respondents residing in
particular housing locations. At Wave 1, only those residing in Permanent Housing were
asked this set of questions. At Waves 2 and 3, those residing in either a Permanent,
Interim program, or in market-rate housing were asked these questions.
At Wave 2, among this client sample subset, 14 respondents did not provide
responses to all nine items. Among these 14 cases, 12 cases were missing data on four or
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less items, I elected to not replace the missing values due to the small number of cases
with missing data. Seventeen individuals did not provide a response to one or more of the
nine items comprised in the Wave 3 neighborhood quality scale. There were 14 cases
with missing data for 1 to 4 items. Due to the small number of cases with missing data for
this item, values were not replaced.
Access to Family and Friends
As mentioned above, respondents were asked to indicate their level of access to
family and friends in reference to their current neighborhoods. At Wave 2, three cases
were missing data on both the access to friends and access to family, and nine were
missing data on one of the two items. I elected not to replace the values due to the small
number of missing data. At Wave 3, three respondents were missing data on both the
access to friends and access to family, while six were missing data on one of these items.
Again, I elected to not replace the missing values.
Access to Church or Place of Worship
In my original research design, I intended to examine the impact of access to
church/place of worship on mobility outcomes. The Wave 2 and Wave 3 survey
instruments contained the following items: “Do you attend services at a church, mosque,
synagogue or any other religious organization?” Those who responded that they do attend
services were asked this follow-up question: “Living in this neighborhood, it is easy for
me to get to my church or place of worship.” At Wave 2, nearly half (58.5%, N=238) and
at Wave 3, (47.8%, N=192) reported to attend religious services. Those not attending
services were not asked the access to place of worship follow-up question. Thus, due to
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an appreciable level of missing data for this access to place of worship item, I elected to
exclude this item from these analyses.
Additional Independent and Control Variables
There was no missing data for the neighborhood satisfaction items at Wave 2 and
Wave 3. There were four cases with missing data for the regions of Chicago items; these
missing data values were not replaced. Likewise, among these control items, data were
missing for no more than 9 cases per variable. These missing values were not replaced.
Note about Outliers
I conducted a number of diagnostics tests to examine whether outlier cases
influenced the regression coefficients and also, the degree to which the cases were a good
fit for each respective regression model. For each binary logistic regression model, I
programmed SPSS to compute a Dbeta statistic and leverage statistic for each case
included in each respective model. SPSS computed a Dbeta statistic for each case, for
each predictor and control variable included in the regression models. Cases with a Dbeta
value greater than 1.0 on a particular variable are considered outlier cases and a poor fit
for the regression model (Garson 2012a). Likewise, SPSS produced one leverage statistic
for each case. Leverage statistics indicate the degree to which a case influences the
estimation of a regression coefficient either because of extremely small or large values
for a predictor variable (Menard 2010). Leverage values range from 0 to 1, with 1
indicating that a case completely influences the estimation of a coefficient. A standard
cutoff is 2K/N (K = number of predictor variables in the model) (Menard 2010). I also
inspected the Pearson residual for each model. SPSS identifies particular cases whose
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residual is greater than 2 standard deviations; these cases may be a poor fit for the model
(Garson 2012a).
I carried out the same diagnostic testing for the multinomial logistic regression
models. However, SPSS does not compute diagnostics tests for outliers in multinomial
regression models (Menard 2010; UCLA Statistical Consulting Group [no year
provided]). Instead I conducted diagnostics tests by running two binary logistic
regression models. In each binary logistic model, the dependent variable consisted of one
of the categories of interest and the reference category, do not wish or plan to move.
Next, I examined the individual cases which appeared to be outliers as identified
by the Pearson residual, leverage, and Dbeta statistics.17 These outlier cases tended to
have unexpected values on the neighborhood predictor variables when considering the
observed response for the dependent variable. For example, among the cases identified as
outliers for the models of neighborhood mobility intentions, quite unexpectedly, cases
with high/positive ratings of neighborhood quality, neighborhood satisfaction, and access
to family and friends reported that they both wished and planned to move.
Further, I reran the regression models with the outlier cases deleted in order to
determine if these observations substantially impacted the regression coefficients (signs
and significance) and other regression results. The results for the models with the outliers
excluded were not substantially different from the initial results. Thus, I elected to retain
the outlier cases in the final regression models. Further, Menard (2010) explained that
this nominal level of error is expected, he stated, “In a sample of 200 to 250, random
sampling variation alone will produce 10 to 12 cases with values greater than 2 or less
17

Outlier information for each regression model is reported in the findings section for each respective
model.
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than -2 on standardized, normally distributed variables…Even cases with very large
residuals do not necessarily indicate problems in the model…” (p. 143).
Testing for Multicollinearity
I tested for multicollinearity among the predictor and control variables included in
the binary logistic and multinomial logistic models using two procedures. First, I
conducted bivariate correlation analyses for each variable. These results do not suggest
problems of collinearity between predictors and controls. Bivariate correlations did not
exceed -.8 or .8, which Berry and Feldman (1985) indicate is a standard threshold for
detecting multicollinearity. Likewise, I conducted VIF/Tolerance tests to examine the
presence of multicollinearity among the predictors and controls in the multivariate
context. These tests produced a VIF score of 2.8 and a Tolerance score of .36 for the
individual Access to Family item. According to Allison (1999), a VIF score above 2.5
and Tolerance score under .40 suggests high correlation between one item and one more
other predictors. Given this result, I elected to combine the Access to Family and Access
to Friend items. Combining these two indicators resolved the potential multicollinearity.

CHAPTER FOUR
ACTUAL MOBILITY:
MOVEMENT TO MARKET-RATE HOUSING
Binary Logistic Regression Modelling of Actual Movement at Waves 2 and 3
This chapter presents results from two binary logistic models to test hypotheses
regarding whether housing residents exited their baseline program and moved to marketrate housing. Model 1 tests whether the region of Chicago where individuals resided at
baseline impacts decisions to move into market housing between the baseline and Wave 2
surveys. (As mentioned previously, the neighborhood predictors were not included in
Model 1, due to missing data.) The second model predicts the impact of neighborhood
characteristics and region of Chicago on market housing outcomes between Waves 2 and
3.1
Model 1: Entering Market-Rate Housing at Wave 2 as predicted by Region of
Chicago among Those Housed in an Emergency, Interim, or Permanent Housing
Program at Wave 1
In this section, I discuss the association between the region of Chicago where this
survey subset lives and their market-rate housing outcomes. I present results from binary
logistic regression analyses of the effects of program, individuals’ demographic
1

I also developed two binary logistic regression models predicting program exits. The first model examines
whether the location in Chicago where respondents reside at baseline shapes exits from their baseline
housing program between waves 1 and 2. The second model examines the impact of neighborhood
predictors and Chicago region on program exits between waves 2 and 3. These results are reported in
Appendix A.
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characteristics, constraints and resources, and region of Chicago on the odds of
respondents moving to market-rate housing between the baseline and Wave 2 surveys.2
Among those respondents included in Model 1 (N=371), 10.7% (N=40) moved to
market-rate housing between Wave 1 and Wave 2. As mentioned in the Methodology
chapter, the majority of these movers paid rent at Wave 2. Just over half (N=21) indicated
that they were living at a place where they/their spouse paid all the rent, whereas fifteen
said they and their spouse paid some of the rent, and just a few participants (N=4) were
not paying any rent where they were staying.
Table 14 presents results from binary logistic regression analyses where the event
of interest is moving to market-rate housing between the Wave 1 and Wave 2 surveys.
The predictor variables were entered into this model in two successive groups: control
variables representing demographic characteristics and program type, and variables
representing resources and constraints that may impact outcomes related to movement to
market-rate housing; and region of Chicago indicators.

2

The items comprised in the Neighborhood Quality rating scale were the only neighborhood predictors
included in the baseline survey. I did not include this scale in this model, however, because at wave 1 the
scale items were only asked of those people residing in a Permanent Supportive Housing program. Thus, all
individuals residing in an Interim or Emergency shelter program at baseline would be excluded from the
model. In addition, when I did include the Neighborhood Quality scale in an earlier iteration of this model,
it disrupted the model, as previously significant coefficients were no longer significant, and several
predictors had quite inflated coefficient and standard error values, where they previously did not.
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Table 14. Model 1: Move to Market-Rate Housing at Wave 2 as Predicted by
Region of Chicago among those in Emergency Shelter, an Interim, or
Permanent Housing Program at Wave 1
Block 1

Respondent was homeless with
family (1) versus single at the time
of the baseline interview (0)
Respondent was in a Permanent
Housing program (1) versus
Interim Housing or Overnight
Shelter (0) at Baseline interview
Age of Respondent at Baseline
Interview
Respondent is African American (1)
versus not African American (0)
Respondent has less than a high
school education (1) versus more
than this (0)
Respondent reports receiving SSI
benefits in the 30 days before the
Wave 1 interview (1) versus not
receiving SSI (0)
Respondent reports receiving
TANF benefits in the 30 days before
the Wave 1 interview (1) versus not
receiving TANF (0)
Respondent was convicted of a
felony offense prior to baseline
interview (1) versus not convicted
(0)
Currently Employed at Wave 1 (1)
versus not (0)
Hospitalized for a psych. problem
prior Wave 1 (1) versus not (0)

Block 2

B
coefficient
(Standard
Error)
1.080*
(.507)

Exp (B)

B
coefficient
(Standard
Error)
.818
(.504)

Exp (B)

-2.138***
(.427)

.118

-3.063***
(.600)

.047

-.014
(.021)
-.118
(.554)
-.057
(.452)

.986

-.009
(.021)
-.439
(.589)
-.049
(.465)

.991

-.497
(.757)

.609

-.666
(.787)

.514

.728
(.615)

2.070

.590
(.640)

1.804

-.558
(.451)

.572

-.586
(.467)

.557

-.927*
(.453)
-.027
(.454)

.396

-.816+
(.471)
.041
(.479)

.442

2.946

.888
.945

.974

+ p < .10, * p < .05, ** p < .01; *** p < .001
The reference category is “did not move to market housing at Wave 2.”

2.267

.645
.952

1.042

93
Table 14. Cont. Model 1: Leaving Baseline Program at Wave 2 as Predicted by
Region of Chicago among those in Emergency Shelter, an Interim, or
Permanent Housing Program at Wave 1
Block 1

Reside on Southwest
Side/Far Southwest Side at
Baseline
Reside on North Side/Far
North Side at Baseline
Reside in Central Area at
Baseline
Reside on West Side at
Baseline
Constant
-2 Log Likelihood Intercept
and Covariates

Block 2

B
coefficient
(Standard
Error)
--------

Exp (B)

--------

--------

--------

--------

--------

--------

.352
(1.108)
192.241

1.422

--------

B
coefficient
(Standard
Error)
-1.176
(.791)
-2.191**
(.802)
-2.928**
(1.101)
-1.805**
(.658)
2.218
(1.234)
176.742

Nagelkerke R2

.306

.376

N

372

371

Exp (B)

.309
.112
.054
.164
9.188

Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001
The reference category is “did not move to market housing at Wave 2.”

Model 1, Block 1: Wave 2 Entering Market-Rate Housing by Individual and Program
Controls
The first block of variables, which included demographic and program controls,
and resource and constraint variables, highly predicts movement to market-rate housing
among this sub-sample of survey respondents. All control items added in Block 1 were
collected at Wave 1. The improvement in Model Chi-Square in comparison to the null
model (p < .001) shows that taken together, the addition of these controls does improve
the predictive power of the model.
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Two controls are significantly associated with movement to market-rate housing
between Wave 1 and Wave 2.3 Compared to those residing in an Emergency shelter or
Interim Housing program at Wave 1, those residing in a Permanent Supportive Housing
program have lower odds of moving to market housing by Wave 2 (b = -3.063, p < .001).
(See Table 14.) The odds of entering market housing decreases by 95.3% for those who
started in a Permanent Supportive Housing program. This finding demonstrates that
housing outcomes for those who enter Permanent Supportive Housing match the intended
goals of the housing first model. This result, which shows minimal movement among
those who started out in Permanent Supportive Housing, is congruent with previous
analyses of the full sample of the client survey data (Sosin et al. 2011).
Among this sub-set of the survey sample, individual characteristics do not shape
market-rate housing outcomes. Employment status is the only resource or constraint
variable which shapes market-rate housing outcomes at Wave 2, albeit this predictor is
only marginally significant (b = -.816, p = .083). The family status indicator was
significant when it was initially entered into Block 1 of Model 1, but did not retain its
significance in the full model (p = .105). In addition, age, race, education level, receipt of
SSI, receipt of TANF, felony status, and mental health status are not significantly
associated with market-rate housing outcomes at Wave 2.

3

For each of the individual predictors and controls, I present regression coefficients and other regression
results from the final model rather than when items were first introduced, in order to report what is
uniquely explained by a particular variable after accounting for shared variance in the fitted model.
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Model 1, Block 2: Wave 2 Entering Market-Rate Housing by Region of Chicago
The second and final block entered a set of items representing regions of the city
of Chicago. As mentioned, these items demonstrate the area of the city at which
respondents resided at the time of the baseline interview. A total of four region of
Chicago items were added to the regression model: Southwest/Far Southwest Side,
North/Far North Side, Central, and West Side. South/Far Southeast Side is the reference
category. These region of Chicago variables were included in the model in order to
situate mobility outcomes into a geographic location.
I predicted that the location in Chicago where respondents reside would affect
market-rate housing outcomes. Specifically, I predicted that residing on Chicago’s
North/Far North Side and Central area, relative to Chicago’s South/Far Southeast Side,
would be negatively related to movement to market-rate housing at Wave 2. In addition, I
anticipated that residing on Chicago’s West and Southwest/Far Southwest Side would be
associated with an increased likelihood of moving to market-rate housing between Waves
1 and 2. However, I also anticipated that those residing in the reference area, the
South/Far Southeast Side, would be more likely to move to market, thus I hypothesized
that there would not be a significant difference between residing on the West Side or
Southwest/Far Southwest Side and the reference category.
Adding the region of Chicago variables to the initial model improves the
predictive power of the model, decreasing the -2 Log Likelihood by over 15 points (p <
.01). Regression results demonstrate a significant association between all but one of the
region of Chicago indicators and market-rate housing outcomes. As described above, I
anticipated mixed impacts of the various region of Chicago indicators. Consistent with
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my hypotheses, residing in housing located on the North/Far North Side at baseline is
associated with an 88.8% reduction in the odds of moving to market-rate housing
between Wave 1 and Wave 2 (b = -2.191, p < .01), in comparison to the reference
category, those on the South/Far Southeast Side, all else held equal.
Likewise, I anticipated minimal movement among those residing Chicago’s
Central area at the baseline interview. Regression results support this hypothesis. Those
residing in the Central area at baseline had 94.6% lower odds (b = -2.928, p < .01) of
moving to market-rate housing between baseline and Wave 2, in comparison to those
residing on the South/Far Southeast Side, all else held equal.
Regression results show that residence on Chicago’s West Side is also associated
with decreased odds of moving to market-housing. This contrasts with my hypothesis.
The odds of moving to market-rate housing is 83.6% lower for those residing on
Chicago’s West Side (b = -1.805, p < .01) at baseline, relative to those residing on the
South/Far Southeast Side, all else equal. Those residing on the Southwest/Far Southwest
Side have a negative odds of moving to market housing, yet the coefficient is not
significant (p = .137). Given the decreased likelihood of moving among those residing on
the North/Far North Side, Central, and West Sides, the increased odds of moving into
market-rate housing among those residing in the reference category, the South/Far
Southeast Side, is striking.
Diagnostics Testing for Model 1
The -2 Log Likelihood decreased from 192.241 to 176.742 between Blocks 1 and
2, and the Nagelkerke pseudo-R2 increased from .306 to .376. This shows some
improvement from adding the region variables to the model. Moreover, a non-significant
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result for the Hosmer & Lemeshow test (p = .674) suggests that this model fits the data
well.
Model 1 contained 14 independent variables and 371 cases; thus with 26.5 cases
per independent variable, this model exceeded Hosmer and Lemeshow’s (2000)
recommendation for a minimum of 10 cases per independent variable in logistic
regression.
Ideally, a logistic regression model predicts the correct outcome category for most
of the cases in the data. This is assessed by comparing the predictions according to the
null, or constant-only model, to the predictions according to the full model. The
constant-only model simply predicts that all cases have the modal outcome, whereas the
full model predicts that some cases have the modal outcome, and some have the other
outcome. In situations where the distribution of outcomes is lop-sided, and therefore the
constant-only model assigns all the cases to the modal outcome category, it can be
difficult for the full model to improve on the null model (Garson 2012a).
In this data, only 10.7% of the cases moved to market at Wave 2. Consequently,
as Table 15 shows, the constant-only model assigns all the cases to the “not moving”
outcome, and correctly classifies the outcome of 89.3% of the cases. As Table 16 shows,
the full model correctly classifies the outcome of 89.4%, of the cases. This means that
the overall proportional reduction in error is only 2.5%. However, of all the cases that
actually moved to market, the null model predicts none, while the final model correctly
classifies 19.2% of respondents who moved. By distinguishing some movers from nonmovers, the full model improves on the null model.
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Table 15. Model 1, Constant-only Model: Percent of Cases Correctly Predicted
Predicted
Observed
Moved to
Did Not Move
Market-Rate to Market-Rate Percent
Housing
Housing
Correct
Moved to Market-Rate
0
40
0.0%
Housing
Did Not Move to
0
331
100.0%
Market-Rate Housing
89.3%
Overall Percentage
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

Table 16. Model 1, Full Model: Percent of Cases Correctly Predicted
Predicted
Observed
Moved to
Did Not Move
Market-Rate to Market-Rate Percent
Housing
Housing
Correct
Moved to Market-Rate
8
32
19.2%
Housing
Did Not Move to
7
324
97.9%
Market-Rate Housing
89.4%
Overall Percentage
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

Influence Statistics for Full Model 1
An examination of the residuals of cases shows that overall, this model fits the
data well. Results show that none of the cases had a Dbeta value greater than 1. Further,
for 15 cases, the Pearson residual was greater than 2 standard deviations. As mentioned
previously, Menard (2010) explained that 5% of the cases should be expected to have
residuals this large, or larger, due to normal sampling variation. With the exception of
one, all of these cases were incorrectly predicted to have not moved to market-rate
housing. When examining the leverage statistic, results show that none of the cases
appear to unduly impact the model. All but five cases had leverage values of .2 or less.
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These leverage values range from .223 to .242, thus are not close to 1.0, which indicates
complete influence of a case on the model.
Model 1: Predicted Probabilities – Wave 2 Entering Market-Rate Housing by Individual
and Program Controls and Region of Chicago
To further demonstrate the impact of the region of Chicago and controls on
movement to market-rate housing, presented here are predicted probabilities of Wave 2
outcomes. Again, I computed predicted values for each of the four region of Chicago
items included in the model and held constant the controls. For the control variables, the
covariates were set to their median and the factors were all set to their mode.
Figure 2 shows that those residing on Chicago’s Southwest/Far Southwest Side
have the highest probability of moving to market-rate housing by Wave 2, net of all
controls. This coefficient did not quite reach statistical significance, however (p=.137).
The next highest probabilities are associated with the South/Far Southeast Side and
Chicago’s West Side, each of which has greater than .5 probability of movement to
market housing between Waves 1 and 2. Residence on the North/Far North Side and
Central Chicago have the lowest probability of moving to market-rate housing by Wave
2.

Probability of moving to Market by
Wave 2
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Figure 2. Model 1: Predicted Values for Moving to Market-Rate Housing between
Waves 1 and 2 Based on Region of Chicago and Controls at Wave 1
Probability of Moving to Market-rate Housing between
Wave 1 and 2 by the Region of Chicago and Controls
1
0.9
0.8
0.7
0.6
0.5
0.4
0.3
0.2
0.1
0
Southwest/Far South Side/Far
Southwest Side Southeast Side

North/Far
North Side

Central

West Side

Region of Chicago
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

Discussion of Wave 2 Market-Rate Housing Outcomes Model
To sum up, when controlling for a selection of individual and program controls,
results show that the region of Chicago in which individuals housed through Chicago’s
residential homeless system reside does matter. Residing on the North/Far North Side,
Central, and West Side at baseline significantly (p < .01) impact movement to marketrate housing among respondents housed through Chicago’s residential homeless system.
Overall, results show that residing in a Permanent Supportive Housing program, as well
as residing on the North/Far North Side, Central, or West Side of Chicago at baseline are
associated with not moving to market-rate housing. Likewise, being employed at
baseline has a slight negative impact on moving to market-rate housing at Wave 2 (albeit
only borderline significant).
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Model 2: Moving to Market at Wave 3, as Predicted by Neighborhood
Characteristics and Region of Chicago among Those Residing in the Residential
Homeless System at Wave 2
The following section presents results from analyses conducted to test the effects
of program, individual, and neighborhood characteristics, as well as region of Chicago,
on the odds of respondents entering market-rate housing between Wave 2 and Wave 3.
This model included all respondents who were residing in their baseline program at Wave
2, when information about their neighborhood was collected. Consequently, this analysis
excluded respondents who had already moved to market-rate housing by Wave 2.
Of all the 255 respondents living in the system at Wave 2, 26 respondents (10.2%)
moved to market-rate housing by Wave 3. Similar to Model 1, among the 26 respondents
who moved to market-rate housing between Waves 2 and 3, the majority paid rent at
Wave 3. As reported in the Methodology chapter, the largest proportion (N=15) were
living in a place where they and their spouse paid all of the rent. Eight of the market-rate
movers said they lived at a place where they/their spouse paid some of the rent, and two
respondents said they were not paying any rent where they were staying.4
Table 17 presents results from this regression model where the event of interest is
moving to market-rate housing between Wave 2 and Wave 3. The predictor variables
were entered into this model in four successive blocks: control variables representing
demographic characteristics, program type, and variables representing resources and
constraints; a set of items representing the location in Chicago at which respondents
resided at Wave 1; a composite item representing access to family and friends; and a pair
of neighborhood perception variables.

4

These three market-rate housing categories sum to 25, not 26, due to rounding.

Table 17. Model 2: Entering Market-Rate Housing at Wave 3 as Predicted by Neighborhood Characteristics and

Region of Chicago among those in Interim or Permanent Housing Baseline Housing Program at Wave 2

Homeless with family (1) versus
single at Wave 1 (0)
In Permanent Housing program
(1) vs Interim (0) at Wave 1
Age of Respondent at Baseline
Respondent is African American
(1) versus not African American
(0)
Less than a high school education
(1) versus more than this (0)
Receipt of SSI in the month
before Wave 2 (1) vs. not (0)
Respondent Score on Personal
Support scale
Felony conviction prior to Wave 1
(1) vs not convicted (0)
Currently Employed at Wave 2
(1) versus not (0)
Hospitalized for a psych. problem
prior Wave 1 (1) versus not (0)
Reside on Southwest Side/Far
Southwest Side at Baseline

Block 1
B
Exp
coefficient (B)
(Standard
Error)
.559
1.748
(.546)
-1.930**
.145
(.648)
-.023
.978
(.023)
1.555
4.735
(1.085)
-1.767*
.171
(.850)
-1.254+
.285
(.726)
.060+
1.062
(.034)
-.313
.731
(.539)
-.026
.974
(.518)
-.072
.931
(.603)
--------------

Block 2
B
Exp
coefficient
(B)
(Standard
Error)
1.001+
2.721
(.607)
-2.736**
.065
(.795)
-.030
.970
(.025)
1.627
5.089
(1.108)
-1.935*
.144
(.986)
-1.006
.366
(.768)
.077*
1.080
(.036)
-.160
.852
(.569)
-.061
.940
(.551)
-.171
.843
(.644)
-.156
.856
(.962)

Block 3
B
Exp
coefficient
(B)
(Standard
Error)
1.332*
3.790
(.657)
-2.939***
.053
(.814)
-.033
.968
(.026)
1.340
3.820
(1.112)
-2.040*
.130
(.878)
-1.236
.291
(.797)
.070+
1.073
(.037)
-.290
.748
(.580)
-.085
.918
(.563)
.011
1.011
(.681)
-.196
.822
(.982)
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+ p < .10, * p < .05, ** p < .01; *** p < .001; The reference category is “did not move to market-rate housing.”

Block 4
B
Exp
coefficient
(B)
(Standard
Error)
1.339+
3.817
(.691)
-3.097***
.045
(.817)
-.039
.962
(.027)
1.529
4.615
(1.138)
-2.107*
.122
(.897)
-.809
.445
(.820)
.060+
1.062
(.036)
-.540
.583
(.592)
-.198
.820
(.598)
-.166
.847
(.685)
-.634
.530
(1.077)

Table 17. Cont. Model 2: Entering Market-Rate Housing at Wave 3 as Predicted by Neighborhood Characteristics
and Chicago Region among those in Interim or Permanent Housing Baseline Housing Program at Wave 2

Reside on Southwest Side/Far
Southwest Side at Baseline
Reside on North Side/Far North
Side at Baseline
Reside in Central Area at
Baseline
Reside on West Side at Baseline
Rating of Access to
Family/Friends from current
neighborhood
Respondent rating of
Neighborhood Satisfaction
Respondent rating of
Neighborhood Quality
Intercept
-2 Log Likelihood Intercept and
Covariates
Nagelkerke R2
N

Block 1
B
Exp
coefficient
(B)
(Standard
Error)
----------------

Block 2
B
Exp
coefficient
(B)
(Standard
Error)
-.156
.856
(.962)
-1.737+
.176
(.897)
1.148
3.153
(.731)
-.842
.431
(.707)
----------------

---------

--------

---------

--------

---------

--------

---------

--------

---------

--------

---------

--------

---------

--------

---------

--------

-2.296
(1.764)
130.984

.101

-1.840
(1.814)
120.731

Block 3
B
Exp
coefficient
(B)
(Standard
Error)
-.196
.822
(.982)
-1.145
.318
(.939)
.936
2.549
(.752)
-.697
.498
(.724)
.217*
1.242
(.109)
----------------

116.439

Block 4
B
Exp
coefficient
(B)
(Standard
Error)
-.634
.530
(1.077)
-2.039+
.130
(1.094)
.363
1.437
(.798)
-.618
.539
(.748)
.138
1.148
(.120)
-.170
.844
(.318)
.116+
1.123
(.067)
-3.680
.025
(2.036)
112.679

---------

--------

.159

.278

.349

.377

.402

254

255

254

254
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Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001; The reference category is “did not move to market-rate housing.”
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Model 2, Block 1: Wave 3 Entering Market-Rate Housing by Individual and Program
Controls
This partial model, comprised of items representing housing program type,
demographic items, as well as individual resources and constrains predicts movement
into market-rate housing.5 Again, all control items added in Block 1 were collected at
Wave 1, with the exception of indicators of SSI receipt, current employment status, and
level of personal social support; these were collected at Wave 2. The improvement in
Model Chi-Square in comparison to the null, constant-only model (p < .001)
demonstrates that these individual and program indicators improve the prediction of
market-rate housing outcomes.
Four of the control variables are significantly related to movement to market-rate
housing among this subset of the client survey sample.6 Similar to Model 1, those
residing in Permanent Supportive Housing, relative to Interim Housing, are significantly
less inclined to relocate to market-rate housing (b = -3.097, p < .001). Residing in a
Permanent program at baseline is associated with a 95.5% reduction in the odds of
moving to market. As mentioned previously, this supports the housing stability policy
goal of housing first programming. In addition, as mentioned previously, this result is
consistent with previous analyses of this data (Sosin et al. 2011).
Compared to single adults, respondents residing with their family at baseline are
more likely to move to market-rate housing at Wave 3, yet this result did not quite reach

5

The item representing whether the respondent received TANF income at wave 2 was excluded from
Model 2 because this variable contained an extremely narrow distribution as only 5 cases included in this
model received TANF at wave 2.
6

For each of the individual predictors and controls, I present regression coefficients and other regression
results from the final model, rather than when items were first introduced, in order to report what is
uniquely explained by a particular variable after accounting for shared variance in the fitted model.
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statistical significance (b = 1.339, p = .52). This finding is also congruent with results
from other analyses of this PTEH client survey data which show that families were more
likely than single adults to leave their baseline program and move into market-rate
housing by the follow-up interviews (Sosin et al. 2011). This finding should be
interpreted with caution, however, in light of inflated odds ratio and confidence interval
for the odds ratio values. A large odds ratio of 3.817 indicates that relative to single
adults, those residing in a family homeless housing program have over 200% higher odds
of moving into market-rate housing. Results from a crosstabulation suggest that the
inflated odds ratio is not due to sparse data, as the least populated cell contained nine
observations.
Select constraint and resource variables also shape mobility outcomes. Level of
education impacts market-rate housing outcomes. Those with less than a high school
diploma are 87.8% less likely to exit their baseline program and move to market-rate
housing between Waves 2 and 3 (b = -2.107, p < .05). In contrast, increasing level of
personal support has a borderline positive impact on the likelihood of moving to marketrate housing (b = .060; p = .098). Receipt of SSI had a significant negative coefficient
when first introduced in Block 1, but did not retain its significance in the full model.
Respondent’s age, race, mental health status, employment, and felony status do not
significantly impact market-rate housing outcomes.
Model 2, Block 2: Wave 3 Entering Market-Rate Housing by Region of Chicago
I next added the set of region of Chicago items into Block 2. These items
represent the location in Chicago where individuals resided at baseline. Again, the
following region indicators were included: Southwest/Far Southwest Side, North/Far
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North Side, Central, and West Side. The South/Far Southeast Side is again the reference
category for the region of Chicago variables.
The addition of the region of Chicago indicators significantly improves the
prediction of movement into market-rate housing, as demonstrated by the improvement in
Model Chi-Square compared to the previous model containing the individual and
program controls (p < .05). Further, for Block 2, the -2 Log Likelihood decreased by over
10 points compared to the previous model containing the control variables, suggesting a
nominal improvement of the model with the addition of the region of Chicago variables.
Results show that residence on the North/Far North Side has a slight, negative
impact on market-rate housing outcomes, albeit this result is only marginally significant
(b = -2.039, p = .062). Residence on the Southwest Side/Far Southwest Side, the West
Side, and Central area do not significantly shape market-rate housing outcomes between
Waves 2 and 3.
Model 2, Block 3: Wave 3 Entering Market-Rate Housing by Access to Family and
Friends
A composite item demonstrating access to family and friends in relation to the
neighborhood in which respondents resided at Wave 2 was next added to the model.
Values for this combined family/friend access item range from 2 to 10, with higher
values indicating a greater level of access to family/friends.
This access to family/friends composite item significantly improves the power of
the model to predict movement to market, as is demonstrated with an improvement
Model Chi-Square of (p < .05) in comparison to the previous model containing the
control variables and region of Chicago indicators. The -2 Log Likelihood only decreased
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by over 4 points, however, in comparison to the model with only the region of Chicago
items and controls.
As mentioned above, I anticipated that as access to family/friends increased,
respondents would be less likely to move to market-rate housing; however, results show
that level of access does not significantly shape market-rate housing outcomes between
Wave 2 and Wave 3. The coefficient for access to family/friends was statistically
significant when it was first introduced into the model, but it did not retain its
significance in the final model. When first entered into the model and in the final model,
this family/friend access item had a positive coefficient, which does not support my
hypothesis.
Model 2, Block 4: Wave 3 Entering Market-Rate Housing by Neighborhood Perceptions
A pair of items which represent subjective neighborhood perceptions at Wave 2 –
neighborhood satisfaction and neighborhood quality rating – was the last set of variables
added to the model. A measure of neighborhood satisfaction was derived from Ringel and
Finkelstein (1991) and consists of the following one item: “All things considered, how
satisfied or dissatisfied are you with this neighborhood as a place to live?” Respondents
rated their neighborhood satisfaction on a five-point scale ranging from 1 “completely
dissatisfied” to 5 “completely satisfied.” Second, the Neighborhood Quality Evaluation
Scale (Roosa et al. 2005) is a nine-item measure utilizing a 4-point rating system where
one equals “strongly disagree” and four equals “strongly agree.” The scale contains nine
indicators measuring respondents’ perceptions of the level of safety and the physical
characteristics of the neighborhood in which they reside. Higher scores on the rating
scales for these two items demonstrate a positive assessment of one’s neighborhood.
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Results show that the two neighborhood perception variables do not significantly
improve the predictive power of the model in comparison to the previous model
containing the family/friend access variables, the region of Chicago indicators, and
individual/program controls (Model Chi-Square of p > .05). The -2 Log Likelihood
amount decreased by a small amount – nearly four points – in comparison to the previous
iteration of the model containing only the individual and program controls, the region of
Chicago indicators, and the composite access item. Despite the limited improvement
associated with this fourth and final block of variables, results show that the full model as
a whole better predicts market-rate housing outcomes at Wave 3 in contrast to the
constant-only null model (p < .001).
Regression results do not support my hypotheses of a negative relationship
between the neighborhood perception variables and movement to market. Consistent with
my hypothesis, as rating of neighborhood satisfaction increased, respondents were less
likely to exit their housing program between Wave 2 and 3, but this item is not
statistically significant.
Surprisingly, as the rating of neighborhood quality increases, respondents are
more likely to move to market-rate housing, although this finding did not reach statistical
significance (b = .116, p = .086). These non-significant effects of neighborhood quality
and neighborhood satisfaction contrast other studies in the residential mobility literature
(Andersen 2008).
Diagnostics Testing for Model 2
The -2 Log Likelihood decreased from 130.984 to 112.679 between Blocks 1 and
4, and the Nagelkerke pseudo-R2 increased from .278 to .402. This shows some
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improvement from adding the region of Chicago and neighborhood characteristic
variables to the model. Moreover, a non-significant result for the Hosmer & Lemeshow
test (p = .142) suggests that this model fits the data well.
The full model contained 17 independent variables and 254 cases; thus with 14.94
cases per independent variable, this full model exceeded Hosmer and Lemeshow’s (2000)
recommendation for a minimum of 10 cases per independent variable in logistic
regression.
Additional findings demonstrate the overall predictive power of the full model.
The Overall Percentage Correct for the full model is 92.2% (see Table 19); this compares
to 89.8% of cases correctly predicted by the null model (see Table 18). The proportional
reduction in error for the full model is 23.0%; the full model predicted 20 cases
incorrectly, compared to 26 errant cases in the null model. The chance hit rate was very
high (89.8%) due to the limited movement to market at Wave 3. As mentioned in relation
to previous models, Garson (2012a) explained that the null model classifies nearly all
cases as the most numerous category of the dependent variable. Given the lack of
variance in the dependent variable, it is difficult for the full model to predict at a much
higher rate than the chance model. This fitted model did reduce the overall error
nominally and it did improve the ability to predict movement to market, whereas the null
model misclassified 100% of cases that moved to market at Wave 3.
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Table 18. Model 2, Constant-Only Model: Percent of Cases Correctly Predicted
Predicted
Observed
Moved to
Did Not Move
Market-Rate to Market-Rate Percent
Housing
Housing
Correct
Moved to Market-Rate
0
26
0.0%
Housing
Did Not Move to
0
228
100.0%
Market-Rate Housing
Overall Percentage
89.8%
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

Table 19. Model 2, Full Model: Percent of Cases Correctly Predicted
Predicted
Observed
Moved to Did Not Move
Market-Rate to MarketPercent
Housing
Rate Housing
Correct
Moved to Market-Rate
9
17
35.3%
Housing
Did Not Move to
3
225
98.6%
Market-Rate Housing
Overall Percentage
92.2%
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

Influence Statistics for Full Model 2
An examination of residuals of cases shows that overall these cases are a good fit
for the model. No cases had a Dbeta value greater than one. Further, only 10
misclassified cases had a Pearson residual greater than 2 standard deviations. With the
exception of one, all of these cases were incorrectly predicted to have not moved to
market-rate housing. When examining results for leverage statistics, twenty-five cases
have values above the standard cutoff of .2. Results from these diagnostics tests suggest
that overall, the full set of independent and control items comprised in Model 2 is
appropriate for predicting Wave 3 market-rate housing outcomes.
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Model 2: Predicted Probabilities – Wave 3 Entering Market-Rate Housing by Individual
and Program Controls, Region of Chicago, and Neighborhood Perceptions
I calculated predicted probabilities of moving to market-rate housing between
Waves 2 and 3 in order to demonstrate the full effect of the fitted model of predictors and
controls in shaping market-rate housing outcomes.
Figure 3 demonstrates the predicted probabilities of movement to market between
Waves 2 and 3. The predicted values were computed for individuals whose neighborhood
quality rating was low, medium, or high.7 Access to family/friends was set at the median,
and the region of Chicago was set at the reference category, the South/ Far Southeast
Side, and the control items were all held constant. For these control items, the covariates
were all set to their median value and the factors were all set to their mode.
Figure 3 demonstrates the varied effects of the neighborhood characteristics on
the predicted probabilities of moving to market between Waves 2 and 3. Net of all
controls, Figure 3 shows the surprising positive, albeit only borderline significant, effect
of neighborhood quality on movement to market.

7

Neighborhood quality rating is grouped into low (bottom 25.9% whose score ranged from 9-21 on the
scale), medium (40% whose score ranged from 22-28 on the scale) and high (34.1 whose score ranged from
29-36) on the 9-36 scale.
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Figure 3. Model 2: Predicted Values for Moving to Market-Rate Housing between
Waves 2 and 3 Based on Neighborhood Satisfaction, Neighborhood Quality, and
Controls

Probability of Moving to Market at Wave 3

Probability of Moving to Market-Rate Housing between Waves 2
and3 by Neighborhood Satisfaction, Neighbrohood Quality, and
Controls
1
0.9
0.8
0.7
0.6

High Neighborhood
Quality

0.5

Mid Neighborhood
Quality

0.4
0.3

Low Neighborhood
Quality

0.2
0.1
0
1

2

3

4

5

Neighborhood Satisfaction
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

Discussion of Wave 3 Market-Rate Housing Outcomes Model
Overall, when controlling for a selection of variables representing program type,
as well as respondent demographic characteristics, constraints and resources, results show
that residing on the North/Far North Side and neighborhood quality rating marginally
impact movement into market-rate housing among respondents housed through
Chicago’s residential homeless system, as the their coefficients only reached borderline
significance. On the whole, results show that the type of program at baseline and level of
education are the strongest predictors of Wave 3 market-rate housing outcomes. Residing
in a Permanent Housing program and not having a high school diploma are associated
with not entering market-rate housing between Wave 2 and Wave 3. Likewise, residing
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on the North/Far North Side is marginally associated with not moving to market housing.
Being homeless with one’s family, increasing level of personal support, and improved
neighborhood quality rating all have a marginal positive association with movement into
market-rate housing between Waves 2 and 3.
Results from Models 1 and 2 show that region of Chicago shapes decisions to exit
the residential homeless system and move to market-rate housing among those residing in
Chicago’s residential homeless system at both follow-up survey Waves. Region of
Chicago has a differential impact at the two follow-up Waves; at Wave 2 region of
Chicago has a substantial impact, yet at Wave 3, the North/Far North Side is the only
significant indicator, and is only borderline significant. Across both models, movement
decisions are constrained by program type, as residing in a Permanent Supportive
Housing unit is strongly associated with not moving to market-rate housing at Waves 2
and 3.
I anticipated a negative relationship between the neighborhood predictors and
movement to market-rate housing outcomes. Results demonstrate, however, that
neighborhood perceptions and access to family/friends have a negligible impact on
decisions to move to market-rate housing. Neighborhood quality has a positive effect on
the likelihood of moving, albeit this result is only borderline significant. Likewise, results
indicate that there is no significant impact of neighborhood satisfaction nor level of
access to family and friends on actual movement decisions. These results do not support
my hypotheses of a negative relationship and do not support previous research literature
(Popkin et al. 2002; Turner et al. 2000) or the expectations of Chicago housing providers.
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Given the lack of a significant relationship between neighborhood characteristics
on actual movement, I also tested their impact on neighborhood mobility intentions. In
the next chapter, I report results from models which examined the impact of
neighborhood satisfaction, neighborhood quality, access to friends/family, and region of
Chicago on mobility intentions – whether respondents desire or plan to leave their
current neighborhoods.

CHAPTER FIVE
NEIGHBORHOOD MOBILITY INTENTIONS: DESIRES AND PLANS TO MOVE
TO A DIFFERENT NEIGHBORHOOD
Multinomial Logistic Regression Modelling of Mobility Intentions at Waves 2 and 3
In addition to the actual movement outcomes discussed in the previous section,
this chapter discusses findings from multinomial logistic regression models to predict
neighborhood mobility intentions – desires and plans to move from one’s current
neighborhood in the next year – among individuals housed through Chicago’s residential
homeless system. Two mobility intentions models are presented in this chapter. Model 3
documents mobility intentions at Wave 2, as predicted by neighborhood predictors and
region of Chicago, and the fourth model examines the impact of neighborhood
characteristics and region of Chicago on neighborhood mobility intentions at the third
Wave.
Model 3: Neighborhood Mobility Intentions at Wave 2 as predicted by
Neighborhood Characteristics and Region of Chicago among those who remained in
their Baseline Interim or Permanent Supportive Housing Program
This section contains findings from multinomial logistic regression analyses I
conducted to predict respondents’ neighborhood mobility intentions at Wave 2. These
regression analyses estimated the effects of program type, demographic characteristics,
individual constraints and resources, access to family and friends, neighborhood
perceptions, and region of Chicago on mobility intentions – the odds of respondents
115
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wishing to move and the odds of respondents having plans to move from their current
neighborhood at Wave 2. Specifically, these analyses examined all respondents who
remained in their baseline permanent supportive or interim housing program at Wave 2.
Consequently, this analysis excluded respondents who had already left their baseline
housing program by Wave 2. Those staying in an Emergency shelter at baseline were
excluded from this model due to missing data pertaining to neighborhood perceptions and
access to family and friends.
The neighborhood mobility intentions dependent variable is comprised of three
categories. The two categories of interest are: (1) both wishing and planning to move
from one’s current neighborhood within the next year; (2) either wishing or planning to
move from one’s current neighborhood in the next year.1 These two outcomes were
predicted in relation to the reference category: do not wish or plan to move from
neighborhood within the next year.
SPSS software does not enable model-building by manually adding sets of
variables in successive groups in the multinomial logistic regression procedure, similar to
the model-building conducted in binary logistic regression. Therefore, in order to
examine model improvement in explaining mobility intentions as a result of successive
sets of predictors and controls, I conducted four nested multinomial logistic models. The

1

As mentioned above, nearly all of these cases are individuals who wish to move. I combined into one
category both those who 1) wish to move, but have no plans, with those who 2) plan to leave their
neighborhood, but do not wish to. I combined these two groups because there were not enough cases to
split them into two separate categories of the dependent variable.

117
2

first block contained control items representing demographic characteristics and
program type, as well as resources and constraints that may impact mobility outcomes.
Block 2 added in a set of dummy variables representing the region of Chicago where
individuals lived at baseline. I introduced an item representing access to family and
friends in the third block, and lastly, a pair of neighborhood perception items to Block 4.
Each of the four multinomial models estimate the likelihood of each of the two
neighborhood mobility intention categories relative to the reference category – do not
wish or plan to move.
In reporting results for each of the four nested models/blocks, I first discuss
results pertaining to the outcome – both wish and plan to move (Table 20). I will
subsequently discuss results for the second mobility intentions outcome – either wish or
plan to move (Table 21).

I use the term “block,” rather than “model,” to describe each of the four sets of predictors and control
variables predicted the mobility intentions in Model 3.
2

Table 20. Model 3: Multinomial Logistic Regression Analysis Predicting Both Wishing and Planning to Leave Neighborhood
at Wave 2
Block 1
Block 2
Block 3
Block 4
Exp
(B)
.106
1.006
.093
.540
.534
.438
.942
1.160
1.006
.524
--------

B
coefficient
(Standard
Error)
-2.566**
(.764)
.003
(.017)
-2.419***
(.583)
-.575
(.482)
-.908
(.436)
-.851*
(.366)
.559
(.387)
.164
(.344)
.037*
(.018)
-.676+
(.350)
-2.028**
(.593)

Exp
(B)
.077
1.003
.089
.563
.403
.427
1.749
1.179
1.038
.508
.132

B
coefficient
(Standard
Error)
-2.769 **
(.851)
.019
(.019)
-2.142
(.614)
-1.284*
(.564)
-1.216*
(.476)
-.696+
(.412)
.371
(.425)
-.015
(.377)
.053**
(.020)
-.642
(.396)
-2.103**
(.664)

+ p < .10, * p < .05, ** p < .01; *** p < .001; The reference category is “do not wish or plan to move.”

Exp
(B)
.063
1.019
.117
.277
.296
.499
1.449
.985
1.054
.526
.122

B
coefficie
nt
(Standard
-2.905**
Error)
(.957)
.024
(.021)
-1.821**
(.665)
-1.872**
(.603)
-.517
(.506)
-.478
(.481)
.733
(.462)
-.150
(.418)
.045*
(.022)
-.604
(.430)
-1.483*
(.740)

Exp
(B)
.055
1.025
.162
.154
.596
.620
2.082
.860
1.046
.547
.227
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In Permanent Housing program (1) vs
Interim Housing (0) at Wave 1
Age of Respondent at Baseline
Interview
In a program for single adults (1) vs
family program at Wave 1 (0)
Respondent Non-Hispanic White or
Hispanic (1) vs African American (0)
Respondent was Currently Employed
at Wave 2 (1) versus not (0)
Less than a high school education (1)
vs a high school education or more (0)
Receipt of SSI in the 30 days before
Wave 2 (1) vs not receiving SSI (0)
Felony conviction prior to Wave 1 (1)
versus not convicted (0)
Respondent score on personal support
scale at Wave 2
Hospitalized for a psych. problem
prior Wave 1 (1) versus not (0)
Reside on Southwest Side/Far
Southwest Side at Baseline

B
coefficient
(Standard
Error)
-2.247**
(.710)
.006
(.016)
-2.373 ***
(.556)
-.617
(.444)
-.628
(.417)
-.826*
(.344)
-.059
(.339)
.149
(.314)
.018
(.016)
-.646 *
(.328)
---------

Table 20. Cont. Model 3: Multinomial Logistic Regression Analysis Predicting Both Wishing and Planning to Leave Neighborhood
at Wave 2
Block 1

Block 2

B
coefficient
(Standard
Error)
---------

---------

---------

---------

Reside on West Side at Baseline

---------

---------

Respondent rating of Access to
Family/Friends from current
neighborhood at Wave 2

---------

Respondent rating of
Neighborhood Satisfaction at
Wave
2
Respondent
rating of
Neighborhood Quality at Wave 2

Reside on North Side/Far North
Side at Baseline
Reside in Central Area at Baseline

Intercept
-2 Log Likelihood Intercept and
Covariates
Nagelkerke R2
N

Exp
(B)

Block 3

--------

B
coefficient
(Standard
Error)
-1.347**
(.508)
.272
(.506)
-.145
(.485)
---------

Exp
(B)

---------

---------

--------

---------

---------

---------

3.975
(1.197)
552.041

---------

Block 4

B
coefficient
(Standard
Error)
-1.747**
(.585)
.357
(.547)
-.570
(.523)
-.375***
(.073)

1.429

---------

---------

--------

---------

---------

---------

--------

4.223
(1.286)
506.333

---------

6.047
(1.424)
449.261

---------

.260
1.312
.865

Exp
(B)
.174

.566
.687

B
coefficie
nt
(Standard
-1.512*
Error)
(.220)
1.362*
(.657)
-.475
(.564)
-.390***
(.088)
-.915**
(.272)
.046
(.048)
7.827
(1.733)
400.810

.266

.380

.486

.513

296

294

287

260

.220
3.904
.622
.677

.401
1.047
---------
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Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001; The reference category is “do not wish or plan to move.”

Exp
(B)
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Model 3, Block 1: Wave 2 Neighborhood Mobility Intentions by Individual and Program
Controls
The initial set of items (Block 1), which represent family status, program type,
racial characteristics, income, employment status, mental health status and other control
variables, contributes to the prediction of mobility intentions among this sub-sample of
survey respondents.3 All control items added in Block 1 were collected at Wave 1, with
the exception of indicators of SSI receipt, current employment status, and level of
personal social support, which were collected at Wave 2. I computed a likelihood ratio
test between the null model and Block 1. The result of this test is to reject the null
hypothesis that all of the regression coefficients in the model are equal to zero and do not
improve the prediction of neighborhood mobility intentions (p < .001). Likewise, results
from likelihood ratio tests for each individual item in Block 1 show that variables
representing family status, program type, and level of education each significantly
contribute to explaining neighborhood mobility intentions at Wave 2 (p < .001 for each
item, respectively).
Again, in the following section, I present results pertaining to the outcome
category, both wishing and planning to move from one’s neighborhood within the next
year, relative to not wishing or planning to move (as shown in Table 20). I will then
discuss results for the outcome, either wishing or planning to move from one’s

3

The item representing whether the respondent received TANF income at wave 3 was excluded from
Model 3 because this variable contained an extremely narrow distribution as only 5 cases included in the
model received TANF at wave 2. Also, in earlier iteration of this model containing the TANF item, it
contained an extremely large b coefficient (18.746), standard error (6322.220) and odds ratio
(1384303647.0). The SPSS output did not contain values for the confidence interval for Exp(B); the
following error message was presented: “Floating overflow occurred while computing this statistic. Its
value is therefore set to system missing.
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neighborhood in the next year, in relation to not wishing or planning to move (as shown
in Table 21). 4
Both Wish and Plan to Move: Block 1 Predictors. Program type and multiple
demographic controls are significantly associated with both wishing and planning to
move at Wave 2. In particular, those residing in a single adult program, residing in a
Permanent Supportive Housing program, having less than a high school diploma/GED,
and having been hospitalized for a psychological problem in one’s lifetime are all less
likely to both wish and plan to move at Wave 2. By Block 4 – the full model – those
residing in Permanent Supportive Housing and those residing in a single adult program
continued to be less likely to intend to leave their neighborhoods. Also, in the full model,
racial status and level of personal social support emerged as significant. Items
representing education status and mental health status did not retain their significance.
Results for the full model show that compared to those residing in an Interim
Housing program at Wave 1, those residing in a Permanent Supportive Housing program
are much less likely to both wish and plan to move from their current neighborhood at the
time of the Wave 2 survey (b = -2.905, p < .01), holding all other items constant. The
odds of both wishing and planning to move, rather than not wishing or planning to move
decreases by 94.5% for those who started in Permanent Supportive Housing relative to
those in an Interim Housing program.5 The strong association between residing in a

4

For each of the individual predictors and controls I present regression coefficients and other regression
results from the final model, Block 4, rather than when items were first introduced, in order to report what
is uniquely explained by a particular variable after accounting for shared variance in the fitted model.
5

This program type item has low variance as just below 10% of cases resided in an Interim program. This
low variance may contribute to sparse data, which was evident through a crosstabulation of mobility
intentions outcome by program type. Results show one cell containing 3 observations and one cell with five
observations, respectively. I tested the model with and without the program type variable; results show no
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Permanent Supportive Housing program and not wishing or planning to move is not
surprising given the minimal availability of affordable housing options in the city of
Chicago (Zelalem et al. 2006; Sloss 2011). Further, Interim Housing programs are
intended to provide temporary housing until individuals locate a permanent housing
location (Chicago Continuum of Care 2003).
Results suggest that family status is also strongly associated with neighborhood
mobility intentions at Wave 2. Among this sub-set of respondents, those residing in a
housing program for single adults at baseline are much less likely to (b = -1.821, p < .05)
to both wish and plan to move from their neighborhood within the next year, compared to
adults residing with family. Residing in a single adult program is associated with an
83.8% decrease in the odds of both wishing and planning to move from one’s
neighborhood, all else held equal.
Racial characteristics are also significantly associated with both wishes and plans
to move from their neighborhood, findings suggest. As mentioned above, AfricanAmericans are overrepresented in Chicago’s residential homeless system in relation to
the proportion of African-Americans in the city (Sosin et al. 2010). Among this subset of
survey respondents, those who are not Black, 6 7 compared to African-Americans, are

substantial change in the estimates for the Chicago region and neighborhood predictor coefficients of
interest. Further, program type is an important variable theoretically for this study of the homeless system
in Chicago.
6

Among the 17.7% (N=46) whom are categorized as non-Black in this subset of the survey, all individuals
reported to be non-Hispanic white, except for three self-reported Hispanic individuals.
7

This race variable for Model 3 is coded as 1=non-Black and 0=Black due to the low variance for this
variable. In the previously discussed models, the race measure was coded as 1=Black, 0=non-Black. I
initially tested this model with the original coding (1=Black, 0=non-Black), however, there were numeric
problems which were demonstrated by inflated odds ratio and confidence intervals for the odds ratio
values. Thus, for Model 3, I use the reverse-coded coding (1=non-Black, 0=Black).
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much less likely to both wish and plan to move, relative to not wishing or planning to
move (b = -1.872, p < .002). Those who are not Black (i.e. mostly non-Hispanic whites),
again, seem to be more content in their neighborhood locations. Relative to AfricanAmericans, non-Hispanic whites/Hispanics are 84.6% less likely to reportedly both wish
and plan to move from their neighborhood at Wave 2.
Lastly, results indicate that as respondent’s level of personal support from family
and friends increases, they are more likely to both wish and plan to move at Wave 2 (b =
.045, p < .05). With each one-unit increase on the personal support scale, respondents
have a 4.6% increased odds of both wishing and planning to move at Wave 2, relative to
not wishing or planning to move. This item is included to control for the level of personal
support from family and friends, especially due to the presence of the indicator estimating
the impact of the access to family/friends on mobility intentions (discussed below). This
result may suggest that the more personal support from family and friends, individuals are
better positioned to make plans to leave (as well as to wish to leave) perceived
unfavorable neighborhood conditions.
Model 3, Block 2: Wave 2 Neighborhood Mobility Intentions by Region of Chicago
Block 2 introduced a set of predictor variables representing the area of the city at
which respondents resided at the time of the baseline interview. I added a set of four
region of Chicago dummy items: Southwest/Far Southwest Side, North /Far North Side,
Central, and West Side. South/Far Southeast Side is the omitted reference category.
Again, these region of Chicago indicators were included to situate results about mobility
among those housed through Chicago’s homeless system into a geographic location.
In order to measure the overall model improvement after introducing the region of
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Chicago items at Block 2, I computed a log-likelihood test comparing Blocks 1 and 2.
Results indicate that Block 2 significantly improves the predictions of neighborhood
mobility intentions at Wave 2. The obtained difference in chi-square value (40.894) is
substantially larger than the critical chi-square value (15.507) (difference in degrees of
freedom = 8, .05 alpha level); therefore I reject the null hypothesis that the predictor
effects of the items comprised in the second block are zero and do not improve the
prediction of mobility intentions at Wave 2. Thus, this test indicates that the second
block, which contains the set of region of Chicago indicators, significantly improves the
prediction of mobility intention outcomes at Wave 2.
Both Wish and Plan to Move: Block 2 Predictors. As I discussed above, I
hypothesized mixed impacts of the various region of Chicago indicators on neighborhood
mobility intention outcomes. In Block 2, North/Far North Side and Southwest/Far
Southwest Side were negatively associated with mobility intentions. In the full model,
North/Far North Side and Southwest/Far Southwest Side retained their negative
coefficients, while residing in Chicago’s Central region became positively correlated with
mobility intentions. I predicted those residing on the North/Far North Side would be less
likely to desire and plans to move from their neighborhood. Regression results support
this hypothesis, showing that those residing on the North/Far North Side are less likely to
both desire and planning to move at Wave 2 (b = -1.512, p < .05). Residence on the
North/Far North Side, in reference to the South/Far Southeast Side, is associated with a
78% decrease in the odds of both wishing and planning to leave one’s neighborhood at
Wave 2, all else held equal.
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Regression results pertaining to the remaining region of Chicago items do not
support my hypotheses. Those residing on the Southwest/Far Southwest Side are less
likely to both wish and plan to move from their neighborhood (b = -1.483, p < .050).
Those residing on the Southwest/Far Southwest Side, relative to the South/Far Southeast
Side, have a 77.3% reduced odds of both wishing and planning to leave one’s
neighborhood at Wave 2, all else held equal. This result contrasts my hypothesis that
there is not a significant difference between residing on the Southwest/Far Southwest
Side and the reference area, South/Far Southeast Side.
Likewise, I expected those residing in Chicago’s Central region would be less
likely to desire and plan to move from the area, yet results show the opposite effect. This
finding, which indicates that those residing in the Central region (b = 1.362, p < .05) are
more likely to intend to move, should be interpreted with caution as results show inflated
odds ratio and confidence interval on the odds ratio values. An odds ratio of 3.904
indicates that those who reside in the Central area are 290.4% more likely to both wish
and plan to move, in reference to those residing on the South/Far Southeast Side. The
inflated odds ratio may be the result of sparse data cells. A crosstabulation of mobility
intentions at Wave 2 by Central shows five observations for the cell representing those
who reside in the Central region of Chicago and either wish or plan to move. Finally,
residing on the West Side does not significantly shape neighborhood mobility intentions.
Model 3, Block 3: Wave 2 Neighborhood Mobility Intentions by Access to Family and
Friends
In Block 3, I introduced one composite item representing accessibility to family
and friends in relation to respondent’s current neighborhood location. This item
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represents accessibility to family/friends at Wave 2. A higher score on this access item
indicates greater access to family/friends.
Both relevant literature and information from housing providers in Chicago were
motivating factors for including this measure of access to friends and family. Housing
providers suggested that a lack of convenient access to family, friends, church, and other
resources may be associated with exits from or intentions to exit one’s program or
neighborhood. Likewise, some previous residential mobility studies have also found such
effects (Popkin, Levy, Harris, Comey, Cunningham et al. 2002; Turner, Popkin, and
Cunningham 2000). Consequently, and discussed above, I expect a negative association
between access to family/friends and neighborhood mobility intentions.
In order to measure the overall model improvement in predicting mobility
intentions after adding the composite access item to Block 3, I computed a likelihood
ratio test to compare Blocks 2 and 3. Results show that Block 3 significantly improves
the predictions of neighborhood mobility intention outcomes. This log-likelihood test
shows the obtained difference in chi-square value (40.54) is much larger than the critical
chi-square value (5.991) (difference in degrees of freedom = 2, .05 alpha level), therefore
I reject the null hypothesis that the predictor effects of the model including the access to
family/friends item are zero and do not improve the prediction of the mobility intentions
at Wave 2. Thus, this test indicates that the access item does significantly improve the
prediction of mobility intention outcomes at Wave 2.
Both Wishes and Plans to Move: Block 3 Predictors. As mentioned above, I
hypothesized that the access to family and friends item would be negatively associated
with mobility intentions, that as access to family and friends increased, individuals would
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be less likely to wish and plan to move from their neighborhood. Consistent with my
hypothesis, results show a negative association between access to family and friends and
desires and plans to leave one’s neighborhood (b = -.390, p < .001) at Wave 2. Level of
family/friend access negatively impacted mobility intentions when the item was first
brought into Block 3 and retained the negative association in the full model. For each
one-unit increase in access to family/friends, respondents are 32.3% less likely to both
wish and plan to move from their neighborhood within the year, net of all controls and
predictors in the model.
Model 3, Block 4: Wave 2 Neighborhood Mobility Intentions by Neighborhood
Perceptions
The fourth block added a pair of neighborhood perception items and is the final
fitted model predicting neighborhood mobility intention outcomes at Wave 2. These two
items, which were collected at Wave 2, measure neighborhood satisfaction and a rating of
neighborhood quality. Higher scores on the rating scales for these two items demonstrate
a positive neighborhood assessment. As stated previously, other residential mobility
studies have shown that neighborhood perception and satisfaction impact mobility
outcomes, and that negative perceptions are associated with housing and neighborhood
exits (Andersen 2008; Klodawsky et al. 2009). Again, I hypothesized a negative
association; as neighborhood satisfaction and neighborhood quality increased,
respondents would be less likely to express neighborhood mobility intentions.
Results from a log-likelihood test to compare the contribution of Block 4 to the
third block shows that the addition of the pair of neighborhood perception items does not
significantly improve the prediction of neighborhood mobility intention outcomes. This
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log-likelihood test shows the obtained difference in chi-square value (-3.482) is less than
the critical chi-square value (9.488) (difference in degrees of freedom = 4, .05 alpha
level), thus I fail to reject the null hypothesis that the predictor effects are zero and do not
improve the prediction of mobility intention outcomes at Wave 2. I also computed
likelihood ratio tests for each individual neighborhood perception item, which show
mixed results. The neighborhood satisfaction indicator does significantly contribute to
explaining mobility intentions at Wave 2 (p < .001), whereas the item representing
neighborhood quality rating is not significantly associated (p = .210).
Both Wishes and Plans to Move: Block 4 Predictors. Regression results for these
individual neighborhood perception items show mixed effects. Consistent with my
hypothesis, increasing neighborhood satisfaction is associated with not both wishing and
planning to move from one’s neighborhood at Wave 2 (b = -.915, p < .01). For each oneunit increase in neighborhood satisfaction, respondents are 59.9% less likely to both wish
and plan to move from their neighborhood within the year, all else held equal. The
neighborhood quality coefficient is non-significant.
Model 3, Block 1: Wave 2 Neighborhood Mobility Intentions by Individual and Program
Controls
In the following section, I present results pertaining to the outcome category,
either wishing or planning to move from one’s neighborhood in the next year, in relation
to not wishing or planning to move (as shown in Table 21).8 Note that this category
largely represents individuals who expressed desire to move, but had no plans. Among

8

For each of the individual predictors and controls I present regression coefficients and other regression
results from the final model, Block 4, rather than when items were first introduced, in order to report what
is uniquely explained by a particular variable after accounting for shared variance in the fitted model.
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the 23.3% (N=60) of individuals in this model who either wish or plan, nearly all (N=54,
89.2%) reported to wish to move from their current neighborhood, but had no plans at
Wave 2.
Either Wish or Plan to Move: Block 1 Predictors. I next present results pertaining
to the association between the program and individual controls included in Block 1 and
either wishing or planning to move from one’s neighborhood.
Regression results show multiple significant associations between the individual
items included in Block 1 and either wishing or planning to move from one’s
neighborhood at Wave 2. Characteristics including residence in a single adult program,
also, residence in a Permanent Supportive Housing program, and having less than a high
school education were negatively associated with neighborhood mobility intentions when
first entered into the model. These items retained their significance in the full model and
likewise, the racial status item, which was not significant in Block 1, reached significance
in the fitted model.
Family status is also significantly associated with either wishing or planning to
move at Wave 2. Among this sub-set of the client sample, those residing in a single adult
housing program at baseline appear to be more content in their neighborhoods compared
to those residing in a family housing program. Single adult program residents are less
likely (b = -1.892, p < .01) to either wish or plan to move from their neighborhood within
the next year, compared to those residing in a family program, controlling for all other
items. Further, residing in a single adult program is associated with an 84.9% reduction in
the odds of either wishing or planning to move at Wave 2, relative to not wishing or
planning to move.

Table 21. Model 3: Multinomial Logistic Regression Analysis Predicting Either Wishing or Planning to Leave Neighborhood
at Wave 2
Block 1
Block 2
Block 3
Block 4
Exp
(B)
.208
1.021
.061
.680
.610
.266
.639
1.198
.491
.575
---------

B
coefficient
(Standard
Error)
-1.918*
(.844)
.025
(.019)
-2.593***
(.626)
-.196
(.524)
-.593
(.489)
-.312
(.396)
-.164
(.444)
.122
(.393)
-.016
(.019)
-.312
(.396)
-2.337**
(.694)

Exp
(B)
.147
1.025
.075
.822
.553
.732
.849
1.130
.984
.732
.097

+ p < .10, * p < .05, ** p < .01; *** p < .001; The reference category is “do not wish or plan to move.”

B
coefficie
nt
(Standard
-2.013*
Error)
(.934)
.045*
(.021)
-2.195**
(.660)
-.702
(.589)
-.708
(.531)
-1.160*
(.511)
-.277
(.480)
.072
(.425)
-.003
(.022)
-.212
(.435)
-2.177**
(.749)

Exp
(B)
.134
1.045
.111
.233
.492
.314
.758
1.075
.997
.809
.113

B
coefficient
(Standard
Error)
-2.399*
(1.037)
.060**
.023)
-1.892**
(.726)
-1.015+
(.595)
-.200
(.572)
-1.359*
(.588)
.153
(.517)
-.358
(.466)
-.010
(.022)
-.089
(.457)
-1.634*
(.786)

Exp
(B)
.091
1.062
.151
.363
.819
.257
1.165
.442
.990
.915
.195
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In a Permanent Housing program (1)
versus Interim Housing (0) at Wave 1
Age of Respondent at Baseline
Interview
Resided in program for single adults
(1) versus family program at Wave 1(0)
Non-Hispanic White or Hispanic (1)
versus African American (0)
Respondent was Currently Employed
at Wave 2 (1) versus not (0)
Less than a high school education (1) vs
high school diploma/GED or more(0)
Receipt of SSI in the 30 days before
Wave 2 (1) vs not receiving SSI (0)
Felony conviction prior to Wave 1 (1)
versus not convicted (0)
Respondent score on personal support
scale at Wave 2
Hospitalized for a psych. problem prior
Wave 1 (1) versus not (0)
Reside on Southwest Side/Far
Southwest Side at Baseline

B
coefficient
(Standard
Error)
-1.570+
(.800)
.021
(.018)
-2.796***
(.600)
-.385
(.475)
-.494
(.463)
-1.326 **
(.437)
-.448
(.399)
.180
(.371)
-.012
(.017)
-.553
(.373)
---------

Table 21. Cont. Model 3: Multinomial Logistic Regression Analysis Predicting Either Wishing or Planning to Leave Neighborhood
at Wave 2

Reside on North Side/Far North
Side at Baseline
Reside in Central Area at Baseline

Block 1
B
Exp
coefficient
(B)
(Standard
Error)
-----------------

Block 2
B
Exp
coefficient
(B)
(Standard
Error)
-1.729
.178
(.517)
-1.899
.150
(.628)
-1.357*
.258
(.540)
--------------

Block 3
B
Exp
coefficient
(B)
(Standard
Error)
-2.041**
.130
(.590)
-1.811**
.164
(.677)
-1.746**
.174
(.580)
-.391***
.676
(.079)

---------

---------

Reside on West Side at Baseline

---------

---------

Respondent rating of Access to
Family/Friends from current
neighborhood at Wave 2

---------

--------

Respondent rating of
Neighborhood Satisfaction at
Wave
2
Respondent
rating of
Neighborhood Quality at Wave 2

---------

--------

---------

------

---------

------

---------

---------

---------

------

---------

------

4.659
(1.426)
506.333

------

6.115
(1.574)
449.261

------

Intercept
-2 Log Likelihood Intercept and
Covariates
Nagelkerke R2
N

3.572
(1.317)
552.041

------

Block 4
B
coefficient
(Standard
Error)
-1.949**
(.142)
-1.256+
(.754)
-1.649**
(.612)
-.395***
(.092)
-.941**
(.299)
.090+
(.052)
6.855
(1.843)
400.810

.266

.380

.486

.513

296

294

287

260

.142
.285
.192
.674

.390
1.095
------
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Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001; The reference category is “do not wish or plan to move.”

Exp
(B)
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Racial/ethnic characteristics appear to marginally affect whether clients in this
sub-sample either desire or plan to leave their neighborhood in the next year. Compared
to African-Americans, non-Blacks (i.e. mostly non-Hispanic whites and a few Hispanics)
are much less likely to either wish and plan to move from their current neighborhood at
the time of the Wave 2 survey (b = -1.015, p = .08), holding all other items constant.
Likewise, as level of education increases, respondents are less likely to either wish or
plan to move (b = -1.359, p < .05). Those without a high school diploma or GED are
74.3% less likely to either wish or plan to move from their neighborhood, all else held
equal.
Age is the final demographic characteristic that is significantly related to mobility
intentions at Wave 2. Results show a positive association between age and either wishing
or planning to move at the time of the second survey (b = .060, p < .01). Thus, as age
increases by one-year increments, the likelihood of either wishing or planning to move
from one’s neighborhood increases by 6.2%, net of all predictors and controls.
In addition to having a strong negative association with both having desires and
plans to move, those residing in a Permanent Supportive Housing program are much less
likely to either wish or plan to move from their current neighborhood at Wave 2 (b = 2.399, p < .05), compared to those residing in an Interim Housing program at Wave 1, net
of all predictors and controls. The odds of either wishing or planning to move decreases
by 90.9% for Permanent Supportive Housing program relative to Interim Housing
program residents.9 Again, as discussed above, this result is expected, given the lack of

In light of this large effect, this item’s low variance and presence of sparse data cells should be noted, as
mentioned above.
9
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affordable housing in Chicago (Zelalem et al. 2006), in addition to the fact that Interim
Housing programs are modeled to be temporary accommodations prior to entering a
permanent housing situation (Chicago Continuum of Care 2003).
Model 3, Block 2: Wave 2 Neighborhood Mobility Intentions by Region of Chicago
The second block of variables introduced a set of predictors representing the area
of Chicago at which respondents resided at the time of the baseline interview.
Either Wish or Plan to Move: Block 2 Predictors. Those residing in Chicago’s
North/Far North Side, Southwest/Far Southwest Side, West Side and Central region – all
of the region items included in the model – were less likely to either wish or plan to move
in Block 2 and they retained their negative impact in the full model. My hypotheses
pertaining to residence in Chicago’s North/Far North Side and Central regions were
supported, as I anticipated that individuals would be less likely to desire or plan to move
from these areas. When controlling for all other items in the model, residing on the
North/Far North Side at baseline is associated with 85.8% decreased odds of wishing or
planning to move (b = -1.949, p < .01). The coefficient for the Central area of the city is
only borderline significant (b = -1.256, p = .096).
The negative coefficients for the West Side and Southwest/Far Southwest Side,
respectively, do not support my hypothesis. I anticipated mobility intentions among
respondents residing on the West and Southwest/Far Southwest Side. However, I also
anticipated mobility intentions among those residing in the reference area, the South/Far
Southeast Side. Thus, I hypothesized that there would not be a significant difference
between residing on the Chicago’s West Side or Southwest/Far Southwest Side and the
reference category. Results suggest that the odds of either wishing and planning to move,
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relative to not wishing or planning to move, decreased by 80.8% for those who residing
on the West Side, in reference to communities on Chicago’s South/Far Southeast Side, all
else held equal (b = -649, p < .01). Comparably, residing on the Southwest/Far Southwest
Side, is associated with an 80.5% decreased odds of desiring or planning to move from
their neighborhood in the next year, controlling for all other items in the model (b = 1.634, p < .05).
Model 3, Block 3: Wave 2 Neighborhood Mobility Intentions by Access to Family and
Friends
The third block of variables introduced one composite item representing
accessibility to family and friends in relation to respondent’s current neighborhood
location. This item represents accessibility to family/friends at Wave 2. A higher score on
this access item indicates greater access to family/friends.
Either Wishes or Plans to Move: Block 3 Predictors. Similar to the significant
negative impact of access to family and friends on both wishing and planning to move,
access negatively affects either wishing or planning to move at Wave 2. Again, the access
to family and friends item possessed a strong, negative association with mobility
intentions in Block 3 and this relationship persisted in the full model. Those with
increasing access to their family and friends are less likely to wish or plan to move from
their current neighborhood (b = -.395, p < .001). As access to friends and family
increases by one unit, respondents are 32.6% less likely to either wish or plan to move
from their neighborhood within the year, all else held equal.
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Model 3, Block 4: Wave 2 Neighborhood Mobility Intentions by Neighborhood
Perceptions
Again, Block 4 added a pair of neighborhood perception items and is the final
fitted model predicting neighborhood mobility intention outcomes at Wave 2.
Either Wishes or Plans to Move: Block 4 Predictors. Similar to their impact on
both wishing and planning to move, the impact of the neighborhood perception items on
respondents either wishing or planning to move at Wave 2 are mixed. The neighborhood
satisfaction coefficient is negative (b = -.941, p < .01), which as stated above, supports
my hypothesis that as neighborhood satisfaction increases, individuals will be less likely
to wish or plan to move. Each one-unit increase in neighborhood satisfaction is associated
with a 61% decreased likelihood of wishing or planning to move, all else held constant.
The coefficient for neighborhood quality rating is positive, surprisingly, yet this result did
not reach statistical significance (b = .090, p = .083).
Diagnostics Testing for Model 3
The -2 Log Likelihood decreased substantially from 552.041 to 400.810 between
Blocks 1 and 4. Further, we see that the Nagelkerke pseudo-R2 appreciably increased
from .266 to .513 between Block 1 and the full model (Table 21), suggesting improved
prediction of neighborhood mobility intention outcomes at Wave 2 with the region of
Chicago and neighborhood predictors, along with the controls.
The full Model 3 contained 17 independent variables and 260 cases; thus with 15
cases per independent variable, this full model exceeded Hosmer and Lemeshow’s (2000)
recommendation for a minimum of 10 cases per independent variable in multinomial
logistic regression.
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Comparisons between Block 1 and Block 4 show that the final model correctly
predicts neighborhood mobility intention outcomes at Wave 2 for 63.7% of cases (see
Table 23); this compares to 52.0% correct prediction for Block 1, containing only the
program, demographic, constraint and resource controls (see Table 22).10 Further, these
tables show that the prediction of the category either wishes or plans to move
substantially improved between Block 1 and Block 4. Further, the proportional reduction
in error between Block 1 and Block 4 is 32.8%; the full model predicted 94 cases
incorrectly, compared to 140 errant cases for Block 1.
Table 22. Model 3, Block 1: Percent of Cases Correctly Predicted
Predicted
Both wishes Either wishes Does not
and plans to or plans to wish or plan
Observed
move
move
to move
Both wishes and plans
54
6
47
to move
Either wishes or plans
34
1
29
to move
Does not wish or plan
24
0
99
to move
Overall Percentage
38.0%
2.7%
59.4%
Correct

Percent
Correct
49.9%
2.3%
80.3%
52.0%

Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

10

SPSS does not present a classification table for an intercept-only model in multinomial logistic
regression, thus I calculated model improvements between Block 4 and Block 1, rather than the fitted and
intercept-only models.
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Table 23. Model 3, Block 4/Full Model: Percent of Cases Correctly Predicted
Predicted
Both wishes Either wishes Does not
Percent
and
plans
to
or
plans
to
wish
or
plan
Correct
Observed
move
move
to move
Both wishes and plans
61
13
23
62.4%
to move
Either wishes or plans
22
23
15
38.9%
to move
Does not wish or plan
12
9
81
79.7%
to move
Overall Percentage
36.6%
17.6%
45.8%
63.7%
Correct
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

Influence Statistics for Full Model 3
An examination of outliers shows that overall this model fits this data well. SPSS
software does not compute diagnostics tests for outliers in multinomial regression models
(Menard 2010; UCLA Statistical Consulting Group, [no year provided]); instead I
conducted diagnostics tests by running two binary logistic regression models. In each of
the respective binary logistic models, the dependent variable consisted of one of the
categories of interest and the reference category, do not wish or plan to move. In the first
binary logistic model, the dependent variable was comprised of the categories both wish
and plan to move and the reference group, do not wish to move. Results show there were
no cases with a Dbeta score greater than 1.
A test of Pearson residual shows four misclassified cases whose error/Pearson
residual is greater than two standard deviations. Half of these four cases were incorrectly
predicted to not wish or plan to move. In addition, SPSS calculated a leverage statistic to
identify particular cases which may strongly influence the regression coefficients. Results
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show that 11 cases have a leverage value above .2, which range from .22 to .34, thus do
not exceed .5.
In the second binary logistic model conducted for diagnostics testing, the
dependent variable consisted of the categories either wish or plan to move and the
reference category, do not wish or plan to move. Again, results show no cases with a
Dbeta score greater than 1. The Pearson residual test shows seven misclassified cases
whose error is greater than 2 standard deviations. Five out of these seven cases were
incorrectly predicted to not wish or plan to move. Results for the leverage statistic for the
cases in this model show 10 cases with value above .2, which range from.22 to .37, thus
do not have excessive influence on the model. Results for these diagnostics tests show
that overall, the predictor and control items comprised in Model 3 are appropriate to
estimate Wave 2 neighborhood mobility intentions.
Model 3: Predicted Probabilities – Wave 2 Neighborhood Mobility Intentions by
Individual and Program Controls, Region of Chicago, Access to Family/Friends, and
Neighborhood Satisfaction
To further demonstrate the effect of the fitted model on Wave 2 neighborhood
mobility intention outcomes, I calculated predicted probabilities for both wishing and
planning to move at Wave 2, and either wishing or planning to move at Wave 2 – based
on neighborhood satisfaction score and access to family/friends rating (see Figure 4).
Predicted probabilities were computed for individuals whose level of access to
family/friends in relation to their current neighborhood was low, medium, or high.11 The

11

Level of access is grouped into low (bottom 26.3% whose score ranged from 1-5 on recoded access
scale), medium (37.1% whose score ranged from 6-8 on access scale) and high (36.6 whose score ranged
from 9-10 on access scale) on the 1-10 scale.
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region of Chicago was set at South/Far Southeast Side, the reference category.
Neighborhood quality rating12 and the additional control items present in the full model
were held constant. In these models the covariates were all set to their median value and
the factors were all set to their modal value.
Figure 4 illustrates the large effects of neighborhood satisfaction and access to
family/friends on the predicted probabilities of both wishing and planning to move and
either wishing or planning to move. Both wishing and planning to move is lowest among
those with high rating of neighborhood satisfaction and high level of access to
family/friends, net of all controls. This pattern is similar for both mobility intention
categories, as is demonstrated with the nearly overlapping lines for those with the same
level of access to family and friend across both outcome categories (i.e. similar predicted
probability for those with low access to family and friends among those who both wish
and plan to move compared to those who either wish or plan to move). This pattern
persists across all levels of access.

12

I controlled for Neighborhood Quality because the regression coefficient was not significant in relation to
both wishing and planning to move at wave 2, and nearly non-significant (p = .083) in explaining either
wishing or planning to move.
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Figure 4. Model 3: Predicted Values for Both Wish & Plan to Move and Either
Wish or Plan to Move Based on Neighborhood Satisfaction, Access to
Family/Friends, and Controls at Wave 2

Probability of Both Wishing & Planning to Move and
Either Wishing or Planning to Move

Neighborhood Mobility Intentions at Wave 2
1
0.9

Both Wish & Plan - Low
Family/Friend Acces

0.8
Both Wish & Plan Medium Family/Friend
Access

0.7
0.6

Both Wish & Plan - High
Family/Friend Access

0.5
0.4

Either Wish or Plan - Low
Family/Friend Access

0.3

Either Wish or Plan Medium Family/Friend
Access

0.2
0.1

Either Wish or Plan - High
Family/Friend Access

0
1

2

3

4

5

Neighborhood Satisfaction
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

Discussion of Wave 2 Neighborhood Mobility Intentions Model
In summary, when controlling for a selection of variables representing program
type, demographics, constraints and resources, results show that select neighborhood
factors including level of access to family/friends, neighborhood satisfaction rating, and
location in Chicago at which individuals reside do shape neighborhood mobility intention
outcomes at Wave 2 among this subset of respondents housed through Chicago’s
residential homeless system.
Both Wish and Plan to Move. A number of predictors and controls explain
whether individuals both desire and plan to move. Increased neighborhood satisfaction
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and access to friends/family, along with residing on Chicago’s North/Far North and
Southwest/Far Southwest Sides are associated with not wishing or planning to move.
Likewise, those residing in a Permanent Supportive Housing program at Wave 2, residing
in a single adult program at baseline, and those who are non-Black (i.e. non-Hispanic
white or Hispanic) are all less likely to express neighborhood mobility intentions. Very
few items are positively associated with mobility intentions. Increasing score on a
personal support scale as well as residing in Chicago’s Central area increase the
likelihood of both wishing and planning to move at Wave 2.
Either Wish or Plan to Move. Overall, these predictors and controls similarly
shape either wishing or planning to move from one’s neighborhood. Again, only a few
items have a positive effect on mobility intentions. Increasing age and, surprisingly,
increasing neighborhood quality rating are positively associated with wishes or plans to
move, however, again, neighborhood quality did not reach statistical significance. A
much greater number of predictors and controls have a suppressive effect on
neighborhood mobility intentions. Most notably, increased rating of neighborhood
satisfaction and access to friends/family, along with residing in each of the region of
Chicago categories – Central, North/Far North, West, and Southwest/Far Southwest Sides
– in reference to the South/Far Southeast Side, are associated with not wishing or
planning to move at Wave 2. The result for the Central area did not reach statistical
significance, however. Likewise, several program and demographic characteristics are
negatively associated with mobility intentions: those residing in Permanent Supportive
Housing at Wave 2, residing in a single adult program at baseline, those who are non-
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black, and those without a high school diploma or GED are less likely to intend to leave
their neighborhood. The racial characteristics predictor is only borderline significant.
Model 4: Neighborhood Mobility Intentions at Wave 3 as predicted by
Neighborhood Characteristics and Region of Chicago among Individuals who
remained in their Baseline Interim or Permanent Housing Program
In the following section, I present results from analyses conducted to examine
neighborhood mobility intention outcomes at Wave 3 among individuals housed through
Chicago’s residential homeless system. Similar to the previous examination of Wave 2
neighborhood mobility intentions, I conducted multinomial logistic regression analyses to
estimate the effects of program type, demographic characteristics, individual constraints
and resources, access to family and friends, neighborhood perception, and region of
Chicago on mobility intentions – the odds of respondents wishing to move from and the
odds of respondents having plans to move from their current neighborhood at Wave 3.
Specifically, these analyses included all respondents who remained in their baseline
housing program at Wave 3. Thus, these analyses excluded respondents who had already
left their baseline housing program by the time of the Wave 3 interview. Again, due to
missing data, those staying in a shelter at Wave 1 were excluded from the model.
The Wave 3 neighborhood mobility intentions dependent variable was comprised
of the same three categories as the Wave 2 mobility intentions dependent variable. To
carry out these Wave 3 analyses, I built four nested multinomial logistic models in order
to examine model improvement in predicting mobility intentions at Wave 3 as a result of
successive sets of predictor and controls variables. This model included the same sets of
predictor variables and controls included in Model 3. Again, each block/model estimated
the likelihood of both wishing and planning to move from one’s neighborhood, and either
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wishing or planning to move, relative to the reference category – do not wish or plan to
move.
As with Model 3, in reporting results for each of the four nested blocks in Model
4, I first discuss results pertaining to the outcome both wish and plan to move (Table 24),
followed by results for the second outcome of interest, either wish or plan to move (Table
25). Again, these outcomes were predicted in reference to do not wish to plan or move

Table 24. Model 4: Multinomial Logistic Regression Analysis Predicting Both Wishing and Planning to Leave Neighborhood
at Wave 3
Block 1
Block 2
Block 3
Block 4

In a Permanent Housing program (1)
vs Interim (0) at Wave 1
Age of Respondent at Baseline

Exp (B)

.388
.929
3.063
.691
1.278
1.277
.954
.488
.998
.481
--------

B
coefficient
(Standard
Error)
-1.047
(.770)
-.066**
(.020)
1.223*
(.511)
-.444
(.528)
.192
(.637)
.502
(.436)
.026
(.406)
-.740+
(.412)
-.001
(.019)
-.417
(.403)
-1.754*
(.847)

Exp
(B)
.351
.937
3.399
.641
1.212
1.653
1.027
.477
.999
.659
.173

B
coefficient
(Standard
Error)
-.231
(.900)
-.052*
(.023)
.647
(.595)
.608
(.634)
.635
(.699)
.537
(.499)
-.055
(.450)
-1.054*
(.453)
.025
(.023)
-.285
(.457)
-2.091*
(.929)

+ p < .10, * p < .05, ** p < .01; *** p < .001; The reference category is “do not wish or plan to move.”

Exp
(B)
.793
.949
1.911
1.837
1.887
1.711
.947
.348
1.025
.752
.124

B
coefficient
(Standard
Error)
-.030
(.938)
-.057*
(.024)
.468
(.674)
.882
(.672)
.675
(.735)
.209
(.534)
-.095
(.470)
-.568
(.476)
.033
(.025)
-.266
(.481)
-2.081*
(.946)

Exp
(B)
.970
.945
1.597
2.416
1.964
1.232
.909
.567
1.034
.766
.125
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In a family program (1) versus single
program at Wave 1 (0)
Respondent was African-American (1)
versus Not African-American (0)
Respondent was currently employed
at Wave 3 (1) versus not (0)
Less than a high school education (1)
vs a high school diploma/GED or more
(0)
Receipt of SSI in the 30 days before
Wave 2 (1) versus not receiving SSI (0)
Felony conviction prior to Wave 1 (1)
versus not convicted (0)
Respondent score on personal support
scale at Wave 3
Hospitalized for a psych. problem
prior to Baseline (1) versus not (0)
Reside on Southwest/Far Southwest
Side at Baseline

B
coefficient
(Standard
Error)
-.946
(.756)
-.073***
(.020)
1.119*
(.452)
-.370
(.479)
.245
(.629)
.245
(.409)
-.047
(.395)
-.717+
(.393)
-.002
(.019)
-.731+
(.392)
---------

Table 24. Cont. Model 4: Multinomial Logistic Regression Analysis Predicting Both Wishing and Planning to Leave
Neighborhood at Wave 3

Reside on North/Far North Side at
Baseline
Reside in Central Area at Baseline

Block 1
B
Exp
coefficient
(B)
(Standard
Error)
----------------

Block 2
B
Exp
coefficient
(B)
(Standard
Error)
-.624
.536
(.473)
-.525
.592
(.602)
-.031
.970
(.571)
----------------

Block 3
B
coefficient
(Standard
Error)
-.827
(.542)
-.634
(.690)
-.086
(.609)
-.544***
(.097)

Exp
(B)
.437

---------

--------

Reside on West Side at Baseline

---------

--------

Respondent rating of Access to
Family/Friends from current
neighborhood at Wave 3

---------

--------

Respondent rating of
Neighborhood Satisfaction at
Wave
3
Respondent
rating of
Neighborhood Quality at Wave 3

---------

--------

---------

--------

---------

--------

---------

--------

---------

--------

---------

--------

4.527
(1.327)
457.199

--------

4.512
(1.363)
425.406

--------

5.835
(1.599)
372.873

--------

Intercept
-2 Log Likelihood Intercept and
Covariates
Nagelkerke R2
N

.531
.918
.581

Block 4
B
Exp
coefficient
(B)
(Standard
Error)
-.397
.673
(.608)
.229
1.258
(.815)
-.004
.996
(.667)
-.551***
.576
(.105)
-.331
(.254)
-.083+
(.050)

.718

8.520
(1.937)
352.623

--------

.337

.421

.551

.592

253

250

247

246
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Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001; The reference category is “do not wish or plan to move.”

.920
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Model 4, Block 1: Wave 3 Neighborhood Mobility Intentions by Individual and Program
Controls
The initial block of variables contained items representing family status, program
type, racial characteristics, income, employment status, mental health status, and other
control variables.13 Similar to Model 3, the control items were all collected at baseline,
with the exception of items representing employment status, receipt of SSI, and level of
personal social support, which were obtained at Wave 3. Results from a likelihood ratio
test between the intercept-only model and Block 1 indicate that that first block of
variables contributes to the prediction of neighborhood mobility intentions among this
subset of the survey sample housed through Chicago’s homeless system. A significant
result indicates a rejection of the null hypothesis that all of the regression coefficients in
the block are equal to zero and do not improve the prediction of mobility intentions (p <
.001). Furthermore, I computed likelihood ratio tests to examine the contribution of each
of the control items in Block 1. These results indicate that family status, age, current
employment status, criminal background, mental health characteristics, and score on
personal support scale all are significant in explaining neighborhood mobility intentions
at Wave 3 (at least p < .10 for each aforementioned item).
Again, for Model 4, I first present results for both wishing and planning to move
from one’s neighborhood within the next year (Table 24), followed by results for the
category, either wishing or planning to move from one’s neighborhood in the next year

13

The item representing whether the respondent received TANF income at wave 3 was excluded from
Model 4 because this variable contained an extremely narrow distribution as only 14 cases included in the
model received TANF at wave 3. Also, in earlier iteration of the model containing the TANF item, it had
extremely large odds ratio (10.266) and confidence interval for Exp (B) (8.44 to 124.850).
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(Table 25). Both sets of findings are explained relative to the reference category, do not
wish or plan to move. 14
Both Wish and Plan to Move: Block 1 Predictors. Multiple control items were
significant in Block 1 – age, criminal history, and mental health status were all negatively
associated with both wishing and planning to move, while being homeless with family
was positively related to both wishing and planning to move. In the full model, however,
age emerged as the only significant control predicting both desiring and planning to move
at Wave 3 (b = -.052, p < .05). For each one year increase in age, the likelihood of both
wishing and planning to move from one’s neighborhood at the Wave 3 interview
decreases by 5.5%, holding all else equal.
Model 4, Block 2: Wave 3 Neighborhood Mobility Intentions by Region of Chicago
The second block added a set of dummy predictors representing the area of
Chicago where respondents resided at the time of the baseline interview. These four items
were the following: Southwest Side/Far Southwest Side, North Side/Far North Side,
Central, and West Side. Again, South Side/Far Southeast Side was the reference category
for this model.
I computed a log-likelihood test comparing Blocks 1 and 2 in order to measure the
overall model improvement in predicting mobility intentions at Wave 3 after introducing
the region of Chicago items to the model. Log likelihood test findings suggest that Block
2 – containing the region of Chicago items and controls – does improve the prediction of
neighborhood mobility intentions at Wave 3. The obtained difference in chi-square value

14

For each of the individual predictors and controls, I present regression coefficients and other regression
results for the full Model 4 model, rather than when items were first introduced, in order to report what is
uniquely explained by a particular variable after accounting for shared variance in the fitted model.
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(27.373) exceeds the critical chi-square value (15.507) (difference in degrees of freedom
= 8, .05 alpha level), therefore I reject the null hypothesis that the predictor effects for the
items introduced in the second block are zero and do not improve the prediction of
neighborhood mobility intentions at Wave 3.
Both Wish and Plan to Move: Block 2 Predictors. The location in the city where
respondents reside does not largely explain neighborhood mobility intentions at Wave 3,
results suggest. Southwest/Far Southwest Side was negatively associated with both
wishing and planning to move when the region items were first introduced, and is the
only region of Chicago which predicts mobility intention outcomes in the full model.
Relative to living in the South/Far Southeast Side, residing on Chicago’s Southwest/Far
Southwest Side is associated with an 87.5% reduction in the odds of both wishing and
planning to leave one’s current neighborhood, all else held equal (b = -2.081, p < .05). As
mentioned in relation to Model 3, I anticipated no significant differences in mobility
intentions between residing on the Southwest/Far Southwest Side and the reference area,
the Southeast/Far Southeast Side. Thus, the negative association does not support my
expectation. Residing on Chicago’s West Side, North/Far North Side, and Central area
are not significantly associated with having both plans and desires to move at Wave 3.
Model 4, Block 3: Wave 3 Neighborhood Mobility Intentions by Access to Family and
Friends
In the third block, I added in one item which represents the degree to which
respondents can easily access their family and friends in relation to their current
neighborhood. This item represents level of access to family/friends at Wave 3.
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Again, I expected to find a negative relationship between the level of access to
family/friends and Wave 3 mobility intentions.
This access item does significantly improve the prediction of neighborhood
mobility intentions at Wave 3, results from a likelihood ratio test suggest. This test shows
the obtained difference in chi-square value (48.485) is substantially larger than the
critical chi-square value (5.991) (difference in degrees of freedom = 2, .05 alpha level),
therefore I reject the null hypothesis that the predictor effects of Block 3, which
introduces the access to family/friends composite item is zero and does not improve the
prediction of the residential mobility intentions at Wave 3.
Both Wish and Plan to Move: Block 3 Predictors. Access to family/friends is
negatively associated with Wave 3 mobility intentions, supporting my hypothesis. When
initially introduced into the model, family/friend access had a strong, negative coefficient
and retained its strength and significance in the full model (b = -.551, p < .001). Each
one-unit increase in access to family/friends is associated with a 42.4% decreased
likelihood of both desiring and planning to move from respondents’ neighborhood within
the year, all else held equal.
Model 4, Block 4: Wave 3 Neighborhood Mobility Intentions by Neighborhood
Perceptions
Finally, I introduced the pair of items representing neighborhood perceptions at
Wave 3. I expected to find a negative association between the neighborhood perception
items and mobility intention outcomes at Wave 3.
I computed a log-likelihood test to compare the contribution of this set of
variables in comparison the variables in Block 3. These results show that the addition of
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the pair of neighborhood perception items does significantly improve the prediction of
Wave 3 neighborhood mobility intention outcomes. This log-likelihood test shows the
obtained difference in chi-square value (17.258) is appreciably greater than the critical
chi-square value (9.488) (difference in degrees of freedom = 4, .05 alpha level), so I
reject the null hypothesis that the predictor effects are zero and do not improve the
prediction of mobility intention outcomes at Wave 3.
Both Wishes and Plans to Move: Block 4 Predictors. Regression results indicate a
slight negative impact of neighborhood quality rating on neighborhood mobility
intentions at Wave 3, however this coefficient did not reach statistical significance (b = .083, p = .094). Furthermore, findings suggest a negative impact of neighborhood
satisfaction rating on mobility intentions, again however, the coefficient is not significant.
Model 4, Block 1: Wave 3 Neighborhood Mobility Intentions by Individual and Program
Controls
In the following section, I present results pertaining to the outcome category,
either wishing or planning to move from one’s neighborhood in the next year, in relation
to not wishing or planning to move (as shown in Table 25). As discussed with regard to
Model 3, this category, for the most part, represents respondents who want to leave their
neighborhoods, but have no relocation plans in place. Among the 32.3% (N=79) of
respondents included in this full model who either wish or plan to move, nearly all
(N=69, 87.2%) reported that they wished to move from their neighborhood, but said they
do not have any set plans at the time of Wave 3.
Either Wishes or Plans to Move: Block 1 Predictors. Again, the initial block of
variables contained items representing program type and individual characteristics.

+ p < .10, * p < .05, ** p < .01; *** p < .001; The reference category is “do not wish or plan to move”
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Table 25. Model 4: Multinomial Logistic Regression Analysis Predicting Either Wishing or Planning to Leave Neighborhood
at Wave 3
Block 1
Block 2
Block 3
Block 4
B
Exp
B
Exp
B
Exp
B
Exp
coefficient (B) coefficient (B) coefficient
coefficient (B)
(B)
(Standard
(Standard
(Standard
(Standard
Error)
Error)
Error)
Error)
.961
2.613
1.049
2.854
1.410
4.096
1.938
6.943
In a Permanent Housing program (1) vs
Interim Housing (0) at Wave 1
(1.159)
(1.268)
(1.286)
(1.336)
-.020
.305
-.015
.985
-.004
.996
-.010
.990
Age of Respondent at Wave 1
(.020)
(.021)
(.023)
(.024)
-.760
.468
-.094
.910
-.336
.714
-.729
.483
In a family program (1) versus single
adult program (0) at Wave 1
(.544)
(.612)
(.653)
(.715)
.219
1.244
-.118
.889
.776
2.173
.890
2.435
Respondent was African-American (1)
versus not African American (0)
(.476)
(.514)
(.593)
(.621)
1.179*
3.252
1.218*
3.381
1.598**
4.942
1.682**
5.374
Respondent was currently employed (1)
versus not (0) at Wave 3
(.532)
(.548)
(.600)
(.639)
.214
1.238
-.185
.831
-.418
.659
-.735
.479
Less than a high school education (1) vs
high school diploma/GED or more (0)
(.385)
(.422)
(.493)
(.544)
-.677+
.508
-.715+
.489
-.960*
.383
-1.065*
.345
Receipt of SSI benefits in the 30 days
before Wave 3 (1) vs not receiving SSI (0)
(.377)
(.410)
(.454)
(.481)
-.616+
.540
-.302
.739
-.451
.637
-.023
.977
Felony conviction prior to Wave 1 (1)
versus not convicted (0)
(.350)
(.378)
(.413)
(.452)
.055**
1.057
.044*
1.045
.068**
1.070
.082**
1.085
Respondent score on personal support
scale at Wave 3
(.019)
(.020)
(.024)
(.025)
.362
1.436
.150
1.162
.471
1.602
.403
1.496
Hospitalized for a psych. problem prior
Wave 1 (1) versus not (0)
(.366)
(.397)
(.448)
(.471)
-------------1.492**
4.447
1.464*
4.321
1.439*
4.215
Reside on Southwest Side/Far Southwest
Side at Baseline
(.563)
(.619)
(.663)

Table 25. Cont. Model 4: Multinomial Logistic Regression Analysis Predicting Either Wishing or Planning to Leave
Neighborhood at Wave 3

Reside on North Side/Far North
Side at Baseline
Reside in Central Area at Baseline

Block 1
B
Exp
coefficient
(B)
(Standard
Error)
----------------

Block 2
B
Exp
coefficient
(B)
(Standard
Error)
-.617
.540
(.560)
.340
1.404
(.579)
.552
1.737
(.551)
-----------------

Block 3
B
Exp
coefficient
(B)
(Standard
Error)
-.799
.450
(.616)
.400
1.492
(.642)
.560
1.750
(.592)
-.520***
.595
(.099)

---------

--------

Reside on West Side at Baseline

---------

--------

Respondent rating of Access to
Family/Friends from current
neighborhood at Wave 3

---------

--------

Respondent rating of
Neighborhood Satisfaction at
Wave
3
Respondent
rating of
Neighborhood Quality at Wave 3

---------

--------

---------

---------

---------

--------

---------

--------

---------

---------

---------

--------

-1.922
(1.635)
457.199

_____

-1.957
(1.771)
425.406

---------

-.227
(1.887)
372.873

--------

Intercept
-2 Log Likelihood Intercept and
Covariates
Nagelkerke R2
N

Block 4
B
Exp
coefficient (B)
(Standard
Error)
-.605
.546
(.670)
1.034
2.813
(.726)
.728
2.071
(.648)
-.534***
.586
(.109)
-.602*
(.249)
-.028
(.047)

.548

1.907
(2.140)
352.623

------

.337

.421

.551

.592

253

250

247

246
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Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001; The reference category is “do not wish or plan to move”

.973
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When introduced in Block 1, having a felony conviction and receipt of SSI income
negatively predicted either wishing or planning to move, whereas personal support and
current employment were positively associated with either wishing or planning to move.
All of these controls, except felony status retained their significance in the full model.
SSI income recipients at Wave 3 are 65.5% less likely to either desire or plan to move
from their neighborhood at Wave 3 (b = -1.065, p < .05). Level of personal support is
positively related to desiring or planning to move. With each one-unit increase on the
personal support scale, respondents have an 8.5% increased odds of either wishing or
planning to move from their neighborhood at Wave 3, relative to not wishing or planning
to move (b = .082, p < .01). Likewise, results suggest a positive association between
employment at Wave 3 and wishing or planning to move from one’s neighborhood at
Wave 3 (b = 1.682, p < .01). These findings pertaining to employment, however, should
be interpreted with caution in light of an inflated odds ratio and confidence interval for
the odds ratio value. The 5.374 odds ratio indicates those currently employed at the time
of Wave 3 are over 400% more likely to either wish or plan to move. The large odds ratio
may be due to sparse data; a crosstabulation of mobility intentions at Wave 3 by currently
employed shows only five observations for the cell representing those who are currently
employed and do not wish to wish or plan to move from their neighborhood.
Model 4, Block 2: Wave 3 Neighborhood Mobility Intentions by Region of Chicago
Block 2 added variables representing the area of Chicago where respondents
resided at the time of the baseline interview.
Either Wish or Plan to Move: Block 2 Predictors. Similar to results for both
wishing and planning to move, Southwest/Far Southwest Side is the only region of
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Chicago predictor which helps to explain whether respondents either wish or plan to
move from their neighborhoods at Wave 3. However, dissimilar from results for both
wishing and planning, the Southwest/Far Southwest Side had a positive coefficient when
introduced into the model and retained that significant association in the full model.
Again, this result does not support my hypothesis of no difference between the Southwest
Side and reference area. An inflated odds ratio and confidence interval for the odds ratio
suggests that this effect should be interpreted with caution, however. Odds ratio results
suggest that those residing on the Southwest/Far Southwest Side are over 300% more
likely to either wish or plan to move from their neighborhood at Wave 3, in reference to
those living on the South/Far Southeast Side, all else held equal.
Model 4, Block 3: Wave 3 Neighborhood Mobility Intentions by Access to Family and
Friends
Block 3 added one item which represents the degree to which respondents can
easily access their family and friends in relation to their current neighborhood.
Either Wish or Plan to Move: Block 3 Predictors. Akin to results for both wishing
and planning to move, access to family/friends has a strong effect on either wishing or
planning to move at Wave 3 – both when first introduced and in the full model.
Respondents with increasing levels of access to their family and friends are much less
likely to wish or plan to move from their current neighborhood (b = -.534, p < .001). For
each one-unit increase in family/friend access, respondents are 41.4% less likely to either
wish or plan to move from their neighborhood within the year, net of all predictors and
controls. Again, this negative association between family/friend access and neighborhood
mobility intentions substantiates my hypothesis.
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Model 4, Block 4: Wave 3 Neighborhood Mobility Intentions by Neighborhood
Perceptions
As mentioned above, the fourth block added a pair of items representing
neighborhood perceptions at Wave 3.
Either Wishes or Plans to Move: Block 4 Predictors. Similar to the relationship
between neighborhood perceptions and both wishing and planning to move at Wave 3,
neighborhood satisfaction has a negative coefficient in relation to either wishing or
planning to move. Neighborhood satisfaction has a large negative effect on either wishing
or planning to move at Wave 3 (b = -.602, p < .05). Each one-unit increase in
neighborhood satisfaction is associated with a 45.2% reduction in the odds of either
wishing or planning to move from their neighborhood within the year, net of all other
predictors and controls. The coefficient for neighborhood quality, while also negative, is
not statistically significant, however.
In both Model 4 and Model 5, neighborhood satisfaction is more consistently and
significantly related to mobility intentions than is neighborhood quality. Crosstabulations
of neighborhood satisfaction by neighborhood clarify the relationship between these two
variables. Tables 26 and 27 show the relationship of those variables to each other when
they are recoded into simple three-category ordinal variables. Results show a strong,
positive relationship between neighborhood satisfaction and neighborhood quality at both
Wave 2 (Gamma .811, p < .001) and Wave 3 (Gamma .712, p < .001). Likewise, results
from Chi-Square tests at both waves (p < .001) indicate a relationship between
neighborhood satisfaction and neighborhood quality.
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At Wave 2, the majority (53.6%) of respondents who reported low neighborhood
quality also indicated low neighborhood satisfaction, and nearly everyone (91.2%) who
reported high neighborhood quality also expressed high satisfaction with their
neighborhood (see Table 26). This pattern was repeated at Wave 3, as 59.6% of those
who reported low neighborhood quality also indicated low satisfaction with their
neighborhood, while 75.6% of those who described high neighborhood quality also
reported high neighborhood satisfaction (see Table 27). Although the neighborhood
quality coefficient did not reach statistical significance in these and other models, the
above such results may suggest that respondents’ level of satisfaction with their
neighborhood is reflective the quality of their neighborhood, including factors of
neighborhood safety and physical characteristics.
Table 26. Neighborhood Satisfaction by Neighborhood Quality at Wave 2 (N=260)1
Low
Medium
High
Neighborhood Neighborhood Neighborhood
Quality2
Quality
Quality
Total
37
5
7
49
Low
(53.6%)
(4.5%)
(8.8%)
(18.8%)
Neighborhood
Satisfaction3
25
35
0
60
Medium
(36.2%)
(31.5%)
(0.0%)
(23.1%)
Neighborhood
Satisfaction
7
71
73
151
High
(10.1%)
(64.0%)
(91.2%)
(58.1%)
Neighborhood
Satisfaction
69
111
80
260
(100%)
(100%)
(100%)
(100%)
Total
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted
1
This analysis only includes those cases that were included in Model 3, which predicts Wave 2
neighborhood mobility intentions. Thus, those that left their baseline program between Waves 1 and 2 were
excluded from this analysis.
2
Neighborhood quality rating is grouped into low (scores ranging from 9-21), medium (scores ranging
from 22-29) and high (scores ranging from 30-36) on the 9-36 scale.
3
Neighborhood satisfaction rating is grouped into low (1 or 2), medium (3), or high (4 or 5) of the 5-point
Likert scale.
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Table 27. Neighborhood Satisfaction by Neighborhood Quality at Wave 3 (N=244)1
Low
Medium
High
Neighborhood Neighborhood Neighborhood
Quality2
Quality
Quality
Total
34
4
7
45
Low
(59.6%
(4.0%)
(8.1%)
(18.4%)
Neighborhood
Satisfaction3
17
53
14
84
Medium
(29.8%)
(52.5%)
(16.3%)
(34.4%
Neighborhood
Satisfaction
6
44
65
115
High
(10.5%)
(43.6%)
(75.6%)
(47.1%)
Neighborhood
Satisfaction
57
101
86
244
(100%)
(100%)
(100%)
(100%)
Total
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted
1
This analysis only includes those cases that were included in Model 4, which predicts Wave 3
neighborhood mobility intentions. Thus, those that left their baseline program by Wave 3 were excluded
from this analysis.
2
Neighborhood quality rating is grouped into low (scores ranging from 9-21), medium (scores ranging
from 22-28) and high (scores ranging from 29-36) on the 9-36 scale.
3
Neighborhood satisfaction rating is grouped into low (1 or 2), medium (3), or high (4 or 5) of the 5-point
Likert scale.

Diagnostics Tests for Model 4
The -2 Log Likelihood decreased substantially from 457.199 to 352.623 between
Blocks 1 and 4 (the full model). In addition, results show that the Nagelkerke pseudo-R2
increased substantially from .337 at Block 1 to .592 for Block 4.
A total of 246 cases were included in this full model predicting Wave 3
neighborhood mobility intentions; this model contained 17 independent variables and
controls. With 14.47 cases per predictor, this full model exceeded Hosmer and
Lemeshow’s (2000) recommended minimum of 10 cases per independent variable in
multinomial logistic regression.
Comparisons between Block 1 and Block 4 (the full model) show that the full
model more effectively predicts Wave 3 residential mobility intention outcomes. Table
29 shows that the full Model 4 correctly predicts nearly three-fourths of all cases
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(72.9%); this compares to 56.9% of cases correctly predicted by the variables introduced
in Block 1, which contains the program type, demographic, constraint and resource
controls (see Table 28).15 Finally, the proportional reduction in error between Block 1
and the full Model 4 is 38.5%; a total of 109 cases were misclassified via the controls
included in Block 1, while the full model incorrectly predicted mobility intention
outcomes for substantially fewer cases - 67. These results all indicate an improved
prediction of neighborhood mobility intention outcomes at Wave 3 through the full model
containing the region of Chicago, neighborhood perception, access to family/friend items,
along with the controls.
Table 28. Model 4, Block 1: Percent of Cases Correctly Predicted
Predicted
Both wishes Either wishes Does not
and plans to or plans to wish or plan
Observed
move
move
to move
Both wishes and plans
31
10
31
to move
Either wishes or plans
4
45
31
to move
Does not wish or plan
10
23
67
to move
18.0%
30.7%
51.3%
Overall Percentage

Percent
Correct
43.2%
56.1%
67.4%
56.9%

Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

15

SPSS does not present a classification table for an intercept-only model in multinomial logistic
regression, thus I calculated model improvements between Model 4 and Model 1, rather than the full and
intercept-only models.
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Table 29. Model 4, Block 4/Full Model: Percent of Cases Correctly Predicted
Predicted
Both wishes Either wishes Does not
Percent
and plans to or plans to wish or plan
Correct
Observed
move
move
to move
Both wishes and plans
49
4
17
69.9%
to move
Either wishes or plans
13
55
11
69.8%
to move
Does not wish or plan
8
14
75
77.8%
to move
28.3%
29.6%
42.1%
72.9%
Overall Percentage
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

Influence Statistics for Model 4
I conducted a series of diagnostic tests in order to examine the degree to which
the cases are a good fit for the Wave 3 neighborhood mobility intentions model. The first
diagnostic test I conducted was a pair of binary logistic regression analyses to identify the
level of outlier cases among the client subset included in the full model. As I mentioned
in the Methodology chapter, I utilized binary logistic regression because SPSS software
does not compute diagnostics tests for outliers in multinomial regression models
(Multinomial Logistic Regression, [no year available]). In the first binary logistic model,
the dependent variable was comprised of the categories both wish and plan to move and
the reference group, do not wish to move. Results show no cases with a Dbeta score
greater than 1.
A test of Pearson residual shows this model contains six misclassified cases
whose error/Pearson residual is greater than two standard deviations. Four out of the six
cases are predicted to both wish and plan to move, but they actually do not wish or plan
to move. In addition, SPSS calculated a leverage statistic to identify particular cases,
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which may excessively influence the model’s regression coefficients. Results show that
two cases have a leverage value above .2, ranging from .23 to .26.
Results are similar for the second binary logistic regression model. For this
model, the dependent variable consisted of the second category of interest – either wishes
or plans to move – and the reference category, do not wish or plan to move. Again,
results show no cases with a Dbeta score greater than 1. The Pearson residual test shows
six misclassified cases whose error/Pearson residual greater than 2 standard deviations.
Of these six cases, half are incorrectly predicted to either wish or plan to move. Results
for the leverage statistic for the cases in this model point to eight cases with value above
.2, which range from .22 to .40. Overall, results from these diagnostic tests suggest that
the four sets of predictors and controls are appropriate predictors for this model
estimating neighborhood mobility intentions at Wave 3.
Model 4: Predicted Probabilities – Wave 3 Neighborhood Mobility Intentions by
Individual and Program Controls, Region of Chicago, Access to Family/Friends, and
Neighborhood Perceptions
I calculated predicted probabilities in order to further demonstrate the effect of the
full model of predictors and controls in explaining Wave 3 neighborhood mobility
intention outcomes.
Figure 5 shows the predicted probabilities of the first category of the dependent
variable – both wish and plan to move – in reference to not wishing or planning to move.
The predicted values were computed for individuals whose level of access to
family/friends in relation to their current neighborhood was low, medium, or high.16

16

Level of access to family/friends is grouped into low (bottom 20.1% whose score ranged from 1-5 on
recoded access scale), medium (41.1% whose score ranged from 6-8 on access scale) and high (38.8 whose
score was either a 9 or 10 on access scale) on the 1-10 scale.
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Neighborhood quality rating was controlled for due to its borderline significance
(p=.094). The neighborhood quality item was set to medium,17 region of Chicago was set
to the reference category, South/Far Southeast Side, and the control items were all held
constant. For these control items, the covariates were all set to their median value and the
factors were all set to their mode.
Figure 5 demonstrates the large effect of the level of access to family/friends on
both wishing and planning to move. Wishing and planning to move is lowest among
those with a high level of access to family/friends, net of all controls. Further, the chart
shows the minimal negative impact of neighborhood satisfaction on the predicted values.
The effect of neighborhood satisfaction appears to be most pronounced for those with
medium/mid-level of access to family and friends. This coefficient did not reach
statistical significance (p = .193), however.

17

Neighborhood quality rating is grouped into low (bottom 24.7% whose score ranged from 9-22 on the
scale), medium (40% whose score ranged from 23-28 on the scale) and high (35.3 whose score ranged from
29-36) on the 9-36 scale. As mentioned above, for Figure 5 the neighborhood quality rating was set to
medium.
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Figure 5. Model 4: Predicted Values for Both Wishing and Planning to Move at
Wave 3 Based on Access to Family/Friends, Neighborhood Satisfaction, and
Controls
Both Wishing and Planning to Move at Wave 3
Probability of Both Wishing and Planning to Move

1
0.9
0.8
0.7
0.6

Low Access to
Family/Friends

0.5

Medium Access to
Family/Friends

0.4

High Access to
Family/Friends

0.3
0.2
0.1
0
1

2

3

4

5

Neighborhood Satisfaction
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

Next, Figure 6 depicts the predicted values for either wishing or planning to move
at Wave 3. I calculated these probabilities for individuals whose level of access to
family/friends in relation to their current neighborhood was low, medium, or high.18 For
these calculations, I controlled for neighborhood quality rating due to the nonsignificance of the regression coefficient (p = .555). Again, region of Chicago was set to
the South/Far Southeast Side, while the neighborhood quality rating and the additional

18

As reported in relation to predicted values for both wishing and planning to move, the level of access to
family/friends is grouped into low (bottom 20.1% whose score ranged from 1-5 on recoded access scale),
medium (41.1% whose score ranged from 6-8 on access scale) and high (38.8 whose score was either a 9 or
10 on access scale) on the 1-10 scale.
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control items present in the full model were held constant. In this model, the covariates
were all set to their median and the factors were all set to the modal value.
Both neighborhood satisfaction and access to family/friends have a sizable,
negative impact on the predicted values of either wishing or planning to move, relative to
not wishing or planning to move (see Figure 6). Thus, as rating of neighborhood
satisfaction and access to family and friends increase, respondents are decreasingly likely
to intend to leave their neighborhood. The chart shows that the effect of neighborhood
satisfaction differs for the different access categories. In particular, the negative impact of
neighborhood satisfaction appears to be weakest among those with low access to
family/friends. This may suggest that those with lowest access to family/friends desire to
move, regardless of their satisfaction with their neighborhood, while those with greater
access are more influenced by their satisfaction with their neighborhood.
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Figure 6. Model 4: Predicted Values for Either Wishing or Planning to Move at
Wave 3 Based on Access to Family/Friends, Neighborhood Satisfaction, and
Controls

Probability of Either Wishing or Planning to Move

Either Wishing or Planning to Move at Wave 3
1
0.9
0.8
0.7
0.6

Low Access
Family/Friends

0.5

Medium Access to
Family/Friends

0.4

High Access to
Family/Friends

0.3
0.2
0.1
0
1

2
3
4
Neighborhood Satisfaction

5

Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

Discussion of Wave 3 Neighborhood Mobility Intentions Model
In summary, neighborhood factors, including access to family/friends,
neighborhood satisfaction, and neighborhood quality rating, and area of Chicago in which
respondents reside substantially influence neighborhood mobility intention outcomes at
Wave 3 among this subset of the survey sample housed through Chicago’s homeless
system. Only a few predictors shape the likelihood of both wishing and planning to move
from one’s neighborhood at Wave 3. Among them, all have a negative effect on both
wishing and planning. Increasing age, residing on the Southwest/Far Southwest Side,
increasing access to family/friends, and increasing neighborhood quality rating all
minimize the likelihood of both wishing and planning to move at Wave 3. Again, as
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mentioned above, the neighborhood quality coefficient is only borderline significant and
the result for Southwest/Far Southwest Side should be interpreted with caution due to a
large odds ratio and confidence interval values.
These predictors and controls differently shape the occurrence of either wishing
or planning to move at Wave 3. Among the six items which significantly explain either
wishing or planning to move, three have a positive effect on mobility intentions.
Increasing level of personal support from family and friends, being employed, and
residing on the Southwest/Far Southwest Side increase the likelihood of wishing or
planning to move. However, as reported above, findings for employment status and
Southwest/Far Southwest Side residence should be regarded with caution due to inflated
odds ratio and confidence intervals. The remaining three predictors and controls have a
suppressive effect on either wishing or planning to move at Wave 3. Most notably,
increased rating of neighborhood satisfaction and access to friends/family are associated
with not wishing or planning to move at Wave 2. Likewise, increasing age has a negative
effect on these Wave 3 neighborhood mobility intentions.
Relationship between Mobility Behaviors and Mobility Intentions
In light of the results demonstrating the impact of neighborhood predictors and
region of Chicago on mobility behaviors and mobility intentions, I conducted analyses to
examine the relationship between mobility intentions and behaviors. As mentioned in the
Methodology chapter, a number of residential mobility studies control for mobility
intentions when predicting actual mobility outcomes (Speare 1974; Landale and Guest
1985; Michelson 1977; Lee et al 1994; Kearns and Parkes 2003). Numerical problems
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when I included mobility intentions as predictor variables prevent controlling for
mobility plans and desires when predicting movement behaviors.
Due to my inability to control for mobility intentions in a multivariate regression
context, I conducted bivariate analyses. Table 30 presents results from a crosstabulation
examining the relationship between Wave 2 neighborhood mobility intentions and Wave
3 neighborhood departures and intentions. A Gamma statistic of .597 (p < .001) suggests
a strong, positive relationship between Wave 2 and Wave 3 mobility outcomes. Likewise,
results from a Chi-Square test (p < .001) suggest there is a relationship between Wave 3
and Wave 2 mobility outcomes. Respondents who report plans to move at Wave 2 are
moderately more likely to report plans to move at Wave 3. Likewise, those at Wave 2
who desire to move are more likely to report desire at Wave 3, and those who do not wish
or plan to move at Wave 2 are more likely to not wish or plan to move at Wave 3.
Table 30. Wave 3 Actual Movement and Mobility Intentions by Wave 2 Mobility
Intentions (N=238)1
Plans to
Wishes to
Does Not
Move at
Move at
Wish or Plan
Total
to Move at
Wave 2
Wave 2
Wave 2
12
Moved From
9
1
2
Neighborhood
(12.5%)
(1.9%)
(1.8%)
(5.0%)
at Wave 3
41
19
19
79
Plans to Move
(56.9%)
(35.8%)
(16.8%)
(33.2%)
at Wave 3
12
22
33
67
Wishes to Move
(16.7%)
(41.5%)
(29.2%)
(28.2%)
at Wave 3
Does Not Wish
10
11
59
80
or Plan to Move
(13.9%)
(20.8%)
(52.2%)
(33.6%)
at Wave 3
72
53
113
238
(100%)
(100%)
(100%)
(100%)
Total
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
1
This analysis only includes those cases that were included in Model 4, which predicts Wave 3
neighborhood mobility intentions. Thus, those that left their baseline program between Waves 1
and 2 were excluded from this analysis.
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Further, the table shows that mobility intentions at Wave 2 did not greatly
translate into actual movement by the third interview. Among the 125 respondents who
expressed intentions to move at Wave 2, only 10 people actually moved by Wave 3.
Among the 12 respondents included in this analysis who did move between Waves 2 and
3, nine (75.0%) reported plans to move at Wave 2.

CHAPTER SIX
COMPARISON OF OUTCOMES FOR PERMANENT SUPPORTIVE HOUSING
RESIDENTS RESIDING IN SCATTERED-SITE AND PROJECT-BASED HOUSING
Chicago housing providers recommended this study explore mobility outcomes
between Permanent Supportive Housing program residents residing in scattered-site and
project-based housing. These providers explained that scattered-site housing is often
located in neighborhoods that are less safe than where project-based sites are located.
Further, project-based housing is often located in close proximity to schools,
employment, services, and other community resources. Residents of project-based sites
can experience tension and community backlash, however, whereas scattered-site
residents can “blend in,” providers explained.
I repeated the regression analyses presented in Chapter Four and Chapter Five to
predict the actual mobility and mobility intentions at Wave 2 and Wave 3 outlined above,
including only those who originated in a Permanent Supportive Housing program. In
these models, I added a dichotomous predictor variable called “Permanent Supportive
Housing Type,” coded as 1 = project-based, 0=scattered-site. I also conducted
crosstabulations to examine the relationship between the “Permanent Supportive Housing
Type” indicator and six dependent variables examined in this study.
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Actual Mobility among Residents of Scattered-Site and Project-Based Permanent
Supportive Housing
Multivariate and Bivariate Results
Results from crosstabulations show no significant relationships between Waves 2
and 3 movement behavior outcomes and type of Permanent Supportive Housing unit (see
Table 31). Likewise, results from the regression analyses of the four models predicting
actual movement at Wave 2 and Wave 3 show that the type of housing unit – projectbased or scattered-site – in which residents of Permanent Supportive Housing reside,
does not significantly shape mobility outcomes (see Tables 32 - 35).

Table 31. Actual Movement Outcomes by Permanent Supportive Housing Type, at Wave 2 and Wave 3

ScatteredSite Unit
ProjectBased
Unit

In
Market
Housing
at Wave
2
4.4%
(5)
6.2%
(11)

Wave 2
Not in
Left
Market Program
Housing at Wave
at Wave
2
2
95.6%
8.8%
(108)
(10)
93.8%
7.9%
(166)
(14)

In
Program
at Wave
2

In
Market
Housing
at Wave 3

92.1%
(103)
92.1%
(163)

5.2%
(5)
10.9%
(15)

Wave 3
Not in
Left
Market Program
Housing at Wave
at Wave
3
3
94.8%
8.4%
(91)
(8)
89.1%
12.3%
(123)
(17)

In
Program
at Wave
3
91.6%
(87)
87.7%
(121)

Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
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Table 32. Model 5: Leaving Baseline Program at Wave 2 as Predicted by Permanent Supportive Housing Program Type,
Neighborhood Characteristics, and Region of Chicago among those in Permanent Housing Baseline Housing
Block 1
Block 2
Block 3

Resp. was homeless with family (1)
versus single at Wave 1 (0)
Age of Respondent at Wave 1
Respondent is African American (1)
versus not African American (0)
Resp. has less than a high school
education (1) versus more than (0)
Resp. reports receiving SSI benefits
in the 30 days before Wave 1 (1)
versus not receiving SSI (0)
Resp. reports receiving TANF in
the 30 days before Wave 1 (1)
versus not receiving TANF (0)
Resp. convicted of a felony offense
prior to Wave 1 (1) versus not (0)
Currently employed at Wave 1 (1)
versus not (0)
Hospitalized for a psych. problem
prior Wave 1 (1) versus not (0)

B
coefficient
(Standard
Error)
.734
(.653)
-.20
(.025)
-1.003+
(.588)
-.376
(.595)
-1.491+
(.856)

Exp (B)

B
coefficient
(Standard
Error)
.496
(.667)
.009
(.028)
-1.238*
(.625)
-.659
(.645)
-1.702+
(.882)

Exp (B)

.832
(.778)

2.299

1.096
(.794)

.153
(.499)
-.848
(.562)
.875+
(.516)

1.165

-.072
(.541)
-827
(.626)
1.011+
(.579)

2.083
.980
.367
.687
.225

.428
2.400

B
coefficient
(Standard
Error)
.702
(.801)
.009
(.028)
-1.349*
(.668)
-.737
(.670)
-1.670+
(.883)

Exp (B)

2.991

1.144
(.804)

3.139

.931

.005
(.564)
-.753
(.647)
1.007
(.578)

1.005

1.642
1.009
.290
.517
.182

.437
2.748

2.017
1.009
.260
.478
.188

.471
2.738

+ p < .10, * p < .05, ** p < .01; *** p < .001
The reference category is “did not exit housing program at Wave 2.”
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Table 32. Cont. Model 5: Leaving Baseline Program at Wave 2 as Predicted by Permanent Supportive Housing Program
Type, Neighborhood Characteristics, and Region of Chicago among those in Permanent Housing Baseline Housing
Block 1
Block 2
Block 3
B
coefficient
(Standard
Error)
---------

Exp (B)

---------

---------

---------

---------

Reside on West Side at Wave 1

---------

---------

Reside in Permanent Supportive
Housing (1) vs. Scattered-Site
Program (0)

---------

---------

Reside on Southwest Side/Far
Southwest Side at Wave 1
Reside on North Side/Far North
Side at Wave 1
Reside in Central Area at Wave 1

Constant
-2 Log Likelihood Intercept and
Covariates
Nagelkerke R2

-.670
(1.289)
147.006.141

---------

.603

B
coefficient
(Standard
Error)
-.358
(.763)
-1.943*
(.962)
-19.845
(5515.63)
-1.876*
(.940)
----------

-.799
(1.393)
126.958

Exp (B)

.699
.143
.000
.153
------------

.450

B
coefficient
(Standard
Error)
-.304
(.776)
-1.963*
(.970)
-19.830
(5521.95)
-1.757+
(.973)
.306
(.658)
-1.039
(1.485)
126.739

.141

.285

.287

290

290

290

Exp (B)

.738
.140
.000
.173
1.358

.354

N
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001
The reference category is “did not exit housing program at Wave 2.”
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Table 33. Model 6: Leaving Baseline Program at Wave 3 as Predicted by Permanent Supportive Housing Program Type,
Neighborhood Characteristics, and Region of Chicago among those in Permanent Housing Baseline Housing Program at Wave 2
Block 1
Block 2
Block 3
Block 4

Resp. was homeless with family (1)
versus single at Wave 1 (0)
Age of Respondent at Baseline
Respondent is African American (1)
versus not African American (0)
Resp. has less than a high school
education (1) versus more than (0)
Receipt of SSI in the 30 days before
Wave 2 (1) vs. not receiving SSI (0)
Resp. convicted of a felony offense
prior to Wave 1 (1) versus not (0)
Currently Employed at Wave 2 (1)
versus not (0)
Hospitalized for a psych. problem
prior Wave 1 (1) versus not (0)
Respondent Score on Personal
Support scale at Wave 2
Reside on Southwest Side/Far
Southwest Side at Wave 1

B
coefficient
(Standard
Error)
.394
(.548)
-.012
(.022)
19.252
(59.22.92)
-1.465
(.906)
-1.077
(.681)
-.751
(.551)
-.732
(.552)
-1.030
(.693)
.043
(.034)
---------

Exp
(B)
1.483
.988
22699
0866
.231
.341
.472
.481
.357
1.044
--------

B
coefficient
(Standard
Error)
.746
(.627)
-.011
(.023)
19.321
(5664.63)
-1.681+
(.960)
-.730
(.750)
-.589
(.573)
-.713
(.585)
-1.075
(.720)
.067
(.039)
.464
(.947)

Exp
(B)

2.108
.989
245990
804
.186
.482
.555
.490
.341
1.069
.629

B
coefficient
(Standard
Error)
.816
(.641)
-.010
(.023)
19.160
(5749.99)
-1.729+
(.968)
-.737
(.758)
-.634
(.582)
.728
(.587)
-1.018
(.735)
.065+
(.039)
-.477
(.955)

Exp
(B)

2.260
.990
209452
855
.177
.479
.530
.483
.361
1.067
.621

B
coefficient
(Standard
Error)
1.809
(1.140)
-.012
(.025)
19.312
(5438.762
-1.900+
)
(1.020)
-.289
(.806)
-1.124+
(.645)
-.754
(.640)
-1.151
(.752)
.050
(.039)
-.592
(1.107)

Exp
(B)
6.102
.988
243774
291
.150
.749
.325
.470
.316
1.051
.553
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p < .10, * p < .05, ** p < .01; *** p < .001. The reference category is “did not exit housing program at Wave 3”
The item representing whether the respondent received TANF income at Wave 2 was excluded from Model 8 because this variable contained
an extremely narrow distribution.

Table 33. Cont. Model 6: Leaving Baseline Program at Wave 3 as Predicted by Permanent Supportive Housing Program Type,
Neighborhood Characteristics, and Region of Chicago among those in Permanent Housing Baseline Housing Program at Wave 2
Block 1
Block 2
Block 3
Block 4
B
Exp
B
Exp
B
Exp
B
Exp
coefficient
coefficient
coefficient
coefficient
(B)
(B)
(B)
(B)
(Standard
(Standard
(Standard
(Standard
Error)
Error)
Error)
Error)
-----------------2.024*
.132
-1.746+
.174
-2.810
.060
Reside on North Side/Far North
Side at Wave 1
(.968)
(1.048)
(1.330)
----------------- .615 (.718)
1.850
.543
1.721
-.015
.985
Reside in Central Area at Wave 1
(.737)
(.855)
-----------------1.175
.309
-1.117
.327
-.282
.754
Reside on West Side at Wave 1
(.739)
(.747)
(.897)
-------------------------------.069
1.072
.021
1.021
Rating of Access to Family/Friends
at Wave 2
(.111)
(.129)
------------------------------------------------.559
.572
Rating of Neighborhood
Satisfaction at Wave 2
(.310)
------------------------------------------------.147
1.159
Rating of Neighborhood Quality at
Wave 2
(.070)
------------------------------------------------1.541
4.671
Reside in Permanent Supportive
Housing (1) vs. Scattered-Site
(1.102)
Program (0)
Intercept
-2 Log Likelihood Intercept and
Covariates
Nagelkerke R2
N

-20.906
(5922.92)
121.440

.000

-21.588
(5664.63)
111.273

.000

-21.932
(5749.99)
110.885

.000

-24.001
(5438.76)
103.598

.301

.374

.377

.428

233

234

234

233

174

Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
p < .10, * p < .05, ** p < .01; *** p < .001; The reference category is “did not exit housing program at Wave 3.”
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Table 34. Model 7: Moving to Market-Rate Housing at Wave 2 as Predicted by Permanent Supportive Housing Program
Type, Neighborhood Characteristics, and Region of Chicago among those in Permanent Housing Baseline Housing
Block 1
Block 2
Block 3

Resp. was homeless with family (1)
versus single at Wave 1 (0)
Age of Respondent at Wave 1
Respondent is African American (1)
versus not African American (0)
Resp. has less than a high school
education (1) versus more than (0)
Resp. reports receiving SSI benefits
in the 30 days before Wave 1 (1)
versus not receiving SSI (0)
Resp. reports receiving TANF in
the 30 days before Wave 1 (1)
versus not receiving TANF (0)
Resp. convicted of a felony offense
prior to Wave 1 (1) versus not (0)
Currently employed at Wave 1 (1)
versus not (0)
Hospitalized for a psych. problem
prior Wave 1 (1) versus not (0)

B
coefficient
(Standard
Error)
.675
(.729)
-.024
(.032)
-.233
(.955)
.454
(.839)
-.424
(.983)

Exp (B)

B
coefficient
(Standard
Error)
.311
(.766)
-.005
(.034)
.233
(1.106)
.095
(.967)
-.687
(.986)

Exp (B)

1.796+
(.916)

6.023

1.496
(.970)

-1.527+
(.901)
-2.405**
(.815)
.600
(.668)

.217

-1.435
(.977)
-2.320**
(.883)
.313
(.762)

1.963
.976
.793
1.575
.655

.090
1.821

Exp (B)

4.465

1.780+
(1.010)

5.931

.238

-1.249
(1.1008)
-2.216*
(.915)
.062
(.822)

.287

1.364
.995
1.263
1.100
.503

.098
1.368

2.997
1.002
.915
.828
.687

.109
1.064
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+ p < .10, * p < .05, ** p < .01; *** p < .001
The reference category is “did not move to market-rate housing at Wave 2”

B
coefficient
(Standard
Error)
1.098
(.981)
.002
(.035)
-.089
(1.166)
-.189
(1.043)
-.375
(1.018)

Table 34. Cont. Model 7: Moving to Market-Rate Housing at Wave 2 as Predicted by Permanent Supportive Housing Program
Type, Neighborhood Characteristics, and Region of Chicago among those in Permanent Housing Baseline Housing
Block 1
Block 2
Block 3
B
coefficient
(Standard
Error)
---------

Exp (B)

---------

---------

---------

---------

Reside on West Side at Wave 1

---------

---------

Reside in Permanent Supportive
Housing (1) vs. Scattered-Site
Program (0)

---------

---------

Constant

-.871
(1.713)

.418

Reside on Southwest Side/Far
Southwest Side at Wave 1
Reside on North Side/Far North
Side at Wave 1
Reside in Central Area at Wave 1

---------

B
coefficient
(Standard
Error)
-.352
(1.098)
-18.552
(5084.79)
-19.122
(5363.50)
-19.231
(5363.43)
----------

-.816
(1.724)

Exp (B)

.703
.000
.000
.000
------------

.636

B
coefficient
(Standard
Error)
.094
(1.199)
-18.203
(5201.88)
-19.035
(5335.35)
-18.742
(5246.41)
1.277
(.984)

Exp (B)

-2.100
(2.009)

.122

-2 Log Likelihood Intercept and
Covariates

90.912

72.231

70.484

Nagelkerke R2

.291

.456289

.470

N

289

1.098
.000
.000
.000
3.588

289

Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+p < .10, * p < .05, ** p < .01; *** p < .001
The reference category is “did not move to market-rate housing at Wave 2.”
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Table 35. Model 8: Moving to Market-Rate Housing at Wave 3 as Predicted by Permanent Supportive Housing Program Type,
Neighborhood Characteristics, and Region of Chicago among those in Permanent Housing Baseline Housing
Block 1
Block 2
Block 3
Block 4

Resp. was homeless with family (1)
versus single at Wave 1 (0)
Age of Respondent at Baseline
Respondent is African American (1)
versus not African American (0)
Resp. has less than a high school
education (1) versus more than (0)
Receipt of SSI in the 30 days before
Wave 2 (1) vs. not receiving SSI (0)
Resp. convicted of a felony offense
prior to Wave 1 (1) versus not (0)
Currently Employed at Wave 2 (1)
versus not (0)
Hospitalized for a psych. problem
prior Wave 1 (1) versus not (0)
Respondent Score on Personal
Support scale at Wave 2
Reside on Southwest Side/Far
Southwest Side at Wave 1

B
coefficient
(Standard
Error)
.251
(.614)
-.016
(.025)
19.016
(5833.13)
-18.696
(4868.65)
1.548+
(.889)
-.642
(.622)
-.375
(.564)
-.401
(.731)
-----------------

Exp
(B)
1.286
.984
181296
403
.000
.213
.526
.687
.670
-----------------

B
coefficient
(Standard
Error)
.663
(.711)
-.020
(.027)
19.074
(5613.62)
-18.857
(4633.91)
-1.279
(1.024)
.507
(.647)
-.382
(.623)
-.426
(.782)
.077+
(.045)
.225
(1.055)

Exp
(B)

1.942
.980
19211
5848
.000
.278
.602
.683
.653
1.080
1.253

B
coefficient
(Standard
Error)
1.021
(.771)
-.017
(.028)
18.820
(5691.91)
-19.125
(4575.72)
-1.527
(1.039)
-.746
(.677)
-.447
(.643)
-.199
(.808)
.069
(.045)
.185
(1.114)

Exp (B)

2.775
.983
1490994
49
.000
.217
.474
.639
.819
1.071
1.204

B
coefficient
(Standard
Error)
18.296
(3285.62)
-.021
(.032)
32.865
(5538.88)
-19.025
(4541.31)
-.808
(1.183)
-.945
(.707)
-.574
(.731)
-.239
(.797)
.046
(.048)
.144
(1.353)

Exp
(B)
88237
873
.979
18750
23035
.000
47045
.446
.389
.563
.749
1.047
1.155

177

+ p < .10, * p < .05, ** p < .01; *** p < .001. The reference category is “did not move to market-rate housing at Wave 3”
The item representing whether the respondent received TANF income at Wave 2 was excluded from Model 10 because this variable contained
an extremely narrow distribution.

Table 35. Cont. Model 8: Moving to Market-Rate Housing at Wave 3 as Predicted by Permanent Supportive Housing Program
Type, Neighborhood Characteristics, and Region of Chicago among those in Permanent Housing Baseline Housing
Block 1
Block 2
Block 3
Block 4
B
Exp
B
Exp
B
Exp
B
Exp
coefficient
coefficient
coefficient
coefficient
(B)
(B)
(B)
(B)
(Standard
(Standard
(Standard
(Standard
Error)
Error)
Error)
Error)
-----------------1.571
.208
.673
.510
-1.630
1.155
Reside on North Side/Far North
Side at Wave 1
(1.013)
(1.099)
(1.353)
----------------1.094
2.987
.774
2.169
.252
1.287
Reside in Central Area at Wave 1
(.786)
(.827)
(.930)
-----------------1.552
.212
-1.391
.249
-.175
.839)
Reside on West Side at Wave 1
(.958)
(.975)
(1.103)
-------------------------------.229+
1.257
.083
1.086
Rating of Access to Family/Friends
at Wave 2
(.137)
(.171)
------------------------------------------------.255
.775
Rating of Neighborhood
Satisfaction at Wave 2
(.446)
-------------------------------------------------128
1.137
Rating of Neighborhood Quality at
Wave 2
(.085)
------------------------------------------------17.928
610693
Reside in Permanent Supportive
Housing (1) vs. Scattered-Site
(3285.62)
15
Program (0)
Intercept
-2 Log Likelihood Intercept and
Covariates
Nagelkerke R2
N

-21.094
(5833.13)
100.126

---------

-21.969
(5613.62)
89.353

---------

-23.27
(5691.90)
86.384

---------

-55.200
(7941.35)
77.765

.322

.410

.433

.500

233

234

233

234

178

Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001; The reference category is “did not move to market-rate housing at Wave 3.”

---------
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Neighborhood Mobility Intentions among Residents of Scattered-Site and ProjectBased Permanent Supportive Housing
Results from multinomial logistic regression analyses of the two models
predicting Wave 2 and Wave 3 neighborhood intentions show that the type of housing
unit – project-based or scattered-site – has mixed impacts. Crosstabulations also show
mixed results.
Bivariate Results
A crosstabulation between neighborhood mobility intentions at Wave 3 and
Permanent Supportive Housing type shows a significant relationship between the two
variables (p < .05). Those residing in scattered-site housing are more likely to report both
desires and plans to move from their neighborhood in the next year (36.0%) compared to
those in project-based housing (22.8%). In contrast, among those who either wish or
planned to move, a larger proportion resided in project-based housing, compared to
scattered-site housing. Thus, it appears that more people plan to leave scattered-site
housing, whereas more people desire to leave project-based housing, yet do not have
plans to leave.
There was not a significant relationship between mobility intentions at Wave 2
and Permanent Supportive Housing type, results show. (See Table 36.)
Multivariate Results
Regression results show that the Permanent Supportive Housing type indicator
significantly predicts the category of interest, both wishing and planning to move at
Wave 2. Those respondents housed in a project-based unit, relative to a scattered-site
unit, are significantly less likely to both wish and plan to move from their neighborhood
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at Wave 2 (b = -1.170, p < .050), all else held equal. Permanent Supportive Housing Type
does not significantly shape the category, either wishing or planning to move at Wave 2,
or mobility intentions at Wave 3, results show. (See Tables 37 through 40.)
Discussion of Analyses Comparing Mobility Patterns among Permanent Supportive
Housing Residents
In summary, Permanent Supportive Housing type does not significantly shape
whether individuals actually leave their housing, however, select results show that unit
type does impact neighborhood mobility intentions. Overall, results suggest that those
residing in scattered-site units are more likely to intend to leave their neighborhood.
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Table 36. Neighborhood Mobility Intentions by Permanent Supportive Housing
Type, at Wave 2 and Wave 3

ScatteredSite Unit
ProjectBased
Unit

Both
Wish and
Plan to
Move at
Wave 2
37.1%
(36)
33.8%
(47)

Wave 2
Either
Wish or
Plan to
Move at
Wave 2
26.8%
(26)
20.9%
(29)

Does Not
Wish or
Plan to
Move at
Wave 2
36.1%
(35)
45.3%
(63)

Both
Wish and
Plan to
Move at
Wave 3
36.0%
(31)
22.8%
(34)

Wave 3 *
Either
Wish or
Plan to
Move at
Wave 3
22.1%
(19)
39.6%
(59)

Does Not
Wish or
Plan to
Move at
Wave 3
41.9%
(36)
37.6%
(56)

Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

Table 37. Model 9: Neighborhood Mobility Intentions (Predicting Both Wishing and Planning to Leave Neighborhood) at Wave 2 as
Predicted by Permanent Supportive Housing Program Type, Neighborhood Characteristics, and Region of Chicago among those in
Permanent Housing Baseline Housing
Block 1
Block 2
Block 3
Block 4

Age of Respondent at Baseline
Interview
In program for single adults (1) vs
family program at Wave 1(0)
Resp. Non-Hisp. White or Hispanic
(1) vs African American (0)
Respondent was Currently
Employed at Wave 2 (1) vs not (0)
Resp. has less than a high school
education (1) versus more than (0)
Receipt of SSI in the 30 days before
Wave 2 (1) vs. not receiving SSI (0)
Resp. convicted of a felony offense
prior to Wave 1 (1) versus not (0)
Respondent score on personal
support scale at Wave 2
Hospitalized for a psych. problem
prior Wave 1 (1) versus not (0)
Reside on Southwest Side/Far
Southwest Side at Baseline

B
coefficient
(Standard
Error)
.001
(.016)
-2.391***
(.586)
-.434
(.467)
-.544
(.430)
-.707*
(.357)
-.122
.493
(.349)
.276
(.322)
.019
(.016)
-.748*
(.337)
---------

Exp
(B)
1.001
.092
.648
.580
.493
.885
1.317
1.019
.473
--------

B
coefficient
(Standard
Error)
-.003
(.018)
-2.481***
(.617)
-.346
(.504)
-.815+
(.451)
-.774*
(.381)
.508
(.399)
.285
(.355)
.035+
(.018)
-.724*
(.358)
-1.994**
(.610)

Exp
(B)
.997
.084
.708
.443
.461
1.663
1.329
1.036
.485
.136

B
coefficient
(Standard
Error)
.014
(.020)
-2.226**
(.649)
-.995+
(.588)
-1.148*
(.492)
-.627
(.430)
.300
(.435)
.106
(.388)
.048*
(.021)
-.703+
(.402)
-2.049**
(.681)

Exp (B)

1.014
.108
.370
.317
.534
1.349
1.112
1.050
.495
.129

B
coefficient
(Standard
Error)
.025 (.022)

Exp (B)

-2.843**
(.860)
-1.368*
(.637)
-.626
(.534)
-.606
(.515)
.879+
(.499)
-.063
(.433)
.036 (.023)

.058

-.655
(.440)
-1.595*
(.780)

1.025

.255
.535
.545
2.407
.939
1.037
.520
.203
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+ p < .10, * p < .05, ** p < .01; *** p < .001; The reference category is “do not wish or plan to move.”
The item representing whether the respondent received TANF income at Wave 2 was excluded from Model 11 because this variable contained an extremely
narrow distribution.

Table 37. Cont. Model 9: Neighborhood Mobility Intentions (Predicting Both Wishing and Planning to Leave Neighborhood) at Wave 2
as Predicted by Permanent Supportive Housing Program Type, Neighborhood Characteristics, and Region of Chicago among those in
Permanent Housing Baseline Housing
Block 1
Block 2
Block 3
Block 4
B
Exp (B)
B
Exp (B)
B
Exp (B)
B
Exp (B)
coefficient
coefficient
coefficient
coefficient
(Standard
(Standard
(Standard
(Standard
Error)
Error)
Error)
Error)
-----------------1.266**
.282
-1.648**
.192
-1.594*
.203
Reside on North Side/Far North
Side at Baseline
(.525)
(.604)
(.719)
----------------.235
1.265
.290
1.337
1.235+
3.437
Reside in Central Area at Baseline
(.513)
(.553)
(.677)
-----------------.023
.978
-.443
.642
.083
1.086
Reside on West Side at Baseline
(.499)
(.538)
(.626)
--------------------------------.351***
.704
-.387***
.679
Rating of Access to Family/Friends
at Wave 2
(.075)
(.092)
------------------------------------------------.962**
.382
Respondent rating of Neighborhood
Satisfaction at Wave 2
(.286)
------------------------------------------------.047
1.048
Respondent rating of Neighborhood
Quality at Wave 2
(.051)
In Permanent Supportive Housing
(1) vs. Scattered-Site Program (0)
Intercept
-2 Log Likelihood Intercept and
Covariates
Nagelkerke R2
N

---------

---------

---------

---------

---------

---------

1.913+
(1.023)
507.345

---------

1.924+
(1.106)
463.800

---------

3.447**
(1.201)
411.587

---------

-1.170*
(.543)
6.483***
(1.612)
363.625

.258

.376

.480

.522

270

270

236

238
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Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001

---------

Table 38. Model 9: Neighborhood Mobility Intentions (Predicting Either Wishing or Planning to Leave Neighborhood) at Wave 2 as
Predicted by Permanent Supportive Housing Program Type, Neighborhood Characteristics, and Region of Chicago among those in
Permanent Housing Baseline Housing
Block 1
Block 2
Block 3
Block 4

Age of Respondent at Wave 1
In program for single adults (1) vs.
family program at Wave 1(0)
Resp. Non-Hisp. White or Hispanic
(1) vs. African American (0)
Resp. was Currently Employed at
Wave 2 (1) vs. not (0)
Resp. has less than a high school
education (1) vs. more than (0)
Receipt of SSI in the 30 days before
Wave 2 (1) vs. not receiving SSI (0)
Resp. convicted of a felony offense
prior to Wave 1 (1) vs. not (0)
Respondent score on personal
support scale at Wave 2
Hospitalized for a psych. problem
prior Wave 1 (1) vs. not (0)
Reside on Southwest Side/Far
Southwest Side at Baseline

B
coefficient
(Standard
Error)
.019
(.019)
-3.040***
(.639)
-.267
(.498)
-.598
(.491)
-1.522**
(.482)
-.425
(.414)
.221
(.389)
-.013
(.018)
-.626
(.388)
---------

Exp (B)

1.019
.048
.765
.558
.218
.653
1.248
.987
.535
---------

B
coefficient
(Standard
Error)
.023
(.020)
-2.885***
(.674)
.003
(.552)
-.695
(.518)
-1.452**
(.508)
-.116
(.466)
.208
(.414)
-.020
(.020)
-.396
(.414)
-.2.324**
(.706)

Exp (B)

1.023
.056
1.003
.499
.234
.890
1.231
.981
.673
.098

B
coefficient
(Standard
Error)
.044*
(.022)
-2.482***
(.706)
-.411
(.614)
-.755
(.558)
-1.459*
(.575)
.224
(.503)
.165
(.447)
-.009
(.022)
-.315
(.451)
-2.154**
(.766)

Exp (B)

1.045
.084
.663
.461
.232
.779
1.179
.991
.730
.116

B
coefficient
(Standard
Error)
.063*
(.024)
-2.553**
(.907)
-.661
(.628)
-.448
(.619)
-1.906**
(.679)
.316
(.553)
-.390
(.494)
-.017
(.023)
-.202
(.480)
-1.789*
(.807)

Exp (B)

1.065
.078
.516
.639
.149
1.371
.677
.983
.817
.167
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+ p < .10, * p < .05, ** p < .01; *** p < .001; The reference category is “do not wish or plan to move.”
The item representing whether the respondent received TANF income at Wave 2 was excluded from Model 11 because this variable contained an extremely
narrow distribution.

Table 38. Cont. Model 9: Neighborhood Mobility Intentions (Predicting Either Wishing or Planning to Leave Neighborhood) at Wave 2
as Predicted by Permanent Supportive Housing Program Type, Neighborhood Characteristics, and Region of Chicago among those in
Permanent Housing Baseline Housing
Block 1
Block 2
Block 3
Block 4
B
Exp
B
Exp
B
Exp
B
Exp
coefficient
coefficient
coefficient
coefficient
(B)
(B)
(B)
(B)
(Standard
(Standard
(Standard
(Standard
Error)
Error)
Error)
Error)
-----------------1.957
.141
-2.324***
.098
-2.499**
.082
Reside on North Side/Far North Side at
Baseline
(.551)
(.628)
(.747)
-----------------1.895**
.150
-1.838**
.159
-1.409+
.244
Reside in Central Area at Baseline
(.639)
(.696)
(.793)
-----------------1.284*
.277
-1.691**
.184
-1.557*
.211
Reside on West Side at Baseline
(.565)
(.607)
(.667)
-------------------------------- -.395***
.674
-.424***
.654
Rating of Access to Family/Friends at
Wave 2
(.083)
(.099)
------------------------------------------------.963**
.382
Respondent rating of Neighborhood
Satisfaction at Wave 2
(.320)
------------------------------------------------.092+
1.096
Respondent rating of Neighborhood
Quality at Wave 2
(.055)
Reside in Permanent Supportive Housing
(1) vs. Scattered-Site Program (0)
Intercept
-2 Log Likelihood Intercept and
Covariates
Nagelkerke R2
N

---------

---------

---------

---------

---------

---------

2.364*
(1.120)
507.345

---------

3.247**
(1.237)
463.800

---------

4.629**
(1.388)
411.587

---------

-.414
(.549)
5.734**
(1.762)
363.625

.258

.376

.480

.522

270

270

236

238

-------

185

Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001; The reference category is “do not wish or plan to move.”

.661

+ p < .10, * p < .05, ** p < .01; *** p < .001; The reference category is “do not wish or plan to move.”
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Table 39. Model 10: Neighborhood Mobility Intentions (Predicting Both Wishing and Planning to Leave Neighborhood) at Wave 3 as
Predicted by Permanent Supportive Housing Program Type, Neighborhood Characteristics, and Region of Chicago among those in
Permanent Housing Baseline Housing
Block 1
Block 2
Block 3
Block 4
B
Exp (B)
B
Exp (B)
B
Exp (B)
B
Exp (B)
coefficient
coefficient
coefficient
coefficient
(Standard
(Standard
(Standard
(Standard
Error)
Error)
Error)
Error)
-.075***
.928
-.068**
.934
-.052*
.950
-.056*
.946
Age of Respondent at Baseline
(.021)
(.021)
(.023)
(.024)
1.088*
2.968
1.119*
3.062
.566
1.762
.260
1.297
Respondent in a family program (1)
vs. single program at Baseline (0)
(.464)
(.526)
(.618)
(.839)
-.310
.734
-.365
.694
.654
1.923
.902
2.464
Respondent was African-American
(1) versus Not African-American (0)
(.499)
(.548)
(.659)
(.709)
.025
1.025
-.039
.961
.431
1.539
.479
1.614
Respondent was Currently
Employed at Wave 3 (1) versus not
(.662)
(.672)
(.736)
(.793)
(0)
.275
1.316
.592
1.808
.627
1.872
.374
1.454
Respondent has less than a high
school education (1) versus a high
(.426)
(.456)
(.517)
(.580)
school diploma/GED or more (0)
-.062
.940
-.016
.984
-.108
.897
-.169
.845
Respondent reports receiving SSI
benefits in the 30 days before Wave
(.403)
(.415)
(.462)
(.491)
3 (1) versus not receiving SSI (0)
-.857*
.424
-.931*
.394
-1.277**
.279
-.805
.447
Resp. convicted
of on
a felony
prior to
-.001
.999
.000
1.000
.024
1.024
.032
1.033
Respondent
score
personal
Baselinescale
(1) vsatnot
convicted
(0)
(.406)
(.428)
(.474)
(.505)
support
Wave
3
(.019)
(.020)
(.023)
(.025)
-.830*
.436
-.497
.609
-.298
.742
-.355
.701
Hospitalized for a psych. problem
prior to Baseline (1) versus not (0)
(.403)
(.413)
(.465)
(.494)
-1.914*
.148
-2.350*
.095
-2.348*
.096
Reside on Southwest/Far Southwest
----------------Side at Baseline
(.911)
(.999)
(1.026)
-----------------.459
.632
-.740
.477
-.345
.708
Reside on North/Far North Side at
Baseline
(.487)
(.558)
(.625)

Table 39. Cont. Model 10: Neighborhood Mobility Intentions (Predicting Both Wishing and Planning to Leave Neighborhood) at
Wave 3 as Predicted by Permanent Supportive Housing Program Type, Neighborhood Characteristics, and Region of Chicago
among those in Permanent Housing Baseline Housing
Block 1
Block 2
Block 3
Block 4
B
Exp (B)
B
Exp (B)
B
Exp (B)
B
Exp (B)
coefficient
coefficient
coefficient
coefficient
(Standard
(Standard
(Standard
(Standard
Error)
Error)
Error)
Error)
-----------------.587
.556
-.690
.502
.131
1.141
Reside in Central Area at Baseline
(.622)
(.703)
(.833)
-----------------.017
.983
-.158
.854
.005
1.005
Reside on West Side at Baseline
(.595)
(.632)
(.711)
--------------------------------.555***
.574
-.565***
.568
Respondent rating of Access to
Family/Friends from current
(.101)
(.110)
neighborhood at Wave 3
Respondent rating of Neighborhood
Satisfaction at Wave 3
Respondent rating of Neighborhood
Quality at Wave 3
In Permanent Supportive Housing
(1) vs. Scattered-Site Program (0)
Intercept
-2 Log Likelihood Intercept and
Covariates
Nagelkerke R2
N

---------

--------

---------

---------

---------

---------

---------

---------

---------

---------

---------

---------

---------

---------

---------

---------

---------

---------

3.734**
(1.233)
436.761

---------

3.596
(1.266)
405.023

---------

5.781***
(1.526)
355.381

---------

-.442+
(.262)
-.064
(.051)
.014
(.562)
8.603***
(1.935)
336.276

.333

.422

.556

.597

240

240

237

236

.643
.938
1.014
---------
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Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001; The reference category is “do not wish or plan to move.”
The item representing whether the respondent received TANF income at Wave 2 was excluded from Model 12 because this variable contained an extremely
narrow distribution.

Table 40. Model 10: Neighborhood Mobility Intentions (Predicting Either Wishing or Planning to Leave Neighborhood) at Wave 3 as
Predicted by Permanent Supportive Housing Program Type, Neighborhood Characteristics, and Region of Chicago among those in
Permanent Housing Baseline Housing
Block 1
Block 2
Block 3
Block 4
B
Exp (B)
B
Exp (B)
B
Exp (B)
B
Exp (B)
coefficient
coefficient
coefficient
coefficient
(Standard
(Standard
(Standard
(Standard
Error)
Error)
Error)
Error)
-.021
.979
-.016
.984
-.002
.998
-.009
.991
Age of Respondent at Baseline
(.020)
(.022)
(.024)
(.025)
-.799
.450
-.178
.837
-.388
.678
-.556
.574
Respondent resided in a family
program (1) versus single adult
(.547)
(.615)
(.656)
(.853)
program (0) at Baseline
Respondent was African-American
(1) versus not African American (0)
Respondent Currently Employed
(1) vs. not (0) at Wave 3
Respondent has less than a high
school education (1) versus a high
school diploma/GED or more (0)
Receipt of SSI in the 30 days before
Wave 3 (1) vs. not receiving SSI (0)
Resp. convicted of a felony prior to
Wave 1 (1) vs. not convicted (0)
Respondent score on personal
support scale at Wave 3
Reside on Southwest Side/Far
Southwest Side at Baseline

.186
(.483)
1.105*
(.535)
.285
(.390)

1.204

-.665+
(.379)
-.669+
(.354)
.058**
(.020)
---------

.514

3.020
1.329

.512
1.060
---------

.122
(.518)
1.178*
(.551)
-.134
(.428)
-.720+
(.413)
-.344
(.383)
.046*
(.020)
1.580**
(.572)

.885
3.248
.874

.487
.709
1.047
4.853

.742
(.601)
1.572**
(.604)
-.345
(.501)

2.100

-.950*
(.458)
-.499
(.419)
.069**
(.024)
1.538*
(.630)

.387

4.816
.708

.607
1.072
4.656

.755
(.640)
1.592*
(.665)
-.703
(.579)

2.129

-1.035*
(.487)
-.084
(.462)
.082**
(.026)
1.524*
(.673)

.355

4.914
.495

.919
1.085
4.592
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+ p < .10, * p < .05, ** p < .01; *** p < .001; The reference category is “do not wish or plan to move.”
The item representing whether the respondent received TANF income at Wave 2 was excluded from Model 12 because this variable contained an extremely
narrow distribution.

Table 40. Cont. Model 10: Neighborhood Mobility Intentions (Predicting Either Wishing or Planning to Leave Neighborhood) at
Wave 3 as Predicted by Permanent Supportive Housing Program Type, Neighborhood Characteristics, and Region of Chicago
among those in Permanent Housing Baseline Housing
Block 1
Block 2
Block 3
Block 4
B
Exp (B)
B
Exp (B)
B
Exp (B)
B
Exp (B)
coefficient
coefficient
coefficient
coefficient
(Standard
(Standard
(Standard
(Standard
Error)
Error)
Error)
Error)
-----------------.488
.614
-.708
.493
-.598
.550
Reside on North Side/Far North
Side at Baseline
(.566)
(.623)
(.684)
----------------.376
1.457
.433
1.542
.987
2.684
Reside in Central Area at Baseline
(.582)
(.645)
(.729)
----------------.536
1.709
.507
1.661
.788
2.199
Reside on West Side at Baseline
(.561)
(.601)
(.691)
--------------------------------.524***
.592
-.539***
.583
Access to Family/Friends from
current neighborhood at Wave 3
(.101)
(.112)
Respondent rating of Neighborhood
Satisfaction at Wave 3
Respondent rating of Neighborhood
Quality at Wave 3

---------

--------

---------

---------

---------

---------

---------

---------

---------

---------

---------

---------

In Permanent Supportive Housing
(1) vs. Scattered-Site Program (0)
Intercept

---------

---------

---------

---------

---------

---------

-.946
(1.316)
405.023

---------

1.139
(1.490)
355.381

---------

-2 Log Likelihood Intercept and
Covariates
Nagelkerke R2
N

-.924
(1.258)
436.761

---------

-.612*
(.253)
-.014
(.049)

.542

-.271
(.567)
3.760*
(1.835)
336.276

.762

.333

.422

.556

.597

240

240

237

236

---------
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Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001.; The reference category is “do not wish or plan to move.”
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CHAPTER SEVEN
CONCLUSIONS AND IMPLICATIONS
Introduction
Over the past decade, plans to end homelessness have become a primary piece of
homeless policy in municipalities throughout the U.S. and internationally (Roman 2012;
Rosenthal and Foscarinis 2006; Tsemberis 2010). Implemented in the year 2003, the city
of Chicago’s Plan to End Homelessness utilizes a housing first approach, aiming to place
homeless individuals and families in permanent housing as soon as possible. The Chicago
Plan aims for programs to assist individuals experiencing homelessness in “getting
housed, [and] staying housed” (Chicago Continuum of Care 2001).
A large body of research has examined the impact of neighborhood characteristics
on residential mobility outcomes among low-income people housed through mobility
programs including Gautreaux One (Rosenbaum et al. 2002), Gautreaux Two (Boyd
2008), and Moving to Opportunity (Sabonmatsu et al. 2011). However, only a few studies
have examined the effects of neighborhood characteristics on the residential mobility
outcomes among homeless/formerly homeless populations (Klodawsky et al. 2009; Wong
et al. 2006). This study is situated in the neighborhood effects and residential mobility
theoretical frameworks and specifically examined the residential mobility outcomes
among a subset of individuals housed through Chicago’s residential homeless system.
The primary research question driving this research was: How do neighborhood
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satisfaction, neighborhood quality, and access to family/friends, and location in Chicago
at which individuals reside impact mobility outcomes among individuals currently/
formerly housed through Chicago residential homeless programs?
In the following chapter, I outline the main findings from this study’s market-rate
housing and neighborhood mobility intentions findings chapters. This is followed by a
discussion of the implications of these findings on homeless programming and policy as
well as some broader urban policy recommendations pertaining funding allocation. I
situate these implications in relation to the policy and programmatic recommendations
discussed through related housing mobility studies. Finally, I offer some suggestions for
future research directions.
Summary of Findings
This study examined a subset of data gathered through the longitudinal client
survey conducted as part of the Evaluation of Chicago’s Plan to End Homelessness.
Researchers interviewed housing residents three times over the course of one year during
2009-2011. At their baseline survey, respondents resided in either an Emergency shelter,
Interim, or Permanent Supportive Housing program. Focusing primarily on the
characteristics of the neighborhoods in which respondents resided at baseline, this study
explored the impact of subjective neighborhood characteristics (i.e. neighborhood
satisfaction, neighborhood quality rating, and proximity to family and friends in relation
to current neighborhood) and region of Chicago – the area of the city in which
respondents resided at their baseline interview – on residential mobility outcomes.
Similar to previous residential mobility research (Kearns and Parkes 2003; Landale and
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Guest 1985; Lee et al. 1994; Oh 2003; Speare 1974) this study examined multiple
measures of mobility – movement behavior and neighborhood mobility intentions.
Movement to Market-Rate Housing at Wave 2 and Wave 3
This study explored characteristics shaping movement into market-rate housing
between Waves 1 and 2, and between Waves 2 and 3.1 I stated in the Methodology
chapter that Interim programs in Chicago’s residential homeless system are intended to
function as short-term housing, with program staff attempting to place residents in
permanent housing, either market-rate housing or in a Permanent Supportive Housing
unit. As mentioned previously, the majority of respondents who moved to market-rate
housing between Waves 1 and 2, and between Waves 2 and 3 were paying rent. In
particular, the largest proportion respondents paid all the rent where they were staying,
relative to fewer respondents who paid some or no rent at their market-rate housing
location. Payment of the full rent may point to greater housing stability and less
vulnerability than the fewer people who may be “doubled up” and not paying any of the
rent or only partial rent. With nearly all of the market-rate housing movers paying all or
some of the rent, these moves can be interpreted as positive outcomes. The few movers
not paying any rent, however, would not be interpreted as positive, as without paying
rent, they may be “doubled up” or another unstable housing situation. “Doubled-up”
housing is defined as homeless by federal agencies including the U.S. Department of
Education and HUD.
1

This study also includes regression models predicting program exits at Waves 2 and 3. The results for
these two models are very similar to the market-rate housing regression findings presented in Chapter 4.
See Appendix A regression models predicting program exits at Waves 2 and 3.
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Results demonstrate mixed impacts of the neighborhood indicators and region of
Chicago on market-rate housing outcomes. Results from the regression model estimating
market-rate housing outcomes between Waves 2 and 3 shows minimal impact of the
neighborhood predictors on mobility behaviors.2 The coefficient representing
neighborhood quality rating was positive, surprisingly, albeit this result did not reach
statistical significance. Likewise, neighborhood satisfaction rating and level of access to
family/friends do not shape market-rate housing outcomes at Wave 3. Thus, Hypotheses
1 and 2 are not supported.
The market-rate housing regression models contained four region of Chicago
items: Southwest/Far Southwest Side, North/Far North Side, Central, and West Side. The
South/Far Southeast Side is the reference category. Results indicate that region of
Chicago is useful for predicting market-rate housing outcomes at the Wave 2 survey.
Residence on the North/Far North Side, West Side, and Central region of Chicago are
strongly associated with not moving to market-rate housing by Wave 2. The results for
the North and Central regions lend partial support for Hypothesis 3. Likewise, I did not
expect for the West Side and Southwest/Far Southwest region indicators to significantly
shape mobility outcomes, in relation to the South/Far Southeast Side reference category.
Thus, the result indicating that those residing on the West Side are not likely to move to
market-rate housing at Wave 2 does not support Hypothesis 4.

2

The model predicting Wave 2 market-rate outcomes excluded the neighborhood indicators due to missing
data.
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Wave 3 survey results are quite different, as none of the region of Chicago
categories was significantly associated with moves to market-rate housing. The
coefficient for North/Far North Side was negative, however it did not reach statistical
significance. These non-significant findings do not support Hypothesis 3, yet lend
support for Hypothesis 4.
Housing program type strongly predicts market-rate housing outcomes at both
Wave 2 and Wave 3. Residing in a Permanent Supportive Housing unit is strongly
associated with not moving to market-rate housing at each follow-up Wave. Beyond the
program type control variable, a few controls representing individual characteristics
shape actual mobility behaviors at Waves 2 and 3. Those respondents employed at the
time of the baseline survey are less likely to move to market at Wave 2, yet the
coefficient did not quite reach statistical significance.
Level of education is a strong predictor of market-rate housing outcomes at
Wave 3. Those without a high school diploma/GED are significantly less likely to enter
market-rate housing, relative to those with a higher education level. In contrast, those
residing in a family homeless program and with an increasing level of personal social
support from family and friends are more likely to move to market housing between
Waves 2 and 3, albeit these relationships are only borderline significant.
At Wave 3, program type and level of education were the strongest predictors
of market-rate housing outcomes. Thus, results from this study of the Chicago residential
homeless system point to a non-significance of neighborhood on actual movement
outcomes. Results from this market-rate housing model do not support the premise that
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neighborhood, particularly negative neighborhood characteristics, will prompt individuals
housed through Chicago’s homeless system to leave their housing. Findings from this
Chicago case differ from other mobility studies of homeless which point the impact of
safety concerns and convenience to previous community connections (Klodawsky et al.
2009), as well as the prevalence of drugs and criminal activity (Wong et al. 2006) in
shaping movement decisions.
Neighborhood Mobility Intentions at Wave 2 and Wave 3
Relative to these mobility behavior outcomes discussed above, neighborhood
characteristics more strongly impact whether respondents housed through Chicago’s
residential homeless system wish and plan to leave their neighborhoods. Neighborhood
mobility intention outcomes are less constrained by program type compared to mobility
behaviors. Wave 2 regression results indicate that those residing in Permanent Supportive
Housing are significantly less likely to both wish and plan to move, and either wish or
plan to leave their neighborhood at Wave 2. However, program type does not
significantly shape Wave 3 mobility intentions.
Respondents’ neighborhood perceptions demonstrate mixed impacts on
neighborhood mobility intentions. Wave 2 results show neighborhood satisfaction rating
is negatively associated with both mobility intention outcome categories. I anticipated
this negative impact of satisfaction on mobility outcomes. Neighborhood quality rating,
however, does not shape neighborhood mobility intentions at Wave 2.
At Wave 3, increased neighborhood satisfaction decreases the likelihood of either
wishing or planning to move. In line with the Wave 2 results, neighborhood quality rating
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did not reach statistical significance at Wave 3. The significance of neighborhood
satisfaction demonstrates partial support for Hypothesis 1.
As mentioned previously, although the neighborhood quality coefficient did not
reach statistical significance in several models, crosstabulations of neighborhood
satisfaction by neighborhood quality (Tables 22 and 23) presented in Chapter 5 may
suggest that respondents’ level of satisfaction with their neighborhood is reflective of the
quality of their neighborhood, including factors such as neighborhood safety and physical
characteristics.
Whereas access to family/friends in relation to respondents’ current neighborhood
does not shape whether they actually exit their baseline program and move to market
housing, access to family/friends is the strongest predictor of neighborhood mobility
intentions at both Waves. These results demonstrate overall support for Hypothesis 2. As
I hypothesized, increasing access to family/friends significantly decreases the likelihood
of both mobility intention outcome categories - both wishing and planning to move, and
either wishing or planning to move, at both Waves 2 and 3.
Region of Chicago shapes neighborhood mobility intentions at Waves 2 and 3,
albeit not as strongly as their impact on actual mobility outcomes. At Wave 2, residing on
the North/Far North Side is negatively associated with both categories of the
neighborhood mobility intention dependent variable, supporting my hypothesis.
Likewise, residing on the Southwest/Far Southwest Side is also negatively associated
with both neighborhood mobility intention categories. This negative impact does not
support my expectation. Likewise, residing on the West Side is associated with not either
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wishing or planning to move from one’s current neighborhood, which again, does not
support my hypothesis. The Central area has an inconsistent impact on the two intention
categories at Wave 2. Those living in the Central area were more likely to both plan and
desire to move. Those in the Central area, however, were either wish or plan. This
suggests that those from this region who intend to move tend to develop plans. These
mixed results lend partial support for Hypothesis 3.
Region of Chicago has a more limited impact at Wave 3. Southwest Side was the
only significant region category. Similar to the impact of the Central region at Wave 2,
residing in the Southwest/Far Southwest Side had opposite effects on the two outcome
categories at Wave 3. The negative effect on both wish and plan to move suggests those
on the Southwest Side who are dissatisfied are less likely to develop plans, whereas the
positive effect for either wish or plan to move suggests dissatisfied Southwest Side
residents are more likely to express desire, without developing plans. This points to being
stuck. These results do not support for Hypothesis 4, as I anticipated no significant
impact on the Southwest/Far Southwest Side on mobility outcomes, relative to the
South/Far Southeast Side.
Several control items representing resident characteristics impact neighborhood
mobility intentions at both survey Waves. Residing in a family homeless program is
positively associated with both mobility intentions categories at Wave 2. Likewise, being
African-American and each one-year increase in age increase the likelihood of either
wishing or planning to move, and likewise, level of personal support is positively
associated with both wishing and planning to move at Wave 2. Similar to market-rate
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housing outcomes at Wave 3, those without a high school diploma/GED are significantly
less likely to either wish or plan to move from their neighborhood at Wave 2.
Fewer controls are significant at the third Wave. Whereas age is positively
associated with mobility intentions at Wave 2, increasing age is negatively associated
with both wishing and planning to move at Wave 3. Recipients of SSI at Wave 3 are less
likely to either wish or plan to move. Whereas regular employment at baseline is
negatively associated with moves to market housing at Wave 2, regular employment at
Wave 3 increases the likelihood of mobility intentions at Wave 3.
Relationship between Mobility Behaviors and Mobility Intentions
In addition to the analyses outlined above, I also examined the relationship
between neighborhood mobility intentions at Wave 2 and mobility intentions and
behavior outcomes at Wave 3. Results demonstrate a strong, positive relationship
between Wave 2 and Wave 3 outcomes. For example, respondents who report plans to
move at Wave 2 are moderately more likely to also report plans to move at Wave 3.
Likewise, those who report desire to move at Wave 2 are more likely to provide that
same response at the third Wave, and likewise those who report to not wish or plan to
move at Wave 2 are more likely to not wish or plan to move at Wave 3. Therefore, these
results show that neighborhood mobility intentions at Wave 2 did not greatly translate
into actual moves by Wave 3.
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Mobility Outcomes among Residents of Project-Based or Scattered-Site Permanent
Supportive Housing Units
By recommendation from Chicago housing providers, this study also compared
the mobility outcomes for those residing in project-based versus scattered-site Permanent
Supportive Housing units.3 Type of Permanent Supportive Housing unit does not shape
actual movement outcomes in either a bivariate or multivariate context, results show. In
contrast, Permanent Supportive Housing unit type does impact neighborhood mobility
intentions. Regression results demonstrate that those residing in a scattered-site unit are
more likely to both wish and plan to move from their neighborhood at Wave 2. Likewise,
Wave 3 results from a crosstabulation show that those residing in a scattered-site unit are
more likely to report both desires and plans to move from their neighborhood in the next
year, relative to those housed in a project-based unit.
Chicago housing providers anticipated that scattered-site housing residents would
be more likely to move; these findings support their notion. Providers suggested that
scattered-site housing is sometimes located in areas that are deemed to be less safe than
locations of project-based buildings. In addition, providers explained that project-based
housing is often sited in locations in close proximity to employment, services, public
transit, and other community resources, whereas scattered-site units are not always
located in such convenient locations.

3

See Appendix B tables presenting results from these analyses comparing mobility outcomes for projectbased and scattered-site Permanent Supportive Housing units.
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Summary
Overall, these findings from this examination of individuals residing in Chicago’s
residential homeless system demonstrate that although the majority of respondents did
not exit their baseline housing program, a large proportion of respondents are not
satisfied with their neighborhoods. These findings point to “blocked mobility”
(Michelson 1980), as many of those respondents who express desires and plans to leave
their neighborhood remain there at follow-up Waves. These results, which demonstrate
the greater impact of access to family/friends and neighborhood perceptions on
neighborhood mobility intentions, compared to actual movement outcomes, are not
surprising and reflect previous residential mobility studies (Kearns and Parkes 2003; Lee
et al. 1994). Neighborhood mobility intentions are important to understand as information
about residents’ perceptions about their neighborhoods and whether they wish to remain
is relevant to the housing first tenet of “consumer choice.” As mentioned previously,
Chicago housing providers requested information regarding respondents’ community
perceptions.
This study builds on residential mobility literature by increasing our
understanding of the effects of neighborhood characteristics on the mobility outcomes of
residents of the Chicago residential homeless system. Although a wide body of literature
has examined this relationship among low-income participants of mobility programs,
studies of residential homeless systems are limited. These previous studies of homeless
populations are descriptive in nature, thus this study of a representative sample of
Chicago’s residential homeless population helps to fill this gap in the research literature.
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Policy Implications
Housing stability is a primary objective of the housing first model (Tsemberis
2010). Likewise, “consumer choice” (Tsemberis 2010) as well as satisfaction with
housing and neighborhood (Corporation for Supportive Housing 2013) are primary
elements of the housing first approach. Results presented here, which demonstrate that
neighborhood characteristics (and region of Chicago) shape mobility outcomes, reinforce
these tenets of the housing first model and indicate that neighborhood is another factor
practitioners and policymakers should address as part of their efforts to house individuals
experiencing homelessness.
Development of Project-Based Permanent-Supportive Housing Units
When focusing solely on residents of Permanent Supportive Housing programs
specifically, results from analyses comparing the mobility outcomes of those housed in
scattered-site versus project-based units indicate that residents of project-based units are
more likely to intend to remain living in their present neighborhood. The Chicago
residential homeless system has nearly doubled its stock of Permanent Supportive
Housing units since the start of the Chicago Plan in 2002 (Chicago Alliance to End
Homelessness 2012). As consumer choice and satisfaction with housing unit
neighborhood are primary goals of the housing first approach, the Chicago residential
system and programs should strive to expand the supply of project-based units, when
resources permit.
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Focus on Family and Friend Networks
This research also points to the significance of family and friend networks among
this subset of Chicago’s residential homeless population. This study’s findings reflect
research on low-income populations housed through mobility programs including MTO,
HOPE VI, and Gautreaux One and Two, which also point to the importance of social
networks in mobility decisions and experiences (Boyd 2008; Turney et al. 2013;
Clampet-Lundquist 2004). Researchers suggest that families factor so prominently on
mobility decision-making among the low-income, as they may depend on family
members for childcare and other support (Dawkins 2006; Boyd, Edin, ClampetLundquist, and Duncan 2010; and Boyd 2008). Clearly, there is a shortage of affordable
housing in Chicago (Zelalem et al. 2006; Sloss 2011), however, when possible, housing
providers should consider proximity to family and friends when assisting individuals to
locate permanent housing, for those who wish to maintain contact with family/friend
networks. Boyd et al. (2010) offered a similar recommendation through their study of the
2002 Gautreaux Two initiative. The authors found that social networks factored heavily
into the mobility decisions of program participants, and thus recommended that
individuals relocate to areas in which family or friends already lived, or coordinate
multiple families in one network to move to an area “in family groups rather than
individually” (Boyd 2008: 58).
Assistance with Neighborhood Transition
Additionally, in an effort to achieve housing stability, housing providers should
assist individuals as they transition into their new neighborhood, especially when housed
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in unfamiliar areas. On a related note, Anderson and Koblinsky (1995) asserted that
homeless families should be encouraged and assisted with efforts to maintain connections
with formal and informal institutions, which can function as social support networks.
These authors also suggested that social service providers should assist homeless families
to integrate into communities through involvement with community organizations and
other methods. Similarly, the Corporation for Supportive Housing also advocates for
housing providers to assist housing participants as they to transition into new
communities (2013). Likewise, through the study of mobility decisions among Gautreaux
Two participants, Boyd (2008) points to the importance of local institutions for lowincome residents transitioning into a new area. Boyd (2008) asserts: “Local institutions
such as churches, community groups, and schools can help families make the transition
into new neighborhoods and support both adults and youth in connecting to peers and
resources in the community to gain necessary social capital that could result in
participants’ ability to get ahead” (58).
Focus on Region of Chicago and Access to Resources
This study also points to the importance of the regions of Chicago. Across each of
the mobility behavior regression models,4 residence on the city’s North/Far North Side is
associated with participants remaining in their baseline housing program. As reported in
the Methodology chapter, communities on the North/Far North Side of Chicago are wellresourced, especially in comparison to some communities on the city’s South and West
Sides. No “food deserts” exist on the North/Far North Side (Gallagher 2011); and the
4

This includes the market-rate housing regression models presented in Chapter 4 and the program exit
models presented in Appendix A.
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region has considerably lower violent crime rates, relative to the city’s overall rate
(Chicago Department of Public Health, 2012). Likewise, neighborhoods on the North/Far
North Side have adequate access to public transportation
(http://www.rtachicago.com/downloads/RTA%20SysMap.pdf).
Such community characteristics and resources may contribute to the minimal
amount of departures among respondents residing on the North/Far North Side. Thus,
housing providers should assist individuals to obtain housing in communities, which are
deemed relatively safe and provide access to resources including employment, public
transit, food, and other necessities. Similarly, the Corporation for Supportive Housing
(2013) advocates for the siting of supportive housing units in communities “that meet the
needs of tenants, including safety and security, and are located near opportunities for
employment, schools, services, shopping, recreation and socialization” (7). Similarly,
through their study exploring reasons residents with mental illness depart from
Permanent Supportive Housing, Wong et al. (2006) recommend housing providers
carefully consider the communities in which permanent supportive housing is sited, to
ensure that housing is located in safe building and neighborhood environments.
Affordable housing stock on the North Side. Despite the housing stability among
residents of Chicago’s homeless system residing on the North/Far North Side, private and
public forces threaten the availability of affordable housing and social services for the
homeless and low-income in that area of the city. According to data gathered by the
Organization of the Northeast, a community organization located in Chicago’s Uptown
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neighborhood and the Cook County Assessor, there has been a loss of over 1,800
affordable rental units on Chicago’s North Side since the year 2010 (Chicago Alliance to
End Homelessness 2013; Hanney and Ross 2013). A total of 13 buildings, which were
formerly sources of affordable housing, were sold for market-rate development (Chicago
Alliance to End Homelessness 2013; Hanney and Ross 2013). In addition to private
market development, a proposed 2013 Chicago City Council ordinance - Cubicle Hotel
Ordinance - would force the closure of two existing cubicle hotel buildings in the city of
Chicago. One building, located on the city’s North Side Uptown neighborhood, provides
over 150 affordable housing units (Chicago Alliance to End Homelessness 2013).
Local media coverage of these affordable housing struggles on Chicago’s
North/Far North Side reveal a desire among low-income residents to continue living in
that region of the city. In an article published in Streetwise, Chicago’s street newspaper, a
former resident of the Chateau Hotel – one of the 13 North Side low-income housing
buildings recently shuttered (Chicago Alliance to End Homelessness 2013) – explained
that she expected to enter the shelter system due to lack of affordable housing on the
North Side. Explaining that she would not seek out affordable housing in other areas of
the city, she stated: “I’ve always loved being on the North Side…I wouldn’t go South.
The North Side is more convenient. There’s more networking possibilities” (Hanney and
Ross, 2013: 12). Further, an outreach staff for Heartland Health Outreach, a Chicago
housing and social services agency, asserted that there are more housing options on

5

In mid-2013, The Organization of the Northeast merged with Lakeview Action Coalition, forming ONE
Northside.
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Chicago’s South and West Sides, however, these areas may also have higher crime rates
than the North Side. He stated:
When people move up North, they’ve made a choice to live on the North Side.
That’s where they enjoy living. To be almost forced to return to homelessness or
to move back to the South or West Side will be a difficult choice for some…
Affordable housing is already scarce in Uptown and the surrounding area…To
lose 2000 of those units will increase the homeless population unless those
individuals decide to move to other sides of town, where housing may be
available. Most of the housing that is subsidized is saturated at this time. If they
are not linked to any agencies, and do not have a subsidized grant, they will return
to homelessness. If they want to say on the North Side, they will be homeless
(Hanney and Ross, 2013: page 12).
This discussion of desire to remain living on Chicago’s North Side, an area with more
“convenience” and “networking opportunities” (Hanney and Ross, 2013: 12) and
perceived lower crime rates, reinforces the importance of assisting residents of the
Chicago’s homeless system to identify housing in areas in which they will be comfortable
and which provide access to community resources.
Given the decreasing level of affordable housing on Chicago’s North/Far North
Side, housing providers should continue their efforts to establish relationships with
landlords whom provide quality housing on the North/Far North Side to accept program
residents as tenants in their buildings. The Corporation for Supportive Housing (2013)
outlined recommendations for housing and supportive service providers for coordinating
with property management and landlords of program residents housed in scattered-site
units.
Chicago permanent supportive housing providers from the Heartland Alliance
also explained that the HUD Fair Market Rate (FMR) for Cook County, Illinois has
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consistently decreased in the previous few fiscal years (George, Hilvers, Greeina and
Byrnes 2014). In light of these rent subsidy decreases, identifying apartments and
landlords which will accept the rent subsidy has become increasingly challenging.
Locating quality housing units on the North Side, in particular, has become increasingly
difficult, these housing providers explained.
Given these challenges with locating affordable housing units on the rental market
for permanent supportive housing program participants in Chicago, HUD should increase
the FMR rate for Cook County for the upcoming fiscal years.
Allocate Resources for Underserved Communities
In addition to opportunities to move to more-resourced communities such as
Chicago’s North/Far North Side and Central area, place-based strategies and policies are
necessary to make distressed neighborhoods “more livable” (Imbroscio 2008). In addition
to “people-based” (Imbroscio 2008) policies including MTO and Gautreaux, which aim
to relocate residents of distressed, low-income communities to higher-income, and betterresourced communities, a number of scholars also advocate for “place-based” policies to
improve the existing, low-resourced, low-income communities (Imbroscio 2008;
Sampson 2012; Turney, Kissane, and Edin 2012; Clampet-Lundquist 2010).
Through a study of families relocated via HOPE VI from a housing development
in Philadelphia, Clampet-Lundquist (2010) argued that in addition to initiatives for
residents of under-resourced communities to move to wealthier areas, funding should be
directed to low-income communities in an effort for residents to maintain their social
networks. Through Sampson’s (2011) seminal Great American City, he presented a vivid

208
depiction of the “durable” (21) neighborhood inequality in the city of Chicago. Sampson
(2013) advocated for “place-based logic” (32) putting forth recommendations for
“community-level interventions” (Sampson 2011: page 421) such as violence prevention
and safety initiatives and citywide housing and economic development initiatives to
strengthen high-poverty neighborhoods. Sampson (2013) offered policy
recommendations including redistributing property tax revenue and not linking funding
for schools to their neighborhood boundaries.
The current insufficient supply of affordable housing on the well-resourced
North/Far North Side, as well as the importance of family and friend networks, as
demonstrated by this research and other studies of low-income populations, points to the
need to direct resources to communities throughout the city of Chicago. As demonstrated
earlier, resources should be developed in communities on Chicago’s West and South
Sides, areas that Wacquant (1993) claimed suffer from a “desertification” of public
funding and investment (quoted in Sampson 2011: 41).
Future Research Directions
This study provides evidence of a relationship between neighborhood
characteristics, region of Chicago, and residential mobility outcomes among those housed
through Chicago’s residential homeless system.
Qualitative Interviews with Housing Residents
Qualitative interviews with a sample of housing residents could contextualize the
results obtained through this study as well as other relevant topics.
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Document neighborhood transition. The data collected through resident
interviews could help demonstrate the processes of transitioning and adjusting to their
new neighborhoods. Further, qualitative interviews with residents could help inform
whether individuals have social support within or near their neighborhoods, as well as
their perceptions about how well they fit into the neighborhood. Further, community
participation is another area for exploration, including involvement with initiatives
including block clubs or churches, and for those residents with children, participation in
after-school programs or other activities.
Contextualize mobility outcomes. In addition, qualitative interviewing could
contextualize mobility intention and behavior outcomes. This study demonstrates a great
deal of housing stability among residents housed on the North/Far North Side, and
likewise, among those residing on the West Side and Chicago’s Central area. Interviews
with housing residents may provide insight about why people do not tend to leave the
these regions, and in contrast, why those housed in the reference area – the South Side
and Far Southeast Side – are more likely to exit their housing and move into market-rate
housing. Interviews can help to inform what characteristics contribute to these outcomes.
Interviews can help clarify what else besides lack affordable housing and permanent
supportive housing units, if anything, contributes to these outcomes. Likewise, resident
interviews may clarify the surprising, non-significant impact of neighborhood quality
ratings of behavior and intentions mobility outcomes.
Neighborhood characteristics of destination neighborhoods. Another topic for
exploration pertaining to housing exits is whether characteristics including accessibility
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to family and friends and perceptions of safety of destination neighborhoods contribute to
movement decisions among those who leave their housing programs. In addition, as this
study shows that particular regions of Chicago are associated with increased or decreased
likelihood of housing program exits, it would be useful to examine whether regional
patterns with regard to the areas to which program residents relocate exist.
Further Explore Impact of Region of Chicago on Movement
Regression results show that region of Chicago strongly impacted whether
respondents moved to market-rate housing at Wave 2. Those residing in Chicago’s
central area and the North and West Sides were less likely to move to market-rate
housing, relative to the South/Far Southeast Side reference area. An exploration of
measures of housing affordability may help explain the regional effect, in particular, the
increased likelihood among those residing in the South/Far Southeast Side to move to
market-rate housing.
Conclusion
Ending homelessness in Chicago is a formidable goal - and necessary to actualize
a Right to Housing (Hartman 1998; Rosenthal and Foscarinis 2006) for all people. This
study helps to clarify the relationship between neighborhood characteristics, Chicago
region, and residential mobility outcomes among individuals housed through Chicago’s
homeless system. It is my hope that the information can be useful to housing practitioners
and programs in their efforts to assist the homeless to obtain and maintain stable housing.

APPENDIX A
ACTUAL MOBILITY: MODELS EXITS FROM BASELINE PROGRAM
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In addition to predicting market-rate outcomes, reported in Chapter 4, I examined
movement from respondents’ baseline residential program through a nominal dependent
variable derived from the survey item: “The last time we interviewed you, it was [date]
and you were living/staying at [name of baseline program.] Are you still living in that
program now?” Residential program mobility is a dichotomous variable (1= moved from
program, 0=did not move from program) and measured at two intervals - between
baseline and Wave 2, and between the Wave 2 and 3. As shown through Table 41,
approximately 20% of respondents left their baseline program between baseline and
Wave 2. Among those still housed in their baseline program at Wave 2, almost 15% left
their program by Wave 3.
Table 41. Whether Respondents Left Baseline Program by Wave 2 or Wave 3
Status at Wave 2
Status at Wave 3
1
(N=371)
(N=254)2
N
%
N
%
75
20.1%
37
14.7%
Left Baseline
Program
297
79.9%
217
85.3%
Remained in
Baseline Program
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
1
This calculation only included those respondents who were included in Model 11, the regression model
predicting program exits at Wave 2.
2
This calculation only included those respondents who were included in Model 12, the regression model
predicting program exits at Wave 3. Those respondents that left their baseline program by Wave 3 were
excluded.

Descriptive Statistics
The following section presents results from bivariate analyses including
crosstabulations, T-tests, and ANOVA tests which demonstrate the association between
mobility outcomes and the neighborhood, region of Chicago, as well as controls.
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Characteristics by Program Mobility Behaviors at Wave 2
Table 42 reports the association between baseline program status at Wave 2 and a
range of factors, including: program and demographic traits, constraints and resources,
and region of Chicago at baseline.
Demographic and program characteristics. Wave 2 program mobility outcomes
vary significantly based on multiple characteristics. Among those who left their baseline
housing program by Wave 2, a much larger amount resided in Interim (62.2%) compared
to Permanent (8.3%) housing at baseline. Those who left their program by Wave 2
(40.69) are younger than those who remained (45.39). Likewise, those residing in a
family program at baseline were more likely to leave their program by Wave 2 (37.3%),
compared to 15.2% of those residing in a single program.
Constraints and resources. Findings indicate significant differences in program
mobility outcomes based on select constraints and resources. Those hospitalized for a
psychological problem (15.9%) were less likely to leave their baseline program by Wave
2, compared to those not hospitalized (23.6%). In addition, recipients of SSI (5.3%) were
less likely to leave their baseline program by Wave 2 (23.6%). Nearly all the SSI
recipients were housed in Permanent Supportive Housing, which contributes to the
minimal movement among these respondents. This is congruent with previous analyses of
the full sample of the client survey data (Sosin et al. 2011).
Region of Chicago. Location of the city shapes Wave 2 program outcomes. A
smaller proportion of those residing on Chicago’s North Side (12.5%) exited their
baseline program by Wave 2, relative to all other regions (21.6%). Likewise, those
residing in Chicago’s Central area (9.7%) were less likely to leave their program,
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compared to all else (22.3%). In contrast, those residing on the West Side (33.0%), were
more likely to leave by Wave 2, compared to those in all other regions (15.8%)
Table 42. Characteristics at Baseline by Program Mobility Behavior at Wave 2
% In
% Left
Program at
Program at
Wave 2
Wave 2
(N=297)
(N=75)
Program and Demographic Characteristics
91.7%
8.3%
Permanent Supportive Housing ***
37.8%
62.2%
Not Permanent Supportive Housing
45.39
40.69
Mean Age **
80.5%
19.5%
African American
77.6%
22.4%
Non-Hispanic White or Hispanic
62.7%
37.3%
Homeless with Family ***
84.8%
15.2%
Unaccompanied Single Adult
Constraints and Resources
81.5%
18.5%
Less than High School
79.4%
20.6%
Greater than High School
80.9%
Had Felony
79.2%
Without a Felony
84.1%
Been in Any Psych Hospital in Lifetime +
76.4%
No Psych Hospitalization
94.7%
Receives SSI ***
76.4%
Does NOT Receive SSI
72.2%
Receives TANF
80.6%
Does NOT Receive TANF
75.8%
Currently Employed
81.1%
Not Currently Employed
31.21
Mean Personal Support Scale Rating (Max
score is 40)
Region of Chicago Reside at Baseline
78.3%
Residing on Southwest/Far Southwest Side
80.1%
Not Residing on Southwest/Far SW Side
87.5%
Residing on North/Far North Side +
78.4%
Not Residing on North/Far North Side
80.9%
Residing on South/Far Southeast Side
79.4%
Not Residing on South/Far Southeast Side
90.3%
Residing in Chicago’s Central area *
77.7%
Not Residing in Chicago’s Central area
67.0%
Residing on West Side ***
84.2%
Not Residing on West Side

N
290
82
372
313
58
83
289
108
262

19.1%
20.8%
15.9%
23.6%
5.3%
23.6%
27.8%
19.4%
24.2%
18.9%
30.68

141
231
164
208
75
296
36
335
91
281
366

21.7%
19.9%
12.5%
21.6%
19.1%
20.6%
9.7%
22.3%
33.0%
15.8%

60
311
64
306
94
277
62
310
91
279

Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001
Chi-square and T-Test significance tests are indicated for row characteristics x column program mobility.
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Characteristics by Program Mobility at Wave 3
The associations between baseline program status at Wave 3 and the
aforementioned predictors and controls are discussed below (see Table 43).
Demographic and program characteristics. Wave 3 program mobility outcomes
varied significantly based on multiple characteristics. Among those who left their
baseline housing program between Waves 2 and 3, a much larger proportion resided in
Interim (57.1%) compared to Permanent (10.7%) housing at baseline. Likewise, AfricanAmerican respondents were more likely to leave their baseline programs. Close to 20%
(16.7%) of African-Americans left their baseline program between Wave 2 and Wave 3,
compared to 4.4% of non-blacks. Likewise, one quarter of those in a family program left
their program between Waves 2 and 3, compared to 12.1% of those in a single program.
Constraints and resources. SSI income recipients were less likely to leave their
baseline program between Wave 2 and 3 compared to non-recipients (7.1% vs. 21.3%). A
smaller proportion (7%) of those with a psychological hospitalization left their baseline
program between Waves 2 and 3, compared to 21.3% of those without a hospitalization.
Likewise, results show a higher levels of personal support from family and friends among
those who exited their program between Wave 2 and Wave 3 (mean of 33.14) compared
to those who remained in their baseline program through Wave 3 (mean of 30.25).
Neighborhood perceptions. Neighborhood characteristics did not significantly
impact Wave 3 program movement behavior among the respondents included in these
analyses.
Region of Chicago. With the exception of those residing on the North/Far North
Side, location in Chicago did not greatly impact Wave 3 program exits. A much smaller
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proportion of those residing on Chicago’s North Side (5.0%) exited their baseline
program between Waves 2 and 3, in comparison to all other regions (17.5%).
Table 43. Characteristics at Baseline1 by Program Mobility Behavior at Wave 3
% In
% Left
Program at
Program
Wave 3
at Wave 3
(N=217)
(N=37)
N
Program and Demographic Characteristics
89.3%
10.7%
233
Permanent Supportive Housing
42.9%
57.1%
21
Not Permanent Supportive Housing ***
45.92
43.02
254
Mean Age
83.3%
16.7%
209
African American*
95.6%
4.4%
45
Non-Hispanic White or Hispanic
74.5%
25.5%
47
Homeless with Family *
87.9%
12.1%
206
Unaccompanied Single Adult
Constraints and Resources
91.2%
8.8%
68
Less than High School
82.9%
17.1%
187
Greater than High School
88.2%
11.8%
110
Had Felony
82.8%
17.2%
145
Without a Felony
93.0%
7.0%
114
Been in Any Psych Hospital in Lifetime**
78.7%
21.3%
141
No Psych Hospitalization
92.9%
7.1%
85
Receives SSI at Wave 2 *
81.7%
18.3%
169
Does NOT receive at Wave 2 SSI
81.6%
18.4%
49
Currently Employed at Wave 2
86.3%
13.7%
205
Not Currently Employed at Wave 2
30.25
33.14
254
Mean Personal Support Scale Rating at
Wave 2 (Max score is 40) *
Neighborhood Perceptions
25.18
24.60
254
Mean Neighborhood Quality Scale Rating
at Wave 2 (Max score is 36)
88.3%
11.7%
145
High Neighborhood Satisfaction Rating at
Wave 2 (rated 4 or 5 on scale of 1-5)
79.2%
20.8%
48
Low Neighborhood Satisfaction Rating at
Wave 2 (rated 1 or 2 on scale of 1-5)
6.83
7.51
254
Mean Accessibility to Friends and Family
at Wave 2 (Max score is 10)
Region of Chicago Reside at Baseline
92.3%
7.7%
26
Residing on Southwest/Far Southwest Side
84.6%
15.4%
228
Not Residing on Southwest/Far SW Side
95.0%
5.0%
60
Residing on North/Far North Side *
82.5%
17.5%
194
Not Residing on North/Far North Side

Table 43 Cont. Characteristics at
3

Baseline1

Residing on South/Far Southeast Side
Not Residing on South/Far Southeast Side
Residing in Chicago’s Central area
Not Residing in Chicago’s Central area
Residing on West Side
Not Residing on West Side
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by Program Mobility Behavior at Wave
% In
Program at
Wave 3
(N=217)
79.7%
87.5%
85.4%
85.4%
80.4%
86.9%

% Left
Program
at Wave 3
(N=37)
20.3%
12.5%
14.6%
14.6%
19.6%
13.1%

N
69
184
41
212
56
198

Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001
Chi-square and T-Test significance tests are indicated for row characteristics x column program mobility.
1
Select data representing characteristics and experiences were collected at Wave 2; these items are
denoted in the first column of this table.

Model 11: Predicting Departure from Baseline Program at Wave 2 as predicted by
Region of Chicago among those Residing in an Emergency Shelter, Interim, or
Permanent Housing Program at Baseline
Model 11 examined the association between the region of the city of Chicago
where this subset of respondents reside and their program mobility outcomes at Wave 2.
Among those respondents included in Model 11 (N=371), 20.1% (N=75) exited their
baseline program between Wave 1 and Wave 2. In the following section, I present results
from regression analyses of the effects of program, individuals’ demographic
characteristics, constraints and resources, and region of Chicago on the likelihood of
respondents leaving their residential housing program between the baseline and Wave 2
surveys.1

1

The items comprised in the Neighborhood Quality rating scale were the only neighborhood predictors
included in the baseline survey. I did not include this scale in this model because at wave 1 the scale items
were only asked of those people residing in a Permanent Supportive Housing program, and thus, all
individuals residing in an Interim or Emergency shelter program at baseline would be excluded from the
model. In addition, when I did include the Neighborhood Quality scale in an earlier iteration of this model,
it disrupted the model, as none of the coefficients included in the model were significant, and several
predictors had quite inflated coefficient and standard error values, where they previously did not.
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Table 44 presents results from binary logistic regression analyses where the event
of interest is leaving the baseline program between Waves 1 and 2. The predictors were
entered into this model in two successive blocks: control variables representing
demographic characteristics, program type, as well as resources and constraints that may
impact mobility outcomes; and region of Chicago variables.
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Table 44. Model 11: Leaving Baseline Program at Wave 2 as Predicted by Region
of Chicago among those in Emergency Shelter, an Interim, or Permanent
Housing Program at Wave 1
Block 1

Respondent was homeless with family
(1) vs. single at Wave 1 (0)
In Permanent Housing program (1) vs
Interim or Shelter (0) at Wave 1
Age of Respondent at Baseline
Interview
Respondent is African American (1)
versus not African American (0)
Respondent has less than a high school
education (1) versus more than this (0)
Receipt of SSI in the 30 days before
Wave 1 (1) vs not receiving SSI (0)
Receipt of TANF in the 30 days before
Wave 1 (1) vs not receiving TANF (0)
Respondent was convicted of a felony
offense prior to baseline (1) versus not
convicted
Currently(0)
Employed at Wave 1 (1)
versus Not Employed (0)
Hospitalized for a psych. problem prior
Wave 1 (1) versus not (0)
Reside on Southwest Side/Far
Southwest Side at Baseline
Reside on North Side/Far North Side at
Baseline
Reside in Central Area at Baseline
Reside on West Side at Baseline
Constant
-2 Log Likelihood Intercept and
Covariates
Nagelkerke R2
N

B
coefficient
(Standard
Error)
.889+
(.471)
-3.089***
(.374)
-.017
(.018)
-.220
(.457)
-.317
(.387)
-.914
(.592)
.542
(.612)
-.065
(.362)
.630
(.415)
.485
(.378)
--------

--------

--------

--------

--------

--------

--------

--------

1.106
(.959)
250.848

3.022

.441
372

Exp
(B)
2.432
.046
.983
.803
.728
.401
1.719
.937
1.877
1.625

Block 2
B
Exp
coefficient
(B)
(Standard
Error)
.776
2.173
(.471)
-3.760***
.023
(.501)
-.005
.995
(.019)
-.585
.557
(.468)
-.361
.697
(.394)
-.856
.425
(.598)
.734
2.084
(.631)
-.101
.904
(.369)
.795+
2.213
(.446)
.314
1.368
(.411)
.358
1.431
(.608)
-1.651*
.192
(.661)
-1.875*
.153
(.736)
-1.008+
.365
(.561)
2.051
7.778
(1.078)
235.372
.488
370

Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001
The reference category is “did not exit program at Wave 2”
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Model 11, Block 1: Wave 2 Program Exits by Individual and Program Controls
The initial block, with control variables representing family status, program type,
age, and racial characteristics, as well as constraint and resource variables predicts
movement from baseline program among this sub-sample of survey participants. All
control items added in Block 1 were collected at Wave 1. The improvement in Model
Chi-Square in comparison to the constant-only model (p < .001) shows that taken
together, the addition of variables representing demographic and program characteristics,
and resource and constraint controls, do improve the predictive power of the model.
Two controls are significantly associated with residential program mobility
outcomes at Wave 2.2 Compared to those residing in an Emergency shelter or Interim
Housing program at Wave 1, those residing in a Permanent Supportive Housing program
are less likely to leave their baseline program between baseline and Wave 2 (b = -3.760, p
< .001). The odds of exiting one’s baseline program decreased by 97.7% for those who
started in Permanent Supportive Housing rather than in an Emergency shelter or Interim
Housing. This finding demonstrates that housing outcomes for those who enter
Permanent Supportive Housing match the intended goals of the housing first model. In
addition, this result, which shows minimal movement among those who started out in
Permanent Supportive Housing, is congruent with previous analyses of the full sample of
the client survey data (Sosin et al. 2011).
Compared to single adults, those from this sub-set of the sample residing in a
family housing program at baseline have higher odds of leaving the program by Wave 2

2

For each of the individual predictors and controls, I present regression coefficients from the final model,
Block 2, rather than when items were first introduced, in order to report what is uniquely explained by a
particular variable after accounting for shared variance in the fitted model.
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(b = .776, p = 100). This finding is congruent with results from other analyses of this
PTEH client survey data which show that families are more likely to leave their baseline
program and move into market rate housing by the Wave 2 and Wave 3 surveys (Sosin et
al. 2011). However, this finding should be interpreted with caution given an inflated odds
ratio and confidence interval for the odds ratio for this family status item. An odds ratio
of 2.173 indicates that the likelihood of respondents exiting their baseline program, rather
than staying, is over 117% greater for respondents residing with family, in comparison to
unaccompanied adults. Results from a crosstabulation suggest that the inflated odds ratio
is not likely due to sparse data, as the least populated cell contained 31 observations.
Those who are employed are more likely to exit their program at Wave 2, albeit
this positive result did not reach statistical significance (b = .795, p = .075). In addition,
receipt of SSI income, age, race, education level, receipt of TANF, felony status, and
mental health status are not significantly associated with program mobility at Wave 2.
Model 11, Block 2: Wave 2 Program Exits by Region of Chicago
The second and final block added a set of items representing regions of Chicago.
In particular, these items demonstrate the area of the city at which respondents resided at
the time of the baseline survey. A total of four region of Chicago items were added to the
regression model: Southwest/Far Southwest Side, North/Far North Side, Central, and
West Side. The area South/Far Southeast Side was the omitted reference category.
The improvement in Model Chi-Square compared to the previous model
consisting of the individual and program controls shows that taken together, the variables
representing the location in Chicago where respondents reside does improve the
predictive power of the model (p < .01). Upon adding these items, the -2 Log Likelihood
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decreased by 15 points, suggesting a substantial improvement of the model. In addition,
the full model as a whole did improve the power of predicting Wave 2 program mobility
outcomes in contrast to the constant-only, null model (p < .001).
An examination of coefficients for the region of Chicago items show mixed
results. The North/Far North Side and Central Chicago areas each have a negative
association with program exits at Wave 2, supporting my hypotheses. Relative to those
on the South/Far Southeast Side, those residing on the North/Far North Side have an
80.8% lower likelihood of leaving their baseline program (b = -1.651, p < .05). Likewise,
residence in the Central area is associated with an 84.7% reduction in the odds of
program exits by Wave 2 (b = -1.875, p < .05), relative to the South/Far Southeast Side.
Also, in support of my hypothesis, residing on the West Side does not significantly shape
program exits (only borderline significant: b = 1.008, p = .072). Likewise, residence on
the Southwest/Far Southwest Side is not significantly associated with program mobility
at Wave 2. These results support my expectation that the West Side and Southwest/Far
Southwest would not significantly shape program exits, relative to the South/Far
Southeast Side reference area.
Diagnostics Testing for Model 11
A total of 370 cases were included in this full model predicting Wave 2 program
exits; this model contained 14 predictor variables and controls. Thus, with 26.43 cases
per predictor/control, this full model exceeds Hosmer and Lemeshow’s (2000)
recommended minimum of 10 cases per independent variable in logistic regression.
Also, the Overall Percentage Correct for the full model is 85.5% (see Table 46)
compared to 79.9% of cases correctly predicted in the null model (see Table 45). Further,
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the null model misclassified 75 cases, whereas the fitted model misclassified 53 cases,
representing a 29.3% proportional reduction in error. Because the null model assigned all
cases to the modal response - remaining in the baseline program - all respondents who
did leave were misclassified in the null model. The full model’s prediction of respondents
who left their program improved substantially relative to the constant-only null model.
Table 45. Model 11, Constant-Only Model: Percent of Cases Correctly Predicted
Predicted
Observed
Left
Remained in
Percent
Program
Program
Correct
0
75
0.0%
Left Program
0
297
100.0%
Remained in Program
79.9%
Overall Percentage
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

Table 46. Model 11, Full Model: Percent of Cases Correctly Predicted
Predicted
Observed
Left
Remained in
Percent
Program
Program
Correct
41
33
55.3%
Left Program
20
276
93.1%
Remained in Program
85.5%
Overall Percentage
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

Despite this improvement from the null to the fitted model, the Hosmer &
Lemeshow test resulted in a p-value of .026, suggesting that the fitted model does not fit
the data well. Further, the Nagelkerke pseudo R2 did not increase substantially between
the initial model containing the individual and program controls and the full, fitted
model; the Nagelkerke pseudo R2 increased from .441 to .488. These results suggest
nominal improved prediction of program mobility outcomes at Wave 2 by the region of
Chicago indicators and controls.
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Influence Statistics for Full Model 11
An examination of the residuals of cases shows that overall these cases are a good
fit for the model. None of the cases in this dataset has a Dbeta value greater than 1.
Further, there are 10 cases whose error/Pearson residual was greater than 2 standard
deviations. When examining the leverage statistic, results show that none of the cases
appear to excessively influence the model.
Model 11: Predicted Probabilities – Wave 2 Program Exits by Individual and Program
Controls and Region of Chicago
To further demonstrate the impact of region of Chicago and controls on whether
respondents exit their baseline program between Wave 1 and Wave 2, presented here are
predicted probabilities of Wave 2 program exits. I computed predicted values for each of
the four region of Chicago indicators included in the model, as well as the reference
category – the South/Far Southeast Side, and held the controls constant. For the controls,
I set the covariates to their median value and I set the factors to their modal value.
Figure 7 shows that residence on Chicago’s West Side and South/Far Southeast
Side – the reference category in this study - have the highest probability (approximately
.8 probability for each region) of exiting their baseline program by Wave 2, all other
variables held constant. The probability of program exits for those on the North Side and
Central areas respectively is much lower - approximately .4. The Southwest/Far
Southwest Side coefficient was non-significant (p = .556).
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Probability of leaving baseline at wave 2

Figure 7. Model 11: Predicted Values for Leaving Baseline Program between
Waves 1 and 2 by Region of Chicago and Controls at Wave 1
Probability of Leaving Baseline Program between Wave 1
and Wave 2 by Region of Chicago and Controls
1
0.9
0.8
0.7
0.6
0.5
0.4
0.3
0.2
0.1
0
Southwest/Far South Side/Far North/Far North
Southwest Side Southeast Side
Side

Central

West Side

Regions of Chicago
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

Discussion of Model 11 Wave 2 Program Exits Model
In summary, when controlling for a selection of variables representing
demographics, program type, constraints and resources, results show the location in
Chicago at which individuals reside does impact program mobility outcomes. Overall,
findings demonstrate that residing in a Permanent Supportive Housing program, residing
on Chicago’s North/Far North Side, Central region, or West Side at baseline are
associated with not leaving one’s baseline program. Those residing with one’s family,
and those who are employed at the baseline interview are associated with exiting one’s
program. (The West Side and currently employed indicators are only borderline
significant.)
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Model 12: Predicting Departure from Baseline Program at Wave 3 as predicted by
Neighborhood Characteristics and Region of Chicago among those Who Remained
in Interim or Permanent Housing Baseline Program at Wave 2
In this section, I report findings from regression analyses to predict program
mobility outcomes. Different from Model 11, indicators representing neighborhood
characteristics were added to this model. This analysis estimates the effects of program
type, individual, neighborhood characteristics, and region of Chicago on the odds of
respondents leaving their baseline housing program between Wave 2 and Wave 3.
Specifically, it examines all the respondents who were living in either a Permanent
Supportive Housing or Interim Housing program at Wave 1 and remained in that housing
until Wave 2, when information about their neighborhood was collected. Thus, due to
missing data, this analysis excludes respondents who had already left their baseline
program by Wave 2. Of all the 254 respondents living in the system at Wave 2, 37
respondents (14.7%) exited their baseline program by Wave 3.
Table 47 presents results from binary logistic regression where the event of
interest is departure from respondents’ baseline housing program between Waves 2 and
3. The predictor variables were entered into the model in four successive groups: control
variables representing demographic characteristics and program type, as well as
individual constraints and resources; a series of dummy variable representing the area of
Chicago in which individuals resided at baseline; one item representing level of access to
family and friends; and lastly, a pair neighborhood perception variables.

Table 47. Model 12: Leaving Baseline Program at Wave 3 as Predicted by Neighborhood Characteristics and Region
of Chicago among those in Interim or Permanent Housing Baseline Housing Program at Wave 2

Respondent was homeless with
family (1) vs. single at Wave 1 (0)
In Permanent Housing program (1)
vs. Interim Housing (0) at Wave 1
Age of Respondent at Wave 1
Respondent is African American (1)
versus not African American (0)
Less than a high school education
(1) vs more than this (0)
Resp. reports receiving SSI benefits
in the 30 days before Wave 2 (1) vs.
not receiving SSI (0)
Respondent Score on Personal
Support scale at Wave 2
Resp. was convicted of a felony
offense prior to Baseline (1) vs. not
convicted (0)
Currently Employed at Wave 2 (1)
vs. not (0)
Hospitalized for a psych. problem
prior to Wave 1 (1) vs. not (0)

Block 1
B
Exp
coefficient
(B)
(Standard
Error)
.598
1.818
(.501)
-3.015***
.049
(.605)
-.013
.987
(.020)
1.612+
5.013
(.858)
-1.064+
.345
(.603)
-.661
.517
(.550)
.042
(.028)
-.579
(.477)

1.043

-.433
(.499)
-.529
(.532)

.649
.598

.063
(.031)
-.432
(.501)

1.065

-.547
(.523)
-.662
(.563)

.579

.649

.516

Block 3
B
Exp
coefficient
(B)
(Standard
Error)
1.128+
3.089
(.580)
-3.894***
.020
(.745)
-.016
.984
(.021)
1.503+
4.496
(.895)
-1.328*
.265
(.635)
-.336
.714
(.601)
.060+
(.031)
-.498
(.507)

1.062

-.559
(.523)
-.552
(.578)

.572

.608

.576

Block 4
B
Exp
coefficient
(B)
(Standard
Error)
.986
2.680
(.602)
-4.173***
.015
(.783)
-.018
.982
(.022)
1.584 *
4.872
(.925)
-1.450*
.234
(.653)
-.022
.979
(.624)
.052+
(.031)
-.804
(.536)

1.053

-.509
(.552)
-.694
(.590)

.601

.448

.499
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+ p < .10, * p < .05, ** p < .01; *** p < .001
The reference category is “did not exit program at Wave 3.”

.560

Block 2
B
Exp
coefficient
(B)
(Standard
Error)
.983+
2.673
(.561)
-3.832***
.022
(.739)
-.017
.983)
(.021)
1.687+
5.405
(.878)
-1.304*
.272
(.635)
-.290
.748
(.584)

Table 47. Cont. Model 12: Leaving Baseline Program at Wave 3 as Predicted by Neighborhood Characteristics and
Region of Chicago among those in Interim or Permanent Housing Baseline Housing Program at Wave 2
Block 1
B
Exp
coefficient
(B)
(Standard
Error)
----------------

Block 2

Block 3

---------

--------

---------

--------

Reside on West Side at Baseline

---------

--------

Respondent rating of Access to
Family/Friends at Wave 2
Respondent rating of Neighborhood
Satisfaction at Wave 2
Respondent rating of Neighborhood
Quality at Wave 2
Intercept

---------

--------

B
coefficient
(Standard
Error)
-.889
(.924)
-2.014*
(.806)
.865
(.658)
-.511
(.610)
---------

---------

--------

---------

---------

B
coefficient
(Standard
Error)
-.903
(.911)
-1.790*
(.842)
.780
(.672)
-.404
(.615)
.118
(.089)
---------

---------

--------

---------

---------

---------

Reside on Southwest Side/Far
Southwest Side at Baseline
Reside on North Side/Far North
Side at Baseline
Reside in Central Area at Baseline

-2 Log Likelihood Intercept and
Covariates
Nagelkerke R2
N

-.606
(1.424)
159.801

.546

-310
(1.488)
147.223

Exp
(B)
.411
.133
2.374
.600
---------

.733

-.948
(1.584)
145.392

Block 4
Exp
(B)
.405
.167
2.180
.668
1.126

----------------.387

B
coefficient
(Standard
Error)
-1.166
(.980)
-2.631**
(1.013)
.281
(.746)
-.370
(.625)
.086
(.101)
-.422
(.257)
.112*
(.058)
-1.463
(1.646)
140.481

.329

.399

.408

.434

254

255

255

253

.312
.072
1.325
.691
1.090
.656
1.130
.232
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Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.
+ p < .10, * p < .05, ** p < .01; *** p < .001; The reference category is “did not exit program at Wave 3.”

Exp
(B)
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Model 12, Block 1: Wave 3 Program Exits by Individual and Program Control Variables
The first block of Model 12 added control variables representing family status,
program type, age, race, and individual resources and constraints.3All control items added
in Block 1 were collected at Wave 1, with the exception of indicators of SSI receipt,
current employment status, and level of personal social support, which were collected at
Wave 2. The improvement in Model Chi-Square in comparison to a constant only model
(p < .001) shows that taken together, the addition of variables representing individual and
program characteristics does significantly improve the predictive power of the model.
Three variables are significantly associated with program exits.4 Compared to
those residing in Interim Housing at Wave 1, those residing in a Permanent Supportive
Housing program are less likely to leave their baseline program between Waves 2 and 3.
Relative to those residing in Interim at baseline, those who started in Permanent have
94.9% lower odds of exiting (b = -4.173, p < .001). Again, this is good news; as intended
by policy, residents in Permanent Supportive Housing are staying in that housing. This
result is consistent with previous analyses of this data (Sosin et al. 2011).
In addition, compared to Hispanics and non-Hispanic whites, blacks are found to
have higher odds of leaving their baseline program (b = 1.584, p = .087). Likewise,
compared to single adults, respondents residing in a family housing program at baseline
are marginally significantly more likely to leave the program between Waves 2 and 3 (p

3

The item representing whether the respondent received TANF income at wave 2 was excluded from
Model 12 because this variable contained an extremely narrow distribution as only 5 cases included in the
model received TANF at wave 2.
4

For each of the individual predictors and controls, I present regression coefficients and other regression
results from the final model, rather than when items were first introduced, in order to report what is
uniquely explained by a particular variable after accounting for shared variance in the fitted model.
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= .102). This finding is congruent with results from other analyses of this PTEH client
survey data which show that families were more likely to leave their baseline program
and move into market rate housing by the follow-up surveys (Sosin et al. 2011). These
findings, however, should be interpreted with caution in light of inflated odds ratio and
confidence interval for the odds ratio values. A 4.272 odds ratio indicates AfricanAmerican housing respondents are nearly 400% more likely to leave their program
between the two Waves. The large odds ratio may be due to sparse data; a crosstabulation
of program exits at Wave 3 by race shows only 2 observations for the cell representing
non-African-American who exited their baseline program between Waves 2 and 3.
Similarly, a 2.680 odds ratio for the family status variable suggests that those residing in
a family program are 168% more likely to exit their baseline program between Waves 2
and 3. In contrast to the results for the race indicator, the large odds ratio does not appear
to be the result of sparse data. Crosstabulation results show that the cell with the fewest
number of observations represents those in families who had exited their baseline
program (N=12).
When examining the coefficients for the individual constraint and resource
controls added to the model, results show two significant relationships with program
mobility outcomes. Respondents with less than a high school diploma have significantly
lower odds of leaving their baseline program between Waves 2 and 3. Not having a high
school diploma is associated with a 76.6% reduction in the odds of leaving a baseline
program by Wave 3 (b = -1.450, p < .05). In addition, an increasing level of personal
support is associated with exiting one’s baseline program between Waves 2 and 3,
however this result did not reach statistical significance (b = .052, p = .097). The
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remaining controls – age, receipt of SSI income, felony status, and mental health status –
are not significantly associated with program mobility at Wave 3.
The remaining controls - age, receipt of SSI income, felony status, and mental
health status - are not significantly associated with program mobility at Wave 3.
Model 12, Block 2: Wave 3 Program Exits by Region of Chicago
In Block 2, I added a set of dummy predictors representing the area of Chicago at
which respondents resided at baseline. These four items are: Southwest/Far Southwest
Side, North/Far North Side, Central, and West Side. Again, South Side/Far Southeast
Side is the reference category.
The region of Chicago items improve the predictive power of the model, results
show. The improvement in Model Chi-Square compared to the previous model
containing the individual and program controls shows that the addition of the region of
Chicago indicators significantly improves the predictions of program exits (p < .05).
Further, the -2 Log Likelihood decreased by nearly 13 points compared to the previous
model containing the individual and program control variables, suggesting a nominal
improvement of the model with the addition of the region of Chicago variables.
As mentioned above, I hypothesized mixed impacts of the various region of
Chicago indicators. I predicted an inverse relationship between residing on the North
Side and program exits. Consistent with my hypothesis, North/Far North Side is
negatively associated with program exits between Wave 2 and Wave 3 (b = -2.631, p <
.01). Residing on the North/Far North Side, in reference to the South/Far Southeast Side,
is associated with 92.8% lower odds of respondents leaving their baseline program
between Waves 2 and 3. The remaining region of Chicago indicators – Southwest/Far
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Southwest Side, West Side, and Central – are not significantly associated with program
mobility outcomes at Wave 3.
Model 12, Block 3: Wave 3 Program Exits by Access to Family and Friends
In the third block, I added in one item that represents the ease at which
respondents can access their family and friends in reference to their Wave 2 residence.
Values for this combined family/friend access item range from 2 to 10, with higher
values indicating a greater level of access to family/friends.
The improvement in Model Chi-Square compared to the previous model
containing the individual and program controls and the region of Chicago dummy
variables shows that the addition of the access to family and friend variable marginally
improved the predictions of program exits (p = .176). Further, the -2 Log Likelihood
decreased by nearly 2 points compared to the model containing the individual and
program control variables and the region of Chicago items, suggesting a slight
improvement in the model with the addition of the access measure.
As mentioned above, I hypothesized that the access to family/friends indicator
would have a negative impact on program exits, however, results show that level of
access does not significantly shape mobility outcomes at Wave 3.
Model 12, Block 4: Wave 3 Program Exits by Neighborhood Perceptions
The fourth and final block added a pair of variables representing neighborhood
perceptions at Wave 2 – neighborhood satisfaction and neighborhood quality rating.
Higher scores on the rating scales for these two items demonstrate a positive assessment
of one’s neighborhood.
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The improvement in Model Chi-Square shows that taken together, the addition of
the neighborhood perception items marginally improve the predictive power of the model
(p = .086) in contrast to the previous model. In addition, the -2 Log Likelihood decreased
by nearly 5 points, demonstrating that subjective neighborhood perception items
nominally improve the predictive power of the model. Results show that the full model as
a whole better predicts program exits at Wave 3 in contrast to the null model (p < .001).
When examining the coefficients for the neighborhood perception items, the
results are mixed. Consistent with my hypothesis, increased neighborhood satisfaction is
negatively associated with program exits between Wave 2 and 3, but this coefficient did
not quite reach statistical significance (b = -.422, p = .101). Each one-unit increase on the
neighborhood satisfaction scale is associated with a 34.4% reduction in the odds of
leaving one’s baseline program by the Wave 3 survey. In contrast, the coefficient for
neighborhood quality is positive (b = .122, p < .05), however. Each one-unit increase in
neighborhood quality rating is associated with a 13% increase in the odds of leaving
one’s baseline program between the Wave 2 and 3 survey. This positive effect of
neighborhood quality is surprising in contrast to other studies in the residential mobility
literature (Andersen 2008).
Diagnostic Testing for Model 12
The -2 Log Likelihood decreased from 159.801 to 140.481 between Blocks 1 and
4, and the Nagelkerke pseudo-R2 increased from .329 to .434. This shows some
improvement from adding the region of Chicago and neighborhood characteristic
variables to the model. Moreover, a non-significant result for the Hosmer & Lemeshow
test (p = .285) suggests that this model fits the data well.
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A total of 253 cases were included in this full model predicting Wave 3 program
exits; this model contained 17 predictor variables and controls. Thus, with 14.88 cases
per predictor/control, this full model exceeded Hosmer and Lemeshow’s (2000)
recommended minimum of 10 cases per independent variable in logistic regression.
The null model, containing only the constant, correctly predicted 85.3% of all
respondents, yet misclassified 100% of the respondents who left their baseline program
by Wave 3 (Table 48). The full model has a higher Overall Percentage Correct - 90.3% (see Table 49) and correctly predicts 48.0% who exited their program and 97.5% of those
who remained in their baseline program.
Table 48. Model 12, Constant-Only Model: Percent of Cases Correctly Predicted
Predicted
Observed
Left
Remained in
Percent
Program
Program
Correct
0
37
0.0%
Left Program
0
217
100.0%
Remained in Program
85.3%
Overall Percentage
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

Table 49. Model 12, Full Model: Percent of Cases Correctly Predicted
Predicted
Observed
Left
Remained in
Percent
Program
Program
Correct
18
19
48.0%
Left Program
5
211
97.5%
Remained in Program
90.3%
Overall Percentage
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

Influence Statistics for Full Model 12
An examination of the residuals of cases shows that overall these cases are a good
fit for the model. None of the cases has a Dbeta value > 1. In addition, there are 11 cases
with an error/Pearson residual greater than 2 standard deviations. Seven out of these 11
cases were incorrectly predicted to have exited from their baseline program between
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Wave 2 and 3.When examining the leverage statistic, results show that none of the cases
appear to unduly impact the model. Twenty-one cases have values above the standard
cutoff of .2; these leverage values range from .213 to .500. These results suggest this set
of predictors and controls are appropriate for estimating program exits at Wave 3.
Model 12: Predicted Probabilities – Wave 3 Program Exits by Individual and Program
Controls, Region of Chicago, Access to Family/Friends, and Neighborhood Perceptions
I calculated predicted probabilities of leaving one’s baseline program between
Waves 2 and 3 in order to further demonstrate the full effect of the fitted model of
predictors and controls in explaining Wave 3 program mobility outcomes.
Figure 8 shows the predicted probabilities of baseline program exits between
Waves 2 and 3, in reference to not exiting one’s baseline program between the two
Waves. The predicted values were computed for individuals whose neighborhood quality
rating was low, medium, or high.5 Access to family and friends was controlled for due to
the non-significance of the regression coefficient (p = .398). Access was set at the
median, and the region of Chicago was set at South/Far Southeast Side, the reference
category, and the control items were all held constant. For these control items, the
covariates were all set to their median value and the factors were all set to their modal
category.
Figure 8 demonstrates the mixed effects of the neighborhood characteristics on
the predicted probabilities of program exits between Waves 2 and 3. Net of all controls,
Figure 8 shows the (surprising) positive effect of neighborhood quality on program

5

Neighborhood quality rating is grouped into low (bottom 25.9% whose score ranged from 9-21 on the
scale), medium (40% whose score ranged from 22-28 on the scale) and high (34.1 whose score ranged from
29-36) on the 9-36 scale.
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mobility, thus as rating of perceived safety and physical characteristics of neighborhood
increases, likelihood of exiting also increases. Further, this chart shows a stronger,
negative impact of neighborhood satisfaction on the predicted values, although this
coefficient did not quite reach statistical significance (p = .101). In this regard, as overall
neighborhood satisfaction rating improves, the likelihood of exiting one’s program
declines.
Figure 8. Model 12: Predicted Values for Leaving Baseline Program between Waves
2 and 3 Based on Neighborhood Satisfaction, Neighborhood Quality, and Controls
Probability of Leaving Baseline Program between Waves 2 and 3 by
Neighborhood Satisfaction, Neighbrohood Quality and Controls

Probability of Leaving Baseline at W3

1
0.9
0.8
0.7
0.6

High Neighborhood
Quality

0.5

Mid Neighborhood
Quality

0.4

Low Neighborhood
Quality

0.3
0.2
0.1
0
1

2

3

4

5

Neighborhood Satisfaction
Source: Evaluation of Chicago PTEH Longitudinal Client Survey, 2009-2011, data weighted.

Discussion of Wave 3 Program Exits Model
To sum up, when controlling for a selection of variables representing
demographics, constraints, and resources, results show that select neighborhood
characteristics – neighborhood satisfaction rating and neighborhood quality – impact
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program mobility outcomes at Wave 3 among respondents housed through Chicago’s
residential homeless system. Likewise, residence on the North/Far North Side strongly
shapes program mobility outcomes. Overall, results show that residing in Permanent
Supportive Housing, increased neighborhood satisfaction rating, residing on the
North/Far North Side, and not having a high school diploma are associated with not
leaving one’s baseline program. Again, surprisingly, increased rating of neighborhood
quality is positively associated with exiting one’s program between Wave 2 and 3.
Personal support also positively associated with program exits, albeit this result did not
reach statistical significance.
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